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Resumo
A violência por parceiro íntimo (VPI) é endêmica no mundo. Apesar de ser um problema
enfrentado por mulheres em diferentes níveis socioeconômicos, a prevalência entre mulheres
de baixa renda costuma ser maior, o que sugere uma potencial relação entre dependência
financeira e violência doméstica. Este artigo analisa o saque de dinheiro por mulheres
vulneráveis, beneficiárias do Bolsa Família, para entender se existe uma associação ins-
tantânea entre casos de VPI e dinheiro em mãos. Proponho dois instrumentos baseados
nas regras do Bolsa Família e identifico uma redução diária nos casos de VPN, que varia
entre 0,5% e 4,3% para cada 10.000 R$ de saques do Bolsa Família feitos nos municípios
brasileiros. Os efeitos foram mais fortes no dia seguinte aos saques.

Palavras-chave: Violência Doméstica. VPI. Bolsa Família. Transferência de Renda.
Dinheiro em mãos. Mecanismo de Prevenção.



Abstract
Intimate partner violence (IPV) is endemic in the world. Despite being a problem women
face across different socioeconomic statuses, prevalence among lower-income women is
usually higher, suggesting a potential relationship between financial dependency and
domestic violence. This paper looks at cash withdrawn by vulnerable women, beneficiaries
of Bolsa Família, to understand whether there is an instant association between IPV cases
and cash in hand. I propose two instruments based on the rules of Bolsa Família and
identify a daily reduction of IPV that ranges between 0.5% and 4.3% for every 10.000
R$ withdrawal in Brazilian municipalities. The effects were stronger on the next day of
withdrawals.

Keywords: Domestic violence. IPV. Bolsa Família. Cash Transfer. Cash in hand. Preven-
tion Mechanism.
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1 Introduction

Intimate Partner Violence (IPV) is considered endemic worldwide by the World
Health Organization (WHO). Indeed, WHO (2018) globally estimates a lifetime prevalence
of about 27% for women and girls between 15 and 49 years old. IPV consists of a broad
spectrum of abusive behaviors, including physical, sexual, and emotional violence.

This type of violence affects women and girls with different backgrounds and
characteristics. However, there are important interplays between financial vulnerability
and domestic violence. In Brazil, a survey conducted by DataSenado revealed that 1/4 of
women who had experienced IPV were still in touch with the aggressor. Moreover, over
1/3 of those women were economically dependent on the abusive partner. Such economic
dependency is even higher, 42%, for women whose household income is below two monthly
minimum wages. This type of reliance on the aggressor may create barriers to leaving the
cycle of violence.1 So, could income work as a prevention mechanism? And, in particular,
could cash in the hands of particularly vulnerable women help drive down IPV?

This paper investigates the relationship between cash in hand and domestic violence.
My main research goal is to understand whether cash in hand could have an instantaneous
effect on the level of IPV cases. To answer this question, I explore municipality-level data
on withdrawals of the Brazilian cash transfer program Bolsa Família.

I am able to measure IPV using data from the Brazilian System of Notifiable
Diseases (SINAN) on domestic violence cases that reach the public and private health
services. I also take advantage of daily level data on withdrawals and payments transferred
to beneficiaries provided by Portal da Transparência. With these data sources, I build
a panel of daily figures from 2013 to 2018 at the municipality level, which allows me to
explore different specifications that test the potentially short-time response of IPV to the
cash withdrawn.

The main challenge in identifying the causal relationship between large municipal
withdrawals by beneficiaries and daily IPV cases is that withdrawals may be happening
exactly because women are being battered. For instance, they could be resorting to
1 As proposed by Walker et al. (1979), the cycle consists of a tension-building phase, a battering phase,

and reconciliation. Leaving the cycle depends on both the availability of outside options and information
on them.
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these cash transfers as a way to escape violence more comfortably. To overcome this
potential issue, I explore the plausible exogenous rule of how Bolsa Família’s payments
are distributed to beneficiaries’ accounts. Despite CCT receivers being able to withdraw
the cash transfer on any day of the year, there are specific payment days concentrated on
each month’s last ten working days. I exploit this feature of how the cash is dispensed
among beneficiaries to propose two instrumental variables (IVs): a dummy for the payment
days and the daily sums of money transferred to beneficiaries. Finally, I use each IV on a
fixed-effects specification that estimates the coefficient of daily municipal withdrawals on
total cases of IPV.

I find that the effect of cash is concentrated on the day after families are withdrawn,
in which daily notifications of IPV cases decrease by up to 4.3% for every 10.000 R$
withdrawn. In addition, the evidence on the same-day effect of withdrawals is mixed. In
some specifications, the estimated coefficient points out to reductions in IPV, and in others,
the point estimates are not significantly different from zero.

This research is linked to a broad class of papers that evaluate empowerment
policies targeted at women and their consequences on IPV figures. For example, some
studies showed reductions in IPV cases linked to unilateral divorce laws (Bobonis et al.
(2020);Stevenson and Wolfers (2006); Brassiolo (2016)), a smaller gender wage gap (Aizer
(2010)), and property ownership (Panda and Agarwal (2005)).

Additionally, this paper closely relates to the literature that has evaluated the impact
of different Latin American CCTs as a means to escape domestic violence. Researchers
have assessed CCTs from Mexico (Bobonis et al. (2020); Bobonis et al. (2013)), Ecuador
(Hidrobo and Fernald (2013),Ramos (2018)), Peru (Perova (2010)), Uruguay (Borraz
and Munyo (2020)) and Colombia (Camacho and Rodríguez (2020)) while linking these
programs to IPV. In most cases, results show that CCTs had a negative impact on
IPV prevalence. Mexico, for example, Bobonis et al. (2013) found lower levels of both
psychological and physical violence among recipients of a cash transfer. However, those
results seem to be concentrated on the short-time expansion of the program, and the
literature found limited evidence of such reductions in the long term (Bobonis et al. (2020)).
In Brazil, Litwin et al. (2019) used a difference-in-differences to evaluate how the expansion
of the Bolsa Família program between 2004 and 2009 might have affected the number of
femicides and found no effect. Differently Litwin et al. (2019) I focus on aggression cases,
which are more numerous and less extreme than homicides. Additionally, I focus on the
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immediate effect of cash transfers.

My main contribution to the literature is the identification of an instantaneous
impact of cash in hand on IPV. Indeed, most works explore monthly data to understand
the relationship between domestic violence and cash (Camacho and Rodríguez (2020)
and Hsu (2017)).To the best of my knowledge, this paper is the first to investigate these
effects at a daily level. Understanding the timing response of IPV to withdrawals can be
of potential use in designing prevention mechanisms that account for these patterns. In
particular, policymakers may explore the already installed institutional setting of cash
transfer programs to build upon it a direct response to the endemic violence against
women.

The paper is structured with section 2 discussing the theoretical framework used
in the literature to understand how cash may affect domestic violence. Then, section 3
presents the context of Bolsa Família and the program’s rules that I explore. In section 4,
I detail the data and sample that I use. Section 5 describes the empirical strategy. Finally,
in section 6 I present the results I find, and section 7 concludes.
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2 Theoretical Background

In economics, the relationship between cash and IPV is often modeled through an
intrahousehold bargaining framework. These bargaining models can be grouped into two
broad classes, in which violence is used for different purposes. Common to all models is the
existence of thread points in which women might escape the violence cycle, for example,
through a divorce.

The first class of models captures violence as having an intrinsic value for some men.
On Farmer and Tiefenthaler (1997), these men have a preference to use force as a means
to externalize frustration, such that violence enters their utility function directly. In this
non-cooperative bargaining model, IPV victims will have to endure the cycle of violence as
long as their outside option brings them less utility than staying in the relationship. The
value derived from staying comes from the shared household income. In other words, as
long as the woman’s reservation utility is low enough, the aggressor will be able to "buy"
violence. This framework suggests that a higher degree of financial dependency should
be linked to higher levels of IPV. Such a model is used in Aizer (2010) to substantiate
the empirical findings that the gender wage gap is positively associated with domestic
violence.

The second class of models views the use of force as an instrument to exert control
over the partners’ behavior. In such models, violence enters the utility function of the
aggressor indirectly. For example, it can be a means to reach a distribution of the household’s
expenses closer to the preferences of the IPV perpetrator (Agarwal (1997)), such that
more income in the hands of women lead to more violence. In addition, violence can be a
way to directly extract resources from women, in which case the literature classifies it as a
subcategory called extractive violence (Bloch and Rao (2002)). Nevertheless, the victim’s
reservation utility must be low enough for the aggression to continue, either because the
extracted resources are not high enough to improve the outside option significantly or
because the thread of leaving the relationship is not credible.

For each class of models, increases in a woman’s income should have different
consequences on IPV, either increasing or decreasing it, depending on how violence enters
the utility function of the aggressor. These models can also be combined, as done by
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Hidrobo and Fernald (2013), to allow for cases in which more cash might have ambiguous
consequences on violence. In this combined framework, more cash in the hands of women
can increase their reservation utility to the point that intrinsic violence decreases as the
thread of leaving the relationship to become more credible. However, if the aggressor has
a marginal utility that increases with the women’s consumption, extractive violence might
increase.

Outside of the economics literature, violence is often linked to both stress and
scarcity (Ellsberg et al. (2015); Roberts et al. (2011); Fox et al. (2002)). According to
that literature, the emotional distress caused by resource constraints could propel anger
outbursts. Another important theory from criminology is that prolonged periods in which
the victim and aggressor spend time together can also lead to more violence, a phenomenon
often classified as to exposure risk (Reckdenwald and Parker (2012);Chin (2012); Dugan
et al. (2003)). Finally, the male backlash theory emphasizes that relative status loss on the
aggressor’s side might increase violence as these men seek to reestablish part of the lost
status. The economics literature often uses this social science’s theory to ground models
in which violence is increasing on male status threats (Angelucci (2008); Bloch and Rao
(2002)).

From these bargaining models and theories from different fields, following Buller
et al. (2018), we can identify three important pathways through which income affects
IPV. First, there is the "pure" income effect of cash alleviating economic stress and thus
promoting emotional well-being inside the household, regardless of who is receiving cash.
This channel will always push toward less violence since anger outbursts due to financial
stress should become less frequent.

Second, there is the channel of intrahousehold conflict, which results from the
allocation decisions that the couple will make in a bargaining process, as proposed by
the instrumental violence models. The consequence of this process might be that violence
increases if there are differences between the preferences of the couple, or violence can
decrease if these preferences are similar enough, such that the decisions are made without
conflict.

Third, cash can empower women to leave the cycle of violence since it affects their
outside options. In this pathway, it is important to consider not only the additional amount
of cash but also who is receiving it. Indeed, according to the intrinsic violence model, more
cash in the hands of women signals a credible threat of leaving, such that men lose the



Chapter 2. Theoretical Background 15

ability to "buy" violence. If the victim’s improved reservation utility, however, is matched
with backlash from the loss of status of the aggressor, violence may also increase.

In our context, the channels which may be relatively more important are the pure
income effect pathway and the intrahousehold conflict one. Since the average monthly
cash transfers of Bolsa Família are small, R$182 (or roughly 1/5 of the monthly minimum
wage in Brazil), it is unlikely that they will significantly diminish the opportunity costs
of leaving an abusive environment. However, even if the empowerment channel may be
irrelevant in this context, the direction of the total income effect on IPV that results from
the remaining channels is ambiguous. On the one hand, the pure income effect should push
violence down through stress relief. On the other hand, there might be enough tension
coming from the budgetary decisions so that the bargaining is done through the use of
violence. Thus, it is an empirical question whether cash transfers prevent or foster IPV.



16

3 Bolsa Família

Bolsa Família is a Brazilian CCT program that started in 2003, changing its name
to Auxílio Brasil in 2021 and some of its rules.1 The main goal of this program is to
eradicate poverty and foster access to key social services through a monthly cash transfer.
Bolsa Família covered about 4 million beneficiary families when it began and more than
14 million in 2021. The eligibility criteria depend on income cutoffs and the composition
of families. There are two main types of beneficiaries:

1. All families with a monthly per capita income that qualifies them as extremely poor.

2. Families with a monthly per capita income that qualifies them as poor, as long as
they have children or teens aged between 0 to 17 years old.

Table 1 – Poverty and Extreme Poverty Lines in R$ - 2009 to 2021

Sep 2009 -
May 2014

Jun 2014 -
Jun 2016

Jul 2016 -
Jun 2018

Jul 2018 -
Oct 2021

Nov 2021 -
Dec 2021

Extreme
poverty line

70 77 85 89 100

Poverty line 140 154 170 178 200
Notes: Each row reports separately the extreme poverty line and the poverty line as fixed by federal law
over the period of September of 2009 and December of 2021.

The poverty and extreme poverty thresholds that were in place between 2004 and
2021 are presented in Tabela 1. To attest such criteria, families must be registered on
Cadastro Único (CadÚnico), which is the system that identifies and characterizes the
individuals who may be apt to benefit from different social programs.2 Importantly, the
person who registers the family’s information on CadÚnico must be a family member, at
least 16 years old, and, preferably, a woman. This person is called the family’s representative,
henceforth called representative. Indeed, Figura 1 shows that women are the majority
1 For the purposes of this paper, I will focus on discussing the rules and context before this change of

2021. Thus, I will keep referring to the program as Bolsa Família.
2 For CadÚnico, a family is a group of people living under the same household that share income or

expenses. One-person families are included in this definition.
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of individuals registered in CadÚnico. Upon registry in CadÚnico, each family member
receives a Número de Identificação Social (NIS), which is a social security number and
a unique identifier that allows the enrollment in social programs. Being registered in
CadÚnico does not guarantee the right to Bolsa Família. Instead, a computerized system
decides whether to include a family, assessing the information given, the eligibility criteria
and whether the family’s municipality still has spots available to enter the program.3

Figure 1 – Ratio of women to men registered in CadÚnico - 2013 to 2018

Notes: The figure plots the ratio between the absolute number of women and the absolute number of men
registered to Cadúnico between 2013 and 2018. Municipalities are responsible for registering individuals.
Being registered in Cadúnico is a prerequisite to joining Bolsa Família but does not guarantee the benefit.

Caixa Econômica Federal (CEF) is the main public bank of Brazil responsible for
delivering the benefits of different social programs run by the federal government, including
Bolsa Família. CEF sends a special card called Cartão Bolsa Família (BF Card) that
allows families to withdraw the cash transfer payment. Beneficiary families only receive
3 Municipality spots are defined based on the estimates of the number of families under poverty

and extreme poverty. These estimates were conducted by the IBGE based on the 2000 and the 2010
Population Census and on PNAD, a yearly sample survey that investigates the socioeconomic conditions
of the Brazilian population on a sub-sample of large municipalities.
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one card issued in the representative’s name and have such name, and correspondent NIS
printed on the front. In addition, the representative also qualifies to open a simplified
checking account with a debit card, called Cartão CAIXA FÁCIL (CF card), allowing the
transfer withdrawal.

The logistics of the distribution of payments of Bolsa Família revolve around the
NIS of the representative. The monthly payments are transferred during ten specific days
set yearly. Since 2005, those days have corresponded to the last ten commercial days
of the month. Additionally, each family has their payment transferred according to the
last digit of the representative’s NIS, such that: the first day of payments is exclusive to
families whose last digit is one; the second day of payments is exclusive to families whose
last digit is two; and so on, until the last day of payments which is unique for families
with zero as the last digit. The distribution of payments in a staggered way is the rule,
regardless of whether the family chooses to withdraw through the special BF card or with
the CF card.Figura 2 shows a calendar of payments for the year 2021, which illustrates
the structure of payment distribution.4

Beneficiaries can withdraw on any payment facilities of CEF, such as bank agencies,
lottery cashiers, ATMs, and special commercial establishments accredited by CEF, found
in every municipality of Brazil. Except if the family has a CAIXA FÁCIL account, the
family’s representative must bring the BF card and an identification document with a
photograph to any withdrawing facility. Once CEF transfers the benefit, the family has
90 days to withdraw. Otherwise, the benefit is lost. Moreover, if the family chooses to
withdraw through the BF Card, they will have to withdraw the full benefit, as partial
withdrawals are not allowed. For families who have the CF card, partial withdrawals are
authorized, but the 90 days rule is still maintained.Tabela 2 shows how the proportion of
withdrawals by channel changed between 2013 and 2018. We can see that there was an
increase in the use of CAIXA FÁCIL accounts, but all the other channels, which depend
exclusively on the BF card, still remain more important.
4 These calendars are printed in the form of posters and made visible to the public on every facility

where withdrawals are allowed. Individual flyers with the calendar are also distributed to those facilities.
Moreover, when a calendar was released in a given year, there was broad media coverage to inform
beneficiaries.
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Figure 2 – Calendar of payments distribution in 2021

Notes: The figure shows the calendar of the distribution of payment of Bolsa Família in 2021. In each row,
there are all possible last digits of the social security number of Brazilians. Each column represents one
calendar month of the year. Each entry provides the day of the month in which the benefit is transferred
to the accounts of families.

Table 2 – Proportion of payment operations by channel - 2014 to 2018

CAIXA FÁCIL accounts Remaining Channels
2013 17% 83%
2014 16% 84%
2015 16% 84%
2016 21% 79%
2017 21% 79%
2018 21% 79%

Notes: The first column reports the percentage of payment operations done through the simplifies CAIXA
FÁCIL accounts. Through this modality, families are not subject to widrawing the full benefit and they will
not be asked to present an ID to do so. The second column reports the percentage of payment operations
done through the remaining channels. These are payments which must be withdrawn through the Bolsa
Família card, and which require the representative to show an ID to withdraw the full benefit. Partial
withdrawals are not allowed. The rows of table represent the years from 2013 to 2018. In spite of the
increase in the adoption of CAIXA FÁCIL accounts, the majority of families in 2018 are payed through
channels that do not require such special accounts.
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To conclude, the most important feature of Bolsa Família that I will explore in
this paper is the staggered structure of payments, which depends on a random number. It
is this feature that allows me to propose an instrumental variables approach in section 5.
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4 Data

I collect data from two main sources. First, I use the SINAN database, which is
maintained by the Ministry of Health. SINAN is a system that collects notifications of
diseases and conditions that are part of the national list of compulsory notifications. Since
2011, the notification of domestic violence has become compulsory and universal, which
means that all health system services, both public and private, should notify the Ministry
of Health of these aggression occurrences. 1 The health professionals notify both confirmed
cases as well as suspected ones. They also must report the connection of the aggressor to
the victim. To build the measure of a daily number of IPV cases at the municipality level,
I use the violence cases in which the aggressor was classified as the marido (husband),
ex-marido (ex-husband), namorado (boyfriend), or ex-namorado (ex-boyfriend) of the
victim. Because not all IPV would lead the victim to seek health services, the measure
built here underestimates total violence. Nonetheless, it is still more reliable than the
total number of domestic violence occurrences reported at police stations since not all
aggression will end up with the victim seeking the police.

The second main data source I use is the Portal da Transparência platform, a
website that compiles all the public resources spent and used by the Federal Government.
This platform includes data on both payments and withdrawals of Bolsa Família. Data on
withdrawals is particularly relevant as it includes, for each beneficiary, the value of cash
withdrawn on each day of the year since 2013. Beneficiaries are identified by their NIS
number, name, and the municipality of residence. Using this information, I can calculate,
for each municipality, the daily sum of payments transferred to families and the daily sum
of withdrawals. In addition, I built a dummy variable that indicates days when payments
were made.

I also use information from the public available Relação Anual de Informações
Sociais (RAIS), a database maintained by the federal government that documents statistics
of the formal labor market employees in Brazil. I use a measure of the salary mass of
Brazilian municipalities for female and male workers in December, which is useful to
control for important fluctuations in the economic conditions faced by these municipalities.
1 The list of compulsory notifications began to include domestic violence through the legal ordinance

104 Ministério da Saúde (2011)
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Finally, combining the data of SINAN, Portal da Transparência, and RAIS, I built
a panel aggregating the value of withdrawals by each municipality per day between 2013
and 2018. This data covers 5454 municipalities and 2191 days.2

Tabela 3 presents the summary statistics for the variables I use in the panel. The
average daily count of IPV cases notified by the health services is 0.07, or equivalently
1 case every fourteen days. For the municipalities in the sample, there are, on average,
approximately 13,360R$ withdrawals daily. As expected, Tabela 3 shows approximately
one-third of the days of the year concentrating the distribution of payments. The daily
sum of distributed payments is, on average, around 13,970R$.

Table 3 – Descriptive Statistics

Mean SD N
IPV Cases 0.07 0.61 11,949,714
Payment Day dummy 0.33 0.47 11,949,714
Widrawals (in thousands R$) 13.36 70.80 11,949,714
Payment Value (in thousands R$) 13.97 80.21 11,949,714
Salary Mass Women (in billions R$) 7357.92 368,815.51 11,949,714
Salary Mass Men (in billions R$) 12,540.13 588,575.87 11,949,714

One limitation of this empirical exercise is that I cannot separate IPV cases
perpetrated against Bolsa Família beneficiaries and those whose IPV survivors are not
receiving such cash transfers. As a result, I can only look at how beneficiaries’ withdrawals
within a municipality affect the amount of IPV cases committed against non-beneficiaries
and beneficiaries. To overcome this limitation, I rely on my empirical strategy to generate
variation that should affect only Bolsa Família recipients and in turn affect potential IPV
victims, which I detail in the following section. In the next section, I will further discuss
how such a strategy addresses that concern and where it falls short.

2 Between 2013 and 2018, the number of municipalities remained the same, with a total of 5570. I work
with the sub-sample of municipalities that, between 2013 and 2018, reported at least one case under
the interpersonal or self-inflicted violence notification system of SINAN. This selection assumes that if
a municipality did not report at least one case in the six-year time span that I am considering, the
submission of notifications to SINAN is likely to be problematic. It is unlikely that there were no cases
of violence reaching those health services.
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5 Empirical Strategy

I aim to identify the instantaneous effect that withdrawals of Bolsa Família may
have on the the daily count of IPV cases. To do so, I postulate the following fixed effects
model:

IPVmd = α1 Withdrawalsmd + α2weekdayd + βXmY + λM + µm + εmd (5.1)

for municipality m on day d. The main coefficient of interest is α1, which is associated
with the value of withdrawals in thousands R$. This specification also controls for dummy
variables for weekdays (vector weekdayd), which captures the risk exposure of victims
to aggressors on different days of the week. In addition, I also use the vector XmY , for
municipality m on year Y , which collects the real sum of salaries of women and men
employed in the formal labor market. These time-varying conditions are important drivers
of financial distress, which may move the level of IPV. In addition, I use a municipality
fixed effect (µm) to be able to identify the effect of withdrawals within municipalities. I
also include a time fixed effect (λM) at the month level to account for monthly shocks
that affect all units. Among other variations, this captures changes in the rules of Bolsa
Família, such as updates on the poverty and extreme poverty lines. Finally, for all of the
models that I estimate, inference is conducted using clusters at the level of municipalities
to account for the potential serial correlation over the period that I am considering.

However, the model proposed in Equation 5.1 is subject to endogeneity. Specifically,
simultaneity is a potential problem, as the volume of municipality withdrawals could
respond to domestic violence when women seek to escape it. Another potential source of
endogeneity is that the relation between the amount withdrawn and the violence targeted
at women could be mediated by financial scarcity, which could promote higher levels of
withdrawals and also higher levels of IPV.

To overcome these issues, I use the rules of Bolsa Familia that determine how
the beneficiaries receive the transfer on their accounts. Although beneficiaries can make
withdrawals of the cash transfer on any day of the year, I explore the fact that payment
days only happen during the last ten business days of each month. Since the random
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assignment of the last digit of NIS defines payment days, these are arguably exogenous to
the level of IPV cases. Thus, I propose a first stage where a dummy for the days in which
payments are delivered to the representatives’ accounts is used as an IV.

Withdrawalsmd = γ1Payment Daysmd + γ3weekdayd + δXmy + λM + µm + ηmd (5.2)

The first stage presented in equation 5.2 essentially filters withdrawals during
payment days. These particular days were not chosen as a way to combat IPV. Instead
only serve the purpose of staggering the distribution of benefits. An important assumption
here is that by filtering the variation of withdrawals made on payment days, I’m not
selecting the potentially endogenous withdrawals of those who are most (or least) likely to
engage in domestic violence. Thus, I am able to identify the effect that corresponds to a
LATE close to payment days.

In addition, I propose another instrumental variable: the total sum of payments
that are distributed daily to the beneficiary accounts, as shown in equation 5.3. First, this
IV still uses, to its advantage, the fact that payments are concentrated over a few days.
Second, I am able to use the daily variation in the payments within municipalities and
within months, resulting from families with different monthly cash benefits being randomly
assigned to different days according to the last digit of the NIS. By doing so, I identify the
LATE, which is driven by the variation in payments transferred to the families’ accounts
on different days.

Withdrawalsmd = γ1Paymentsmd + γ3weekdayd + δXmy + λM + µm + ηmd (5.3)

The difference between the IVs proposed is what type of behavior change from
families I am able to capture. On the one hand, the dummy for payment days is able to
account for the change in behavior driven by either receiving or not receiving the cash
transfer. In turn, this type of variation may be more connected with the "pure" income
channel. On the other hand, the amount of payments transferred to beneficiary households
captures the change in behavior of groups of families that are receiving either more or
fewer cash transfers daily. This behavior change could potentially capture more of the
intrahousehold conflict channel.
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In addition to understanding the "instant" effect that withdrawals have on IPV
cases, I also seek to explore whether those effects could be lagged or even anticipated.
Indeed, the theory discussed previously highlights that the household’s budgetary decisions
are an important channel generating conflict. In principle, it might be that part of the
families are making these decisions on the next day of withdrawals, and accordingly,
withdrawals have a lagged effect on conflict. To investigate this, I propose Equation 5.4,
in which I use the lagged measure of withdrawals to understand whether the cash effects
could be delayed.

IPVmd = γ1Withdrawalsmd−1 + γ3weekdayd + δXmy + λM + µm + ηmd (5.4)

Moreover, to account for the possibility that families will spend the money on
non-business days, it is also important to understand the effect of withdrawals on IPV
cases registered on weekends, which I seek to identify in Equation 5.5. Further, analyzing
the effect during weekends is important because couples are likely to share more time, and
the exposure risk may foster the bargaining channel.

IPVmd =γ0Withdrawalsmd + γ1Withdrawalsmd−1Weekdayd = “Saturday"

+ γ2Withdrawalsmd−2Weekdayd = “Saturday" or “Sunday"

+ γ4weekdayd + δXmy + λM + µm + ηmd

(5.5)

Another mechanism to explore is whether conflict can result from withdrawal
anticipation. For instance, it could be that before withdrawals, couples fight over who
is going to use the card (either BF or CF card) to get the cash benefit.1 This scenario
would be in line with the backlash theory, in which violence is a consequence of women
empowerment; in this case, the agency to withdraw cash. Equation 5.6 presents this
specification.

IPVmd = γ1Withdrawalsmd+1 + γ3weekdayd + δXmy + λM + µm + ηmd (5.6)
1 Although in principle to use the BF card, the representative must show an identification document

with a photo, in some contexts, CAIXA might not be monitoring this procedure. For example, in
small municipalities where bonds between inhabitants tend to be closer, it might be that workers from
CAIXA allow withdrawal without the ID requirement. In addition, if the family uses the CF card to
withdraw, the representative is not required to show an ID.
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There are some limitations to the proposed empirical strategy that deserve careful
consideration. Regarding the first instrument, the main pitfall is that on days in which
Bolsa Família is being distributed to family accounts, several other transactions that could
affect IPV may be happening simultaneously. For example, the end of the month typically
concentrates the delivery of salaries to workers’ accounts. In turn, these transactions
may affect IPV through the same theoretical pathways discussed previously. Indeed,
the financial distress channel may also be activated through salary payments. As such,
these end-of-the-month transactions, and their potential consequences on IPV, may be
confounding the effect that I aim to identify. If the overall effect of Bolsa Família on IPV
has the same direction as the effect of these end-of-the-month transactions, the estimated
coefficient will be upward biased. On the contrary, if the direction of the effects is different,
the estimated coefficient could be attenuated.

As for the second instrument, the main limitation is the threat to the non-testable
exclusion restriction. Indeed, my identification assumes that the payments transferred to
the accounts can only affect IPV cases through withdrawals. In turn, this, for instance,
excludes the possibility of IPV cases reacting to the families’ expectation of withdrawing.
As discussed before, I partly address this by testing a possible anticipation effect. However,
I am unable to offer additional evidence to support the non-violation of the exclusion
restriction, which is A serious limitation of this study.
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6 Results

6.1 Main results

In this section, I test whether withdrawals have an impact on the level of IPV cases
registered on the same day on which representatives are collecting cash. Before discussing
my main results, I test empirically the key assumption that the instrumental variables
are relevant to explain the daily withdrawals.Tabela 4 presents the first stage estimates
for the two instruments that I consider, which are the payment day dummy (Column 1)
and the value of payment transfers (Column 2).Tabela 4 suggests a strong first stage in
which both instruments are positively and significantly associated with withdrawals. In
addition, to avoid biases from weak instruments, I also conduct an F test to investigate
this possibility. The F-statistic for both IVs allows me to reject a weak IV.

Withdrawals made on payment days are associated with smaller levels of IPV
on the same day.Tabela 5 reports on Column (1) that an additional R$ 1000 that is
withdrawn is associated with a decrease of 0.00004 in the average count of daily IPV
cases. This reduction represents 0.06% of the mean count of IPV cases. Similarly, the
effect of withdrawals on the notifications of IPV on the next day is significant, as shown
by Column (2), with an estimated reduction of -0.00003, which represents 0.05% of the
average daily count of cases. These estimates are consistent with the theory of financial
alleviation being connected to lower domestic violence cases. Nonetheless, it still might
be that the intrahousehold bargain is positive but relatively less important. Or even,
that on average the preferences of male and female householders are similar, so that the
budgetary decisions are made without much conflict. Turning to the coefficients related to
the salary mass of female and male formal employees, Tabela 5 shows on both columns
point estimates that are significant and of opposite signs. While increases in the salary
mass of men drive IPV cases down, the increases for wo-
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Table 4 – First Stages Regressions

Withdrawal Values (in thousands R$)
(1) (2)

Payment day (dummy) 35.55495***
(1.44468)

Payments Transferred (in 0.82189***
thousands R$) (0.01651)

F-stat 184.40 5274.40
Wald (Weak IV) 605.70 2479.09

Additional Controls:
Salary Mass Women (in 0.00034*** 0.00004***
billions R$) (0.00000) (0.00001)
Salary Mass Men (in −0.00016*** −0.00002***
billions R$) (0.00001) (0.00000)
Weekday = Monday 4.80151*** 4.93399***

(0.23312) (0.44504)
Weekday = Tuesday 1.78655*** 1.93230***

(0.10875) (0.35496)
Weekday = Wednesday 1.72087*** 1.86034***

(0.09484) (0.34810)
Weekday = Thursday 1.48330*** 1.59779***

(0.08496) (0.33489)
Weekday = Friday 2.72710*** 2.86717***

(0.11915) (0.35975)
Weekday = Saturday −0.00003 0.00005

(0.00008) (0.00003)

Observations 11,949,714 11,949,714
Notes: Each column reports the first-stage coefficients from a separate two-stage least squares regression.
Each column has a different instrumental variable. All specifications include separate fixed effects for
municipality and month. Standard errors are clustered at the municipality level. Significance levels: +10%,
∗ 5%, ∗∗ 1%, ∗∗∗ 0.1%

men are connected with higher numbers of IPV. These covariates are varying at the year
level so they should capture yearly variations in the statuses for the two genders, at least
in the formal labor market. The opposite signs are consistent with the "backlash theory",
which predicts that men may promote conflict when there are status inconsistencies between
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them and women.

Table 5 – Second Stage Effect of Withdrawals of Bolsa Família on IPV Cases, Instrumented
by Payment Days (Local Average Treatment Effect)

IPV Cases
Lag = 0 Lag = -1

Withdrawal Values −0.00004*** −0.00003***
(in thousands R$) (0.00001) (0.00001)

F-stat 465.51 464.56
Mean DV 0.073 0.073

Additional Controls:
Salary Mass Women 0.00001*** 0.00001***
(in billions R$) (0.00000) (0.00000)

Salary Mass Men −0.00001*** −0.00001***
(in billions R$) (0.00000) (0.00000)

Observations 11,949,714 11,944,260

Notes: All specifications include weekdays’ dummies as controls as well as separate fixed effects for
municipality and month. The IV used on both columns is a dummy variable for the days in which the
monthly benefit is being transferred to the representatives’ accounts. Standard errors are clustered at the
municipality level. Significance levels: +10%, ∗ 5%, ∗∗ 1%, ∗∗∗ 0.1%

In Tabela 6 I explore how the variation within municipalities in the amount trans-
ferred to the representatives’ accounts is affecting withdrawals, and how those withdrawals
are affecting the IPV cases. In contrast to the results showcased by Tabela 5, Tabela 6
reports that the effect of withdrawals on the count of IPV daily cases is only significant
one day after the cash is taken. Indeed, Column (1) presents a positive point estimate but
not significantly different from zero. Column (2) shows a precise decrease of 0.0003 which
represents 0.43% of the average count of daily IPV cases for every additional R$ 1000
withdrawn.

What stands out when we compare the results from Tabela 5 and Tabela 6 is
that they seem to agree that IPV goes down with withdrawals on the day after families
are receiving the cash, but disagree on what happens on the day in which the benefit is
distributed. What reconciles this comparison is the fact that the exogenous variation in
withdrawals that I am able to get from each instrument is different in important ways. On
the one hand, the dummy variable for payment days will filter variation on withdrawals
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that relates more to the conflict of receiving the transfer benefit versus not receiving any
transfer. Thus, I believe that this variation is able to capture the pure income channel, but
perhaps it is somewhat limited in capturing the intrahousehold conflict. On the other hand,
the amount of payments transferred is filtering the variation in withdrawals driven by the
fact that randomly, on some days, families are receiving bigger versus smaller sums of
transfers. As a consequence, it may be that the exogenous variation that I am capturing is
able to account more for the nuances of the intrahousehold conflict. Accordingly, budgetary
decisions, which may be more relevant in determining conflict on the day in which cash is
withdrawn, may be on Tabela 6canceling out any stress relief effect. Nonetheless, using
these specifications, I cannot precisely disentangle the channels to point out with precision
the ones that dominate.

Table 6 – Second Stage Effect of Withdrawals of Bolsa Família on IPV Cases, Instrumented
by Payments Transferred (Local Average Treatment Effect)

IPV Cases
Lag = 0 Lag = -1

Withdrawal Values 0.00003 −0.00025***
(in thousands R$) (0.00007) (0.00007)

F-stat 465.52 465.57
Mean DV 0.073 0.073

Additional Controls:
Salary Mass Women 0.00001*** 0.00001***

(in billions R$) (0.00000) (0.00000)
Salary Mass Men −0.00001*** −0.00001***

(in billions R$) (0.00000) (0.00000)

Observations 11,949,714 11,944,260

Notes: All specifications include weekdays’ dummies as controls as well as separate fixed effects for
municipality and month. The IV used on both columns is the amount in thousands R$ of payments
transferred to all representatives’ accounts in each municipality. Standard errors are clustered at the
municipality level. Significance levels: +10%, ∗ 5%, ∗∗ 1%, ∗∗∗ 0.1%

To understand the size of the estimates presented in Tabela 5 and Tabela 6, I
compare them with other results found in the literature. Camacho and Rodríguez (2020)
find a 6% monthly decrease in domestic violence cases in months when a Colombian cash
transfer is paid to families. It’s important to notice that this Colombian cash transfer is
approximately 25% of the legal monthly minimum wage, while Bolsa Familia is roughly
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1/5 of the monthly minimum wage. In a different setting, in Uruguay, Borraz and Munyo
(2020) find a 1.6% decrease in femicides associated with each additional 1000 beneficiaries.
In the context that I study, every 10.000 R$ withdrawn is associated with a decrease in
IPV numbers between 0.5% and 4.3%, a range of effects that is in line with some of the
estimates found in the literature.

On Tabela 7, I investigate the relationship between withdrawals made on the eve
of weekends, with the number of IPV cases registered on Saturday and on Sunday. Overall,
the empirical evidence points out that withdrawals made close to the weekend decrease
IPV, precisely when householders potentially spend more time together. The first and
second columns of Tabela 7 report the second stages in which withdrawals are being
instrumented by the dummy for payment days. The remaining columns correspond to
specifications in which the instrument used was the amount of payments transferred. In
the first row, I consider the contemporaneous withdrawals. Then, on the second and third
rows, I look at the effect of withdrawals made on Fridays on, respectively, Saturday and
Sunday. To do so, I use the interaction of withdrawals lagged once with a dummy variable
for Saturdays, such that I look at withdrawals made one day prior (which is a Friday) to
explain IPV cases registered on the first weekend day. Similarly, I use the interaction of
withdrawals lagged twice with a dummy for Sundays, such that I look at withdrawals made
two days prior (which is a Friday) to explain IPV cases registered on the second weekend
day. In addition, I consider withdrawals made on Thursdays on specifications presented in
the second and fourth columns. To do so, I use the appropriate lags of withdrawals: three
lags for Sundays (Thursday was three days before) and two lags on Saturdays (Thursday
was two days before).

Turning to columns (1) and (2), the effect of withdrawals made on Fridays is
concentrated on Sundays, but surprisingly the direction shifts when I consider the with-
drawals made on Thursdays as well. In the first column, withdrawals made on Fridays
are associated with a decrease of 0.07% on cases registered on Sunday, This suggests
that withdrawals made on Fridays may be boosting the exposure risk, while withdrawals
made on Thursdays are hindering the effect. A possible explanation, albeit not testable
with my data set, is that on Fridays people might be more to consume temptation goods
(for instance, alcohol) which might foster conflict when the householders are together on
Sunday. Nonetheless, the overall effect on Sundays reflects a decrease in violence cases.
In addition, in both columns, the contemporaneous effect of withdrawals is negative and



Chapter 6. Results 32

remains stable with the inclusion of additional lags. The reduction of 0.0004 is the same
one that Tabela 6 showcases.

In contrast, the last columns show that the effect of withdrawing on the eve of
a weekend is felt on both Saturday and Sunday. Another important difference is that
withdrawals on Friday seem to work as a preventive mechanism to the exposure risk, while
withdrawals on Thursdays seem to boost such risk. Following the idea previously discussed
that these withdrawals are able to better capture the intrahousehold bargaining channel,
what would explain that closer to the weekend this channel loses importance? Here, it
seems that these specifications emphasize how critical the weekend is. On the one hand,
if enough withdrawals are made on Friday, cases will drop on the weekend, such that
this critical period will register roughly 4% less violence on average. On the other hand,
if withdrawals are not close enough to the weekend, the cash withdrawn will generate
more conflict, an increase of 3.5% approximately. These results are puzzling and deserve
more investigation, specifically on how the budgetary decisions are done on Thursdays in
comparison with Fridays. It could be that, for instance, on Fridays, the weekend proximity
fosters a more cooperative bargaining process as opposed to Thursdays. Or perhaps since
Friday is a common day to receive the paycheck, the fact that women are withdrawing
cash on Thursdays, and potentially spending it, before men are able to do so, violence as
backlash may arise. The data restrictions, however, make it difficult to precisely point out
the origin of such a puzzling result.
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Table 7 – Second Stage Effect of Withdrawals of Bolsa Família on Weekend’s IPV Cases,
Instrumenting either by Payment Days or by Payments Transferred (Local
Average Treatment Effect)

IV = Dummy for IV = Payments transferred
payment days (in thsnd. R$)

IPV Cases IPV Cases IPV Cases IPV Cases

Withdrawalsd (in −0.00004*** −0.00004*** −0.00004 −0.00002
thsnd. R$) (0.00001) (0.00001) (0.00006) (0.00005)
Withdrawalsd−1 (in −0.00002 0.00002 −0.00097*** −0.00309***
thsnd. R$) x Weekday = Sat (0.00002) (0.00016) (0.00013) (0.00080)
Withdrawalsd−2 (in −0.00005* 0.00021** 0.00004 −0.00287***
thsnd. R$) x Weekday = Sun (0.00002) (0.00008) (0.00018) (0.00070)
Withdrawalsd−2 (in −0.00005 0.00254***
thsnd. R$) x Weekday = Sat (0.00021) (0.00090)
Withdrawalsd−3 (in −0.00033*** 0.00298***
thsnd. R$) x Weekday = Sun (0.00008) (0.00080)

Additional Controls:
Weekday = Mon 0.01364*** 0.01269*** 0.01526*** 0.01238***

(0.00209) (0.00147) (0.00440) (0.00294)
Weekday = Tues 0.00013 −0.00082 0.00175 −0.00105

(0.00169) (0.00057) (0.00344) (0.00189)
Weekday = Wed −0.00208 −0.00303*** −0.00046 −0.00327+

(0.00169) (0.00054) (0.00343) (0.00185)
Weekday = Thurs −0.00376* −0.00471*** −0.00213 −0.00496**

(0.00162) (0.00047) (0.00330) (0.00175)
Weekday = Fri −0.00478** −0.00573*** −0.00316 −0.00600***

(0.00155) (0.00052) (0.00319) (0.00164)
Weekday = Sat −0.01362*** −0.01438*** 0.00604 −0.00114

(0.00147) (0.00195) (0.00380) (0.00187)

F-stat 439.68 401.60 441.33 406.87
Mean DV 0.073 0.073 0.073 0.073
Observations 11938806 11933352 11938806 11933352

Notes: All specifications include salary mass for female and male formal workers in thousands R$ as
controls, as well as separate fixed effects for municipality and month. Standard errors are clustered at the
municipality level. Significance levels: +10%, ∗ 5%, ∗∗ 1%, ∗∗∗ 0.1%
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6.2 Robustness Checks

Tabela 8 replicates the specifications shown in Tabela 5 and Tabela 6 , while
aggregating the sample to the level of fortnights. This time level allows me to focus more
on the difference between the close neighborhood of a period in which payments are being
delivered versus when that is not happening, and to propose a placebo test. The coefficients
on columns (1) and (3) corroborate with the contemporaneous effects shown in Tabela 5
and Tabela 6. That is, when withdrawals are instrumented by a dummy for the period
in which payments are received, IPV decreases by -0.00004 for each 1000 R$, while with
the payments transferred instrument, the effect is not statistically different from zero.
Considering that the average number of IPV cases every fortnight is 1.109, the decrease is
equivalent to a -0.004% variation, smaller than the one found in Tabela 5.

Table 8 – Effect of Withdrawals of Bolsa Família on IPV Cases, (Local Average Treatment
Effect), Fortnight aggregation

IV = Dummy for IV = Payments transferred
payment days (in thsnd. R$)

IPV Cases IPV Cases IPV Cases IPV Cases
(Lag = 0) (Lag = 1) (Lag = 0) (Lag = 1)

Withdrawals −0.000035* 0.000018 −0.000047 −0.000180
(in thsnd. R$) (0.000014) (0.000014) (0.000043) (0.000192)

Additional Controls:
Salary Mass W 0.000160*** 0.000064*** 0.000160*** 0.000065***
(in bln. R$) (0.000002) (0.000006) (0.000002) (0.000007)
Salary Mass M −0.000133*** −0.000101*** −0.000133*** −0.000102***
(in bln. R$) (0.000002) (0.000005) (0.000002) (0.000006)

F-stat 3261.48 1587.10 3261.82 1729.62
Mean DV 1.109 1.107 1.109 1.107
Observations 785376 779922 785376 779922

Notes: All specifications include weekdays’ dummies as controls, as well as separate fixed effects for
municipality and month. Standard errors are clustered at the municipality level. Significance levels: +10%,
∗ 5%, ∗∗ 1%, ∗∗∗ 0.1%

In the second and fourth columns of Tabela 8 I test the effect of withdrawals made
in a given fortnight on the number of IPV cases registered in the previous fortnight. These
specifications provide more evidence that the effect that I find on Tabela 5 and Tabela 6
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is not merely random. Indeed, the effect of withdrawals on the pseudo dependent variable
is non-significant.

Table 9 – Effect of Withdrawals of Bolsa Família on IPV Cases, Instrumenting for Payment
Days (Local Average Treatment Effect)

Sample without 5 first Sample without 5 last
month business days month business days

IPV Cases IPV Cases IPV Cases IPV Cases
(Lag = 0) (Lag = -1) (Lag = 0) (Lag = -1)

Withdrawals −0.00002+ −0.00004*** −0.00001 −0.00003**
(in thsnd. R$) (0.00001) (0.00001) (0.00001) (0.00001)

Additional Controls:
Salary Mass 0.00001*** 0.00001*** 0.00001*** 0.00001***
Women (in bln
R$)

(0.00000) (0.00000) (0.00000) (0.00000)

Salary Mass −0.00001*** −0.00001*** −0.00001*** −0.00001***
Men (in bln
R$)

(0.00000) (0.00000) (0.00000) (0.00000)

F-stat 468.80 469.16 466.95 465.68
Mean DV 0.072 0.072 0.073 0.073
Observations 9986274 9980820 10003685 9364065

Notes: All specifications include weekdays’ dummies as controls, as well as separate fixed effects for
municipality and month. The IV used on each column is a dummy variable for the days in which the
monthly benefit is being transferred to the representatives’ accounts. Standard errors are clustered at the
municipality level. Significance levels: +10%, ∗ 5%, ∗∗ 1%, ∗∗∗ 0.1%

Finally, to stress my results, in Tabela 9 and Tabela 10 I reproduce the estimates
presented in Tabela 5 and Tabela 6, with restrictions on the sample that I was previously
considering. The restrictions are two: first I remove the first five business days of each
month and then I remove the last five business days. These restrictions were selected
based on the calendar of payments of Benefício de Prestação Continuada (BPC), which is
a special retirement paycheck to low-income elderly or individuals with disabilities who
would not be able to afford their living costs without that social assistance.
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Table 10 – Effect of Withdrawals of Bolsa Família on IPV Cases, Instrumenting for Pay-
ments Transferred (Local Average Treatment Effect)

Sample without 5 first Sample without 5 last
month business days month business days

IPV Cases IPV Cases IPV Cases IPV Cases
(Lag = 0) (Lag = -1) (Lag = 0) (Lag = -1)

Withdrawal 0.00009 −0.00027*** 0.00008 −0.00028**
(in thsnd. R$) (0.00007) (0.00008) (0.00007) (0.00009)

Additional Controls:
Salary Mass 0.00001*** 0.00001*** 0.00001*** 0.00001***
Women (in bln.
R$)

(0.00000) (0.00000) (0.00000) (0.00000)

Salary Mass −0.00001*** −0.00001*** −0.00001*** −0.00001***
Men (in bln.
R$)

(0.00000) (0.00000) (0.00000) (0.00000)

F-stat 468.95 470.48 467.01 466.39
Mean DV 0.072 0.072 0.073 0.073
Observations 9986274 9980820 10003685 9364065

Notes: All specifications include weekdays’ dummies as controls as well as separate fixed effects for
municipality and month. The IV used on every column is the amount in thousands R$ of payments
transferred to all representatives’ accounts in each municipality. Standard errors are clustered at the
municipality level. Significance levels: +10%, ∗ 5%, ∗∗ 1%, ∗∗∗ 0.1%

The distribution of payments of BPC starts on the five last business days of the
month for people who receive a benefit of up to one monthly minimum wage, followed by
the five first business days of the next month, in which benefits that are over one monthly
minimum wage are transferred to the beneficiaries account. The overlap on the calendar,
especially for the specifications that use the dummy variable as an instrument, may be
confounding the results. For example, it might be that some households are postponing
withdrawals because they are already backed by BPC transfers. For that reason, I estimate
my main specifications using a sample that removes the periods in which BPC days are
being distributed. By doing so, I attempt to be agnostic about what may be happening
in those moments and test whether my results are still valid.Tabela 9 shows that in
the first column that when the 5 first business days are removed, my main coefficient
remains negative, albeit smaller and less precise. Nonetheless, the estimated effect on the
day after withdrawals, of around -0.00004, is similar to the one on the full sample. In
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contrast, when I use the sample that removes the five last business days of each month,
the contemporaneous effect is not significantly different from zero. However, the effect
on the next day is still robust and represents a decrease of about 0.04%. Turning now
to Tabela 10, the estimates suggest a significant negative reduction of around 0.4% in
IPV cases notified by the health services. These results are consistent with the findings
presented on Tabela 6. Overall Tabela 8 and Tabela 9 support the evidence that the
decrease in IPV cases is concentrated on the following day of withdrawals.
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7 Conclusion

In this paper, I investigate whether cash in hand affects the number of IPV cases
that arrive at health services in Brazilian municipalities, in the context of a benefit transfer
that is distributed to municipalities on the 10 last business days of the month. Exploring
the rules of Bolsa Familia, I use an instrument strategy and find that additional 10.000 R$
withdrawn in the municipality is associated with a reduction in daily IPV cases that ranges
from 0.6% up to 4.3%. Following the theories that model cash and domestic violence, it
seems like in the context that I analyze, the financial alleviation channel is relatively more
important, although I cannot disentangle this precisely.

My results contribute to the understanding of the relationship between cash transfers
and domestic violence. So far, the growing literature on this topic has shown promising
results of decreases in IPV prevalence. However, empirical evidence is mixed, and some
studies find no effect. In addition, with the exception of the works conducted by Camacho
and Rodríguez (2020) and Hsu (2017), little is known about the relationship between the
timing of cash and domestic violence. Thus, my main contribution is the identification of
an instant effect of cash withdrawn on IPV.

Important policy implications and questions arise from this result. First, this
suggests that cash in hand could be used as a preventive mechanism against IPV. Second,
if the relationship happens quickly, on the same day of withdrawals or on the next day,
how can the timing of Bolsa Familia transfers be optimized to capitalize on the reductions
of IPV? Distributing payments twice a month can increase the window of IPV reductions,
or would be it necessary to increase the benefit paid as well? Future research is needed
to clarify these questions. Their answers are important to improve our response to the
domestic violence endemic.
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