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ABSTRACT

This paper intends to analyze the moderate effect of organizational analytics capabili-
ties in the development and service delivery processes, using as reference the gaps 
described in the Service Quality Model developed by Parasuraman, Zeithaml and 
Berry (1985). As a result of the analysis, five theoretical propositions were proposed, 
which elucidate the existing relationships between analytics capabilities and the Ser-
vice Quality Model gaps, in order to generate future empirical research.
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INTRODUCTION

The use of data to make decisions in companies of 
different sectors and sizes is an increasing reality in 
worldwide markets, and according to Bayrak (2015), 
the ability to manage big data will be the core compe-
tency of companies. Therefore, not only enterprises 
related to information technology will be able to cre-
ate and improve their products and services based 
on data analysis, but in fact any company in any 
business (Davenport & Dyché, 2013).

The skill to manage Big Data may be translated into Or-
ganizational Analytics Capabilities, that are described 
by Davenport, Cohen, and Jacobson (2005) as a portfo-
lio of data analytics methods and tools. The presence of 
these capabilities in an organization means that it has 
technical skills and ability to collect relevant data, use 
data analytics statistical models and, most important-
ly, the capacity for doing simulations and using those 
analyses to make strategic decisions.  

In line with this, Bayrak (2015) affirms that the de-
velopment of organizational analytics capabilities 
helps expanding the offer of products and services, 
and when developing an analytics culture, organiza-
tions may increase service quality, reduce operation-
al costs and increase return on assets (IBM, 2017). 

From these perspectives present in the literature, 
that point towards the influence of analytics capabil-
ities on the delivery of services, this paper intends to 
study the following research question: the existence 
of organizational analytics capabilities can cause 
impact in the service quality perceived by custom-
ers? This question becomes relevant, since the un-
derstanding of the factors that influence the clients’ 
perception of quality, and the inclusion of those fac-
tors in the service compound, is a determining mat-
ter to the success of service companies.

The choice of the service sector as the object of anal-
ysis was due to its importance to the national and 
global economy. Service companies are responsible 
for 68% of Brazilian GDP (Pereira, 2014) and they 
represent approximately 60% of the foreign trade in 
developed countries (MDIC, 2017). By developing an 
analytics organizational culture, service companies 
will be able to offer services that suit specific needs 
of the customers and, as a consequence, to obtain a 
better perception of quality from them.  

Companies such as Boston Red Sox, Netflix, Ama-
zon.com, CEMEX, Capital One, Harrah’s Entertain-

ment, Procter & Gamble and Best Buy use analytics 
capabilities to build their competitive strategies, 
guide their decision-making processes and win the 
competition. When applying such analytics skills, 
those organizations identify the most profitable cus-
tomers, accelerate the innovation of products and 
services, optimize the supply chains and the pricing 
(Davenport & Harris, 2007).

In this study it will be used the concept of Perceived 
Service Quality, measured from the perception of 
quality by customers (Parasuraman, Zeitham, & 
Berry, 1988), being the 5 Gaps model, proposed by 
Parasuraman et al. (1985), the tool used here. In this 
model Parasuraman et al. (1985) affirm that the per-
ceived service quality is a result of the magnitude of 
the Gap 5 (the gap between the service offered by the 
companies and the service perceived by the custom-
ers), and this one depends on the magnitude of the 
other four Gaps, that may be favorable or unfavor-
able. The management of the service quality (Gap 5) 
depends, thus, on the control of the individual effect 
of each of the other gaps, being necessary to seek 
for tools that may minimize the negative effect that 
these gaps may cause on the service quality. 

Therefore, the general objective of this study consists 
of analyzing the moderate effect of organizational 
analytics capabilities on the gaps described in the 
Service Quality Model of Parasuraman et al. (1985). 
In order to reach this general objective, it is proposed 
to identify the relevant dimensions to understand 
the “Service Quality” and “Organizational Analytics 
Capabilities” constructs, and the possible relation-
ship between them. This understanding emerged 
from the results obtained in a systematic literature 
review, focused on the key topics of this paper, such 
as service quality, analytics capabilities, big data and 
business analytics.

For this purpose, first it is presented the theoreti-
cal frame, bringing a discussion about the “Service 
Quality”, where it is presented the 5 Gaps Model 
of Parasuraman et al. (1985), and “Organizational 
Analytics Capabilities” constructs, presenting the 
variables that compose this last one. This literature 
review aims to dimension and delimitate the key 
concepts of the study. After that, it is carried out an 
analysis of the relationship between Organizational 
Analytics Capabilities and the 5 Gaps Model of Para-
suraman et al. (1985), aiming to relate the existence 
of analytics behavior to each of the five gaps of the 
model, therefore presenting the theoretical propo-
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sitions and the structural model that evidences the 
relationship. Finally, there are the conclusions and 
suggestions for future research.   

THEORETICAL FRAME

In order to define the theoretical discussion pro-
posed by the research objective of this study, it was 
performed a literature review relevant to the discus-
sion, aiming to delimitate the theoretical assump-
tions, the constructs and the relationships between 
the variables that compose the research model sug-
gested. The theoretical frame serves as a basic theory 
to answer the research questions of this paper, as 
well as the foundation of the theoretical relation-
ships presented in the research model.  

Service Quality

To the majority of the service companies, the con-
cern with quality has become a fundamental fac-
tor to develop the business strategy, because it has 
great influence on the company’s performance and 
it impacts positively customers’ satisfaction (Akbar 
& Parvez, 2009; Bloemer & Kasper, 1995; Huang, 
Tseng, & Hsu, 2016; Johnston, 1995; Oliver, 1997; 
Orel & Kara, 2014; Prado & Marchetti, 1997; Spreng 
& Mackoy, 1996; Sureshchandar, Rajendran, & An-
antharaman, 2002). Specifically to the service sec-
tor, delivering to the customer a service with supe-
rior quality has become a prerequisite to the success 
of this kind of business (Parasuraman et al., 1988), 
since, and unlike it happens with products, the per-
ception of service quality occurs through the subjec-
tive analysis of who’s consuming it, and not through 
specific physical characteristics that are easy to con-
trol, demanding, thus, an efficient structure of qual-
ity management, that enables the survival of the or-
ganization in its competitive market.  

The processes of production and delivery of the ser-
vice have particular characteristics that make it diffi-
cult to determine the aspects that define its quality. 
These characteristics are the intangibility, heteroge-
neity and inseparability of the production from the 
consumption (Grönroos, 1982; Parasuraman et al., 
1985, 1988; Stefano, Casarotto Filho, Barichello, & 
Sohn, 2015), and there is also the perishability as a 
fourth characteristic mentioned by some authors 
(Ghobadian, Speller, & Jones, 1994). These charac-
teristics refer to the fact that the process of service 
production occurs simultaneously with its consump-
tion, turning the storage into something unlikely to 

happen and causing the customer to be an acting part 
of the production. Concerning the participation of the 
customer, it causes the service delivery to be hetero-
geneous, for each experience depends on the factors 
and actors involved. These characteristics turn the re-
lationship between customers and a service company 
different from the relationship between a goods com-
pany and its clients (Grönroos, 1982).

Ghobadian et al. (1994) affirm that customers usu-
ally look for signs of quality in the products and 
services, that may be users’ opinions, reputation, 
accessibility, communication, physical aspects, etc., 
but, specifically in the services, the influence of in-
tangible aspects on the purchasing decision is much 
higher than the influence of tangible aspects on the 
purchase of a product. That causes service compa-
nies to have a greater responsibility to understand 
the aspects of the service that are interesting to their 
customers, to create expectations through external 
communication and to provide a service that match-
es, or excels, from the very first contact, the expecta-
tions that were created.   

Customer’s expectation is held as a standard which 
will be compared to the following experiences, result-
ing in an answer, that is the perceived service quality 
(Parasuraman, Berry, & Zeithaml, 1993)Churchill, 
and Peter’s (1993. To Ghobadian et al. (1994), the 
expectation is the image that the customer has of 
the service before consuming it, that may be influ-
enced by external factors and, consequently, it may 
be shaped by the company through its efforts of 
marketing and communication with the client. 

On the other hand, Johnston (1987) argues that the 
customer’s expectation is dynamic, that is, it changes 
as the delivery stages advance, being influenced by 
different factors. To this author, expectation must be 
analyzed before the consumption experience, not mea-
sured after the experience, as proposed by Parasura-
man et al. (1985) and corroborated by other authors. 

This difference between the arguments referring to 
the use of expectation as a relevant factor to measure 
service quality represents a great divergence among 
the authors in this field. Regarding the measurement 
of the quality service construct, there are two main 
research lines that discuss in which way the quality 
service should be measured (Dabholkar, Shepherd, & 
Thorpe, 2000; Santos, 2003)difference scores.

Some authors defend the disconfirmation, a concept 
proposed by Oliver (1980) and widely used in the lit-
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erature of service quality (Santos, 2003), as a way of 
measuring service quality, consisting of measuring 
the expectation of the customer and the perception 
of the service after the consumption, and the per-
ceived quality is the result of the difference between 
the grades of the expectation and the perception 
(Grönroos, 1982; Parasuraman et al., 1985, 1988).  

That way, having the service quality as a result of 
meeting customers’ expectations, Parasuraman et 
al. (1988) developed a measurement scale called 
SERVQUAL, refined later by the authors (Parasura-
man, Berry, & Zeithaml, 1991), that measures the 
perceived service quality based on 5 determining 
factors. This scale is still the most used one in the 
relevant literature to analyze service quality (Mon-
do & Fiates, 2013).

However, the SERVQUAL measurement scale has 
been criticized over time by some authors (Babakus 
& Boller, 1992; Cronin Jr & Taylor, 1994) that fol-
low a second line of thinking, in which they believe 
that measuring only the customer perception, put-
ting aside the expectation, is enough to measure 
service quality, which resulted in the creation of 
the SERVPERF (Cronin Jr & Taylor, 1994), a scale 
similar to the SERVQUAL, but only with questions 
aimed at capturing customer’s perception. 

Brown, Churchill, and Peter (1993) also criticized 
the SERVQUAL scale, however they questioned its 
psychometric qualities, and they were promptly an-
swered by Parasuraman et al. (1993), that, in the 
same edition of the Journal of Retailing, defended 
the validity of the scale. Dabholkar et al. (2000) 
point out that the SERVQUAL fails when assum-
ing that the quality measure may be obtained with 
the average of the five dimensions that compose 
the scale, since in that way it does not capture the 
individual effect of the dimensions, as it treats the 
dimensions as components of the construct, not in-
dependent antecessors.

In this context of divergences regarding the mea-
surement of service quality, many conceptual 
models of service quality have been developed 
(Beddowes, Gulliford, Knight, & Saunders, 1987; 
Haywood-Farmer, 1988; Johnston, 1987; Moore, 
1987; Nash, 1988; Parasuraman et al., 1985; Yang, 
Jun & Peterson, 2004), with different intentions 
and applications, though, where some offer mech-
anisms for managers to implement and manage a 
quality control system, and others help realizing 
internal and external factors that influence the cus-

tomer’s service quality perception (Ghobadian et 
al., 1994). 

Given the evolution of the discussion about service 
quality, there is currently (in the literature directed 
to the marketing area) the service quality manage-
ment being treated as a topic that is slowly giving 
rise to what is called the service-dominant logic. Ac-
cording to Gummesson, Lusch, and Vargo (2010), 
quality is no longer a recurrent word in service-
dominant logic, since the word “value” has taken 
its place. In this perspective, one intends to under-
stand how the client creates value to himself from 
the consumption of the service (Grönroos, 2008).

In other areas, such as operations management, 
that also discusses about service quality (Jayaram 
& Xu, 2016; Kress, & Wisner, 2012; Wen, Prybutok, 
Blankson, & Fang, 2014; Yang et al., 2004), there 
has been discussed the relationship of technology 
and its impacts on quality perception, bringing e-
Service as a recurrent point of debate, since the 
growth of online services has caused the geography 
to have an even lesser role in the competitive strat-
egy, causing the costs of changing suppliers to be 
linked to the convenience and utility of time, and 
promoting service quality to a factor even more rel-
evant in the differentiation among competitors and 
in the attraction and retention of customers (Yang 
et al., 2004).  

Nevertheless, despite the criticisms suffered over 
time and the new perspectives to the researches 
about service, the SERVQUAL scale is still large-
ly used in studies about service quality (Chenet, 
Tynan, & Money, 2000; Jamal & Anastasiadou, 
2009; Kumar, Tat Kee, & Charles, 2010; Mohebi-
far, Hasani, Barikani, & Rafiei, 2016; Stefano et al., 
2015)namely conventional and Islamic, in terms 
of common critical factors after re-examining the 
SERVQUAL model, originally pioneered by Parasur-
aman. Further, the technique of dominance analy-
sis is used to examine the relative importance of the 
critical factors in closing up the overall service qual-
ity gap in these two types of banks. Design/meth-
odology/approach: The sample is made up of 308 
bank customers, consisting of the customers from 
both Islamic and conventional banks from different 
parts of Malaysia. The data have been collected by 
using the structured questionnaire, which consists 
of three parts. Part 1 deals with consumers’ usage 
of banking channels and their banking behaviour. 
Part 2 contains 26 statements related to service 



105ARTICLES | The Moderate Effect Of Analytics Capabilities On The Service Quality

ISSN: 1984-3046 © JOSCM | São Paulo | V. 11 | n. 2 | July-December 2018 | 101-113

quality dimensions based on past literature. Finally, 
Part 3 contains the questions related to the socio-
demographic profiles of respondents. Findings: The 
modified SERVQUAL model consists of four criti-
cal factors (dimensions. The service quality model 
developed by Parasuraman et al. (1985), which con-
siders the existence of important gaps regarding 
the corporate executive’s perception of the service 
quality and tasks associated with service delivery to 
customers, is still a valid basic theory to understand 
the obstacles in the processes of development and 
delivery of a service. 

Therefore, this research adopts the traditional ap-
proach of disconfirmation, that quality can be mea-
sured from the difference between the expectation 
and perception of the service. This scale, when used 
in researches that intend to study a specific mar-
ket, may be adapted to better represent the char-
acteristic language of the environment researched, 
without losing, though, its backbone, that is the five 
dimensions of quality and its way of measuring the 
results. However, in this research, as it is not evalu-
ating any market specifically, and because it consid-
ers the SERVQUAL scale a valid generic scale, there 
will be no adaptations.  

In order to reach the research objective, which is to 
understand the impact of the organizational analyt-
ics capabilities on the five gaps of the Service Quality 
Model of Parasuraman et al. (1985), it is presented 
in the following section a further detailed explana-
tion on the Service Quality Model of Parasuraman 
et al. (1985), analyzing each of the five gaps delimi-
tated by the authors.

Service Quality Dimensions – 5 Gaps 
Model

Based on a research carried out with managers of 
companies related to four different sectors – retail 
bank, credit cards, securities brokerage and repair 
and maintenance of products and service – and their 
respective customers, Parasuraman et al. (1985) no-
ticed along the research that there was a set of gaps 
linked to the perception of the managers about the 
service quality and the tasks related to the delivery 
of services to customers, and that those gaps could 
disrupt the delivery of a service of quality in the 
perspective of the customers. 

Thus, they created a model that helps identifying 
the failures in the quality of the service, working as 

a diagnosis tool (Ghobadian et al., 1994). The first 
gap (Gap 1) is the “difference between the custom-
ers’ expectations and the perceptions of the man-
agers about the customers’ expectations” (Para-
suraman et al., 1985, p. 44). This gap exists when 
the manager has an inconsistent perception about 
what the customer really wants, and the reason of 
its existence is the lack of focus properly directed 
to the market (Ghobadian et al., 1994). Huang et al. 
(2016) refer to this gap as the knowledge gap.

The second gap (Gap 2) is “the difference between the 
perceptions of the managers regarding the custom-
ers’ expectations and the definition of the service 
quality specifications” (Parasuraman et al., 1985, p. 
45). This occurs when the managers cannot specify 
the proper standards to the service, so that they 
are in accordance with the customers’ expectations 
(Huang et al., 2016. According to Parasuraman et al. 
(1985); there is often the knowledge of the expecta-
tions, but it lacks the means to meet them. Huang et 
al. (2016) refer to this gap as the design gap. 

The third gap (Gap 3) is “the difference between 
the service quality specifications and the effective 
delivery of the service” (Parasuraman et al., 1985, 
p. 45). This gap occurs when the service delivered 
is different from the service designed by the man-
ager. Parasuraman et al. (1985) points out that, in 
their research, the managers acknowledged that the 
employees of a service company have a strong in-
fluence on the perceived quality and that it is not 
always possible to standardize the service delivered. 
Huang et al. (2016) refer to this gap as the perfor-
mance gap.

The fourth gap (Gap 4) is “the difference between 
the real delivery and the external communications 
about the service” (Parasuraman et al., 1985, p. 46). 
Parasuraman et al. (1985) points out that it is neces-
sary to pay attention to not promote a service with 
more benefits than it can be delivered, because it 
raises the expectation and, when they are not met, 
it causes lower perceptions of quality. Huang at al. 
(2016) refer to this gap as the communication gap.

The fifth, and last, gap (Gap 5) is “the difference 
between the customer’s perception related to his 
experience and his expectation about the service” 
(Huang et al., 2016, p. 88), and this gap is affected 
by the previous 4 (Huang et al., 2016; Parasuraman 
et al., 1985)based on the relevant literature and the 
operational features of air freight carriers, the ser-
vice requirement attributes (SRAs. Parasuraman et 
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al. (1985) refer to this gap as the service quality per-
ceived by the customer.

In the model presented by the authors (Figure 1), 
the gaps shown as Gap 1, Gap 2, Gap 3 and Gap 4 

occur during the stage of design and delivery of the 

service, being caused, thus, by the managers. Re-

garding Gap 5, that measures the perceived service 

quality, it is caused by the customer. 

Figure 1. Service quality model

Source: Parasuraman, Zeithaml and Berry (1985). Adapted by the authors.

The manager is not capable of foreseeing all the 
needs and desires of all its customers and adjust-
ing the offers according to the necessary level to 
meet those demands (Parasuraman et al. 1985). 
Therefore, the use of tools that help monitoring and 
gathering information about the customers is fun-
damental, allied with the development of analytics 
capabilities that can effectively bring advantages to 
the organization. Thus, aligned to this understand-
ing, it is discussed in the next section about the 
concept of Organizational Analytics Capabilities 
and the strategic importance of developing those to 
the organizations.

Organizational Analytics Capabilities

In order to be successful in the activities of analysis and 
extraction of valuable information from data, it is nec-
essary to develop more than just generic practices rec-

ommended by specific knowledge corpus. It is needed 
to develop an entrepreneurial culture that values deci-
sion-making based on data (Davenport, 2006), so that 
it is possible to provide results, identify better market 
opportunities and make assertive decisions.

In the current globalized scenario, with fast commu-
nication and easy access to information, companies 
have started to own a great amount of data avail-
able, but in most cases they cannot turn those data 
into useful strategic information (Azimuddin & Ka-
runesh, 2011). Organizations face different types of 
problems in their routines, which demand fast and 
precise decision-making, and that may demand from 
the manager a series of abilities and skills to access 
the best solution given the information available.

These abilities and skills to extract relevant informa-
tion from data are called analytics capabilities and 
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this concept emerges from the discussions about 
Business Analytics (BA) (Sincorá, 2016; Sincorá, 
Oliveira, Zanquetto-Filho, & Ladeira, 2018). Ana-
lytics capabilities are part of a set of variables that 
form the BA construct, that, in its turn, is seen as a 
sub-group of Business Intelligence (BI) (Azimuddin 
& Karunesh, 2011; Longo, Giacovelli, & Bochicchio, 
2014), this one being defined as “an umbrella term 
for an enterprise-wide set of systems, applications 
and governance processes that enable sophisticated 
analytics, by allowing data, content, and analysis 
to flow to those who need them, when they need 
them” (Azimuddin & Karunesh, 2011).

BA is defined by Khan and Saxena (2011) as a critical 
component of BI, because, through technologies and 
processes, it extracts relevant information from data 
to analyze business performance. Corroborating with 
the previous definition, Longo et al. (2014) define BA 
as being responsible for creating, in organizations, 
“capabilities to be competitive through processes and 
procedures, that can be used to analyze data, in order 
to improve business performance through facts-based 
decision-making” (Longo et al., 2014). 

The BA concept became stronger after Davenport’s 
publication of the paper named “Competing on 
Analytics” in 2006 in the Harvard Business Review 
(Bronzo et al., 2013) and, since then, it has been 
gaining notorious space among management para-
digms (Delen & Demirkan, 2013). That occurs be-
cause companies have been increasing the genera-
tion, storage and sharing of data, and BA proposes, 
among other things, the possibility of data capi-
talization (Bayrak, 2015), for organizations stop 
spending money solving problems to seek to opti-
mize the use of their capital (Davenport, Cohen, & 
Jacobson, 2005).  

However, in order to have an organizational strat-
egy addressed to optimization and with an imple-
mented analytics culture, it is necessary to use the 
available data volume, be capable of analyzing those 
data, understand and make predictions based on 
that analysis and use the information generated as 
a support, or input, to the decision-making, besides 
having professionals who are technically capable of 
understanding the importance of data usage for the 
decision-making (Davenport et al., 2005) and ex-
tracting value from data. If the analytics perspective 
is not present in the company at the strategic level, 
the decision-maker will not know in which data he 
should focus or which goal must be achieved with 

the data analytics (Davenport, Harris, De Long, & 
Jacobson, 2001).

In their research, SAS (2013) and Davenport et al. 
(2005) highlighted, respectively, metrics and steps 
to understand the analytics efficiency level of the 
companies and the necessary characteristics to 
compete analytically. Those metrics and steps pre-
sented in these two studies have several common 
points that, in short, discuss the adoption of tech-
nology, processes, big data, analytics business strat-
egy and the need for having analytics capabilities 
able to operationalize all these tools. 

Analytics capabilities, a characteristic pointed out 
by Davenport et al. (2005) as one of those which 
form the BA construct, and the focus of this sec-
tion, are described as “(…) a portfolio of analytics 
methods and tools. They include tools that support 
traditional ad hoc queries, inferential statistics, 
predictive analytics, simulation, and optimization, 
thus supporting descriptive, diagnostic, predictive 
and prescriptive analytics” (Acito & Khatri, 2014, 
p. 567). Sincorá (2016; 2015) when performing a 
mapping of the scientific productions in BA of the 
last 11 years (2004 to 2015), aiming to define the 
variables that compose the organizational analyt-
ics capabilities, concluded that organizational ana-
lytics capabilities refer to a second order construct 
formed by three first order constructs, which are: 
statistical capabilities, business capabilities, and in-
formation technology capabilities. In this study it 
will be adopted the organizational analytics capa-
bilities concept presented by Sincorá et al. (2018). 

To Sincorá et al. (2018), statistical capabilities are 
the “ability to develop logical, critical and analytical 
reasoning about the organizational reality based on 
quantitative data” (p. 38), and their indicators are 
the elaboration of inquisitive, descriptive, predic-
tive and prescriptive analyses. Business capabilities 
are the ability of making decisions based on data 
and facts, that is, extracting information from the 
available data, so that it helps identifying problems, 
developing and implementing solutions. Their indi-
cators are: “clear communication of business prob-
lems; data translation into business perceptions; 
interpretation of analyses from statistical models; 
and decision-making based on facts and data” (Sin-
corá et al., 2018, p. 38-39).   

Information technology capabilities are described 
as the existence of technical skills enabling the use 
of hardware and software that allow making com-
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putational modeling, having as indicators: “data 
exploration; data hygiene; data integration; and 
creation of big data environments” (Sincorá et al., 
2018, p. 39-40). 

Therefore, the present study focuses on understand-
ing the way in which the existence of analytics capa-
bilities in service companies may impact the exist-
ing gaps in the process of designing and delivering 
the service, described in the model of Parasuraman 
et al. (1985), presented in the previous section. In 
order to do so, the next section discusses the way 
in which the analytics capabilities can relate to the 
5 Gaps Model, where it is presented the theoretical 
propositions, final objective of this paper.

Organizational Analytics Capabilities 
and the 5 Gaps Model

Many researches about BA, BI and Big Data have 
been showing that the adoption of analytics strat-
egies and tools and the development of analytics 
capabilities create positive results in organizations 
(Chae, Yang, Olson, & Sheu, 2014; Thomas H. Dav-
enport, 2006; IBM, 2012, 2017; Lavalle, Lesser, 
Shockley, Hopkins, & Kruschwitz, 2011; SAS, 
2013). LaValle et al. (2011) in their research, to 
which it was interviewed 3,000 corporate executives 
of companies with different sizes and nationalities, 
reported that companies which declared having a 
superior performance over their competitors, have 
used BA in their activities five times more than the 
ones which declared having a lower performance. 

IBM (2012), together with the Saïd Business School 
of Oxford University, conducted a study with 1,144 
information technology companies and profes-
sionals in 95 countries, where it was asked which 
were the main functional objectives to use big data 
in their organizations. As a result, 49% of the in-
terviewees affirmed that the main objective was 
to achieve customer-focused results, which dem-
onstrates the important role of data usage and the 
development of analytics capabilities to understand 
and predict customers’ behavior, therefore, improv-
ing their experience.   

For service companies, that have strategies ad-
dressed to seek customer-focused results, the ne-
cessity of understanding customers’ behavior and 
predicting their choices is essential, because quality 
perception, as seen before, depends on the previous 
expectation of the customers, and understanding 

which are these expectations is crucial to the suc-
cess of these organizations.  

Those information about the customer together 
with the development of statistical, business and 
information technology capabilities, support the 
manager to create a more realistic image of the cus-
tomer’s preferences and demands, causing a sensi-
ble reduction in the gap between the service expect-
ed by the customer and the manager’s perception 
about this customer’s expectation, that is, in the 
Gap 1 of the model of Parasuraman et al. (1985). 
This way, it is introduced the first proposition of 
this study: 

P1: The existence of organizational analytics ca-
pabilities moderates the relationship between the 
manager’s perception about the customer’s expec-
tation and the service expected by the customer 
(Gap 1), diminishing the gap between these two 
constructs.  

The development of analytics capabilities in orga-
nizations may increase service quality, reduce op-
erational costs and increase return on assets (IBM, 
2017), besides supporting the expansion of prod-
ucts and services offer (Bayrak, 2015). Neverthe-
less, many companies have not used this analytics 
approach yet, and keep dealing with manual tools 
and intuitive management, to draw conclusions 
about data and act to improve operations (IBM, 
2017), which turns up to be an under-usage of the 
collected data, missing to extract valuable informa-
tion to the decision-making. Corroborating with 
this perspective, Davenport and Dyché (2013) say 
that “the primary value from big data comes not 
from the data in its raw form, but from the process-
ing and analysis of it and the insights, products, and 
services that emerge from analysis.” 

Therefore, based on these discussions, it is possible 
to affirm that the development of statistical, busi-
ness, and technology capabilities support the cre-
ation of new services, causing the manager to create 
or improve products that have the characteristics 
necessary to meet the customer’s demand, besides 
promoting the essential conditions so that the cus-
tomer has access to these characteristics and he is 
able to notice that his expectations were met, dur-
ing the delivery of the service. That way, there are 
the second and third propositions:

P2: The existence of organizational analytics ca-
pabilities moderates the relationship between the 
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manager’s perception regarding the customer’s ex-
pectation and the development of the specifications 
(design) of the service that will be delivered (Gap 2), 
diminishing the gap between these two constructs.        

P3: The existence of organizational analytics capa-
bilities moderates the relationship between the ser-
vice design and the service delivery (Gap 3), reduc-
ing the gap between these two constructs.

According to what has been discussed along this pa-
per, customer’s quality perception depends on several 
stimuli that build the customer’s expectation and the 
image that he has of the service before consuming it, 
which may be influenced by factors such as person-
al needs, past experiences, word of mouth, market 
communication, image and price, and, consequently, 
it can be shaped by the company that provides the 
service, through efforts directed to marketing and 
external communication (Ghobadian et al., 1994). 

Thus, it is possible to notice that the external com-
munication about the service characteristics, which 
get to the client through marketing actions, are fac-
tors that influence on the creation of expectations 
related to the consumption of service, and, there-
fore, also influence on the perceived service qual-
ity. This way, the characteristics of the service that 
must be advertised are the ones related to the cus-
tomer’s desires and easily noticed by him during the 
production and consumption of the service, so that 
the organization does not communicate character-
istics and benefits that is not able to provide or that 
will not be easily noticed. 

In this context, the creation and observation of indi-
cators to control the service production process qual-
ity helps the manager to understand the strengths 
and weaknesses of his processes and use this infor-
mation to highlight the strengths in the advertise-
ments. That is, the existence of organizational ana-

lytics capabilities supports the creation of a realistic 
advertising, showing what is in fact offered to the 
customer, generating an expectation that can be 
achieved by the service that will be offered.  

Therefore, using statistical, business and technolo-
gy capabilities to create an efficient communication 
and, as a consequence, diminishing the gap between 
the characteristics of the service advertised and the 
characteristics of the service offered is fundamen-
tal, so that the perceived service quality is the best 
possible. So, it is presented the fourth proposition:

P4: The existence of organizational analytics capa-
bilities moderates the relationship between exter-
nal communication with customers and the service 
delivered (Gap 4), reducing the gap between these 
two constructs.

According to Parasuraman et al. (1985), the per-
ceived service quality depends on the size and direc-
tion of Gap 5 (the gap between the service offered 
by the companies and the service perceived by the 
customers), and this one depends on the size and 
direction of the other four Gaps, that may be fa-
vorable or unfavorable. To improve service quality, 
represented in the model as the Gap 5, the manager 
needs to understand the individual effect of each of 
the four remaining gaps (Huang et al., 2016) and 
seek for tools that minimize the negative effect 
these four gaps may cause in the service quality. 
Therefore, it is presented the fifth proposition:   

P5: The existence of organizational analytics ca-
pabilities moderates the relationship between the 
service expected and the service perceived by the 
customer (Gap 5), reducing the gap between these 
two constructs.

This way, the research model and the propositions 
presented in this section are represented in Figure 2.
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Figure 2. Initial structural model and propositions

METHODS

This theoretical essay has a critical, reflexive, and 
positioned approach, since, based on the results 
obtained from a systematic literature review, it was 
possible to draw lines and structures to discuss the 
theme of this text: the moderate effect of analytics 
capabilities on the service quality.

This way, it was carried out a mapping of scientific 
productions on Service Quality and Business Analyt-
ics from the last six years (2013 to 2018) in three re-
search databases in the field of Social Sciences (WEB 
OF SCIENCE; CAPES SCIENTIFIC JOURNALS and 
GOOGLE SCHOLAR). The articles were collected 
based on the use of the keywords “service quality”, 
“service quality dimensions”, business analytics”, 
“business intelligence” and “big data”, searching for 
the referred term in the title, abstract or keywords 
of the articles published in the databases consulted.

FINAL CONSIDERATIONS

The aim of this study was to propose a new analysis 
approach of the 5 Gaps Model of Service Quality sug-
gested by Parasuraman et al. (1985), seeking to eval-
uate a possible relationship between the existence 

of organizational analytics capabilities and a shorter 
distance between the manager’s understanding of 
the customer’s needs, the specifications and delivery 
of the service, the customer’s expectations and his 
perceptions after the consumption experience.  

In order to better enlighten the proposed relation-
ship, five theoretical propositions were created, which 
evidence the way in which analytics capabilities im-
pact the perceived service quality. According to the 
propositions, as the analytics capabilities influence 
the perception of the customer’s demand, service de-
sign, service delivery and in the way in which the ser-
vice is communicated (gaps 1, 2, 3 and 4), it will also 
be impacting on the service quality perceived by the 
customer (gap 5). Therefore, these propositions cor-
roborate with the idea exposed by IBM (2017), when 
it says that the development of an analytics culture 
may increase service quality, reduce operational costs 
and increase return on assets. 

For management purposes this research is relevant 
because markets are quickly introducing new tech-
nologies that enable the improvement of data col-
lection and management, but often do not invest in 
the development of organizational capabilities that 
are capable of turning this data into answers. Thus, 
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this study focused on demonstrating the impor-
tance and the impact of those investments, aiming 
to stimulate them. 

For academic purposes, the contribution occurs by 
opening new possibilities for empirical tests that 
can prove or refute the propositions presented here, 
therefore contributing to the discussions within the 
area of service quality and business analytics. It is 
suggested that future research study whether the 
presence of analytics capabilities is enough to create 
impact on the service quality or the maturity level 
of those capabilities would cause more impact on 
this relationship. The maturity level of the analytics 
tools in an organization has been discussed already, 
such as in the work of Davenport et al., (2005), and 
it is an interesting perspective to deepen the discus-
sion proposed in the present paper.    

Despite the contributions that this study may pro-
pose, limitations were found, such as the necessity 
of testing the propositions empirically. Based on 
empirical tests it will be possible to understand if 
the organizational analytics capabilities impact all 
the stages of the service development and delivery, 
present in the 5 Gaps Model, in a way that the cus-
tomer can notice the improvements, or if the analyt-
ics capabilities allow internal improvements (with 
no less importance, though), with an impact that is 
only noticeable to the internal components of the 
organization. These tests could be performed based 
on quantitative research, aiming to validate the five 
propositions presented, or even qualitative research, 
that seek a deeper reflection on the relationship pro-
posed between the constructs presented here.

In addition, this research aimed to demonstrate 
that the customer-oriented organizational focus, 
whether in the implementation of new processes, 
new technologies or creation of new services, is a 
decisive factor for a better evaluation of the service 
quality by customers. 

NOTE: A preliminary version in Portuguese of this 
article was presented in the XXI Simpósio de Admin-
istração da Produção, Logística e Operações Inter-
nacionais (SIMPOI 2018) held at Fundação Getulio 
Vargas in São Paulo, Brazil.
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