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A existência de Liabilities of Foreignness induz investidores estrangeiros ao Home Bias? 

Evidência do mercado de capitais latino-americano 

 

 

 

Resumo 

 

A literatura de finanças international demonstra a existência de uma lacuna no que tange a 

identificação dos fatores que levam investidores internacionais ao Home Bias (“HB”) 

(Dalhquist, Pinkowitz, Stulz e Williamson, 2003). De acordo com Grinblatt e Keloharju 

(2001), a falta de consenso a este respeito sugere que essa anomalia possa ser parte de um 

fenômeno maior, provavelmente, algo simultaneamente afetado por um diverso conjunto 

de fatores. Sob esta perspectiva, argumentamos que Liabilities of Foreignness (“LoF”), 

um fator multifacetado que conjuntamente compila diferenças em termos Institucionais, 

Informacionais, Culturais e de Familiaridade (Baik, Kang, Kim and Lee, 2013), induz 

investidores internacionais ao HB. Com o propósito de endereçar nossas hipóteses 

compilamos duas bases de dados: (i) no nível companhia-quadrimestre (37.327 

observações de 1076 companhias diferentes), e (ii) no nível fundo-investidor-ano (15.750 

observações  de 758 fundos estrangeiros diferentes), ambas referentes aos seis maiores 

mercados de capitais da América Latina durante o período de 2002 a 2019. Nossos 

resultados evidenciam que os investidores estrangeiros mais afetados por LoF são aqueles 

que menos alocam recursos em investimentos internacionais, proporcionalmente aos seus 

portfolios. Além disto, demonstramos que esse feito de LoF sobre HB é causado por dois 

canais: (i) assimetria informacional e (ii) excesso de confiança. Nossos achados 

encontram-se alinhados e suportam duas das quatro vigentes explicações para a existência 

de Home Bias: a existência de barreiras implícitas e a existência de efeitos 

comportamentais. Destaca-se, que nossos resultados apontam ênfase a primeira destas 

duas explicações.  
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Do Liabilities of Foreignness lead foreign investors to Home Bias? 

Evidence from Latin American stock markets 

 

 

 

Abstract 

 

According to the existing international finance theory, a literature gap remains about what 

drives foreign investors to Home Bias (“HB”) (Dalhquist, Pinkowitz, Stulz and 

Williamson, 2003). Following Grinblatt and Keloharju (2001), the absence of a consensus 

suggest that this anomaly may be part of a larger phenomenon, probably something that is 

simultaneously affected by a series of factors. Over this setting, we argue that Liabilities 

of Foreignness (“LoF”), a multifaceted construct that conjointly compiles differences in 

Institutional, Informational, Cultural and Familiarity dimensions (Baik, Kang, Kim and 

Lee, 2013), may induce foreign investors to HB. To address our hypothesis we compiled 

two data bases: (i) at the security-quarter level (37,327 observations from 1076 different 

companies), and (ii) at the fund-investor-year level (15,750 observations from 758 

different foreign funds), both from the six major LatAm stock markets during the 2002-

2019 period. Our findings demonstrate that non-domestic investors facing harshened 

degrees of LoF more pronouncedly underweight foreign investment opportunities in their 

portfolio. Additionally, our results go further and suggest that LoF affects HB through two 

channels: information asymmetry and overconfidence, with the first exhibiting a more 

prominent effect. Conjointly, we present supportive evidence in favor of the existing 

implicit barriers and behavioral explanations of HB. 
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1. INTRODUCTION 

 

According to the international finance literature, despite enjoying the benefits and 

gains of efficiently diversifying asset across countries, international investors allocate the 

most representative part of their assets in local securities (French and Poterba, 1991). 

This Home Bias phenomenon, which is due to investors tendency to grossly overweight 

(underweight) the proportion they hold of domestic (foreign) assets in their portfolios, 

had been empirically attested worldwide (Chan, Corig and Ng, 2005; Kho, Stulz and 

Warnock., 2009). As a consequence of this global consistent rationality breaking pattern, 

HB was granted the title of one of the most intriguing frictions on the international 

finance literature (Obstfeld and Rogoff, 2001). 

Due to its contrariness to the Modern Portfolio Theory (Markovitz, 1952; Tobin, 

1958; Grubel, 1968), one of the most elementary theories of finance, this fascinating 

baffle became the center of interest of a large body of empirical and theoretical work 

(Wynter, 2018). Thus, innumerous researches have focused on comprehending its causes, 

effects and consequences. Although, in the existing literature, there is still no consensus 

about the mechanism that drives this friction (Dalhquist, Pinkowitz, Stulz and 

Williamson, 2003). 

The existing literature appoints toward four different explanations for this lack of 

international diversification, or sub optimally asset allocation: (i) the existence of explicit 

barriers (Lewis, 1995; Falkstein, 1996; Domowitz, 1997); (ii) the existence of implicit 

barriers (Ahearne, Griever and Warnock, 2004; Bradshaw, Bushee and Miller, 2004; 

Aggarwal, Klapper and Wysocki, 2005); (iii) investors effort to hedge home risk (Adler 

and Dumas, 1983; Lewis, 1996; Fidora, Fratzscher and Thimann, 2007).; and (iv) the 

existence of investors behavioral factors (Anderson, Fedenia, Hirschey and Skiba, 2011; 

Morse and Shive, 2011; Aggarwal, Kearney and Lucey, 2012). Despite the relevance of 

the HB phenomenon and the extensive list of attempts to reveal the drivers of this 

friction, none of these four explanations seemed to account for the full extent of it. (Lutje 

and Menkoff, 2007). According to Grinblatt and Keloharju (2001), the absence of a 

consensus about what drives HB suggest that this anomaly is part of a larger, probably a 

multifaceted phenomenon, simultaneously affected by a series of factors.  

Over this setting, we argue that the use of a broad and complex construct, as the 

Liabilities of Foreignness factor, that compiles differences in country-specific attributes 

as Institutional, Informational, Cultural and Familiarity characteristics, may represent a 
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potential proxy to address this literature gap (Bell, Filatotchev and Rasheed, 2012). 

Different from the existing literature, which had multiple times sparsely accessed the 

explanations of Home Bias, the use of the LoF factor allows us to simultaneously gather 

the effects of the implicit and behavioral explanations that justify foreign investors 

avoidance to international diversification. Thus, to support our argument, we hypothesize 

that the joint effects of the adverse circumstances and disadvantages faced by foreign 

investors, due to the existence of LoF, lead them to refrain from internationally 

diversifying to developing economies. Hence, LoF would induce international investors 

to underweight emerging market investment opportunities in their portfolios, prompting 

Home Bias (“HB”). Additionally, we suppose that this relation may be driven by two 

channels: (i) due to the existence of information asymmetry (implicit barriers 

explanation) and (ii) due to investors overconfidence (behavioral explanation).   

This research is of major interest for emerging market economies where the negative 

effects and costs that result from Home Bias are harshened (Levy, 2017) and where there 

is a major literature gap regarding this friction, as the largest body of literature that had 

analyzed Home Bias had focused on large capital markets, what make their results not 

properly extended to smaller economies (Levy and Levy, 2014). Additionally, this paper 

present other minor contributions as: (i) evidencing that the whole class of foreign 

investors do not allocate capital in same sort of companies, as their preferences differ 

according to their degree of LoF and (ii) present evidence that can support the 

development of strategies to attract foreign portfolio investment to emerging market 

economies. 

To empirically address whether or not LoF affect investors’ Home Bias, we followed 

a research strategy similar to Chan et. al. (2005) and Baik et. al. (2013), performing tests 

for the determinants of stock holding ownership and the Home Bias index. Our two major 

empirical data bases compiled company characteristics and fund ownership information 

for all the available listed domestic stocks in the six largest Latin American stock markets 

(Argentina, Brazil, Chile, Colombia, Mexico and Peru), from January 2002 to March 

2019. Additionally, to further support that our results were not restricted to fund 

investors, we performed robustness test over an institutional investors’ portfolio data 

base.  

LatAm presents an adequate scenario for accessing the effects of LoF over HB as its 

countries exhibit characteristics that potentially aggravate the sources of LoF. Explicitly, 

countries situated in this region are: (i) majorly French originated civil law countries, 
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suggesting poor shareholder protection rights, weak enforcement rights and concentrated 

ownership (La Porta, Lopez-de-Silanez, Shelifer and Vishny, 1997, 1998); (ii) expected 

to exhibit higher levels of earnings management and informational asymmetry due to 

legal framework and differences in accounting and reporting systems (Leuz, Nanda and 

Wysocki, 2003; Bae, Tan and Welker, 2008); and (iii) expected to differ in terms of 

religion, cultural background, history of conflicts and language from the countries with 

the largest pools of available assets (Guiso, Sapienza and Zingales, 2009; Aggarwal et. 

al., 2012).   

The remainder of this paper is organized as follows. The next section reviews the 

existing literature and present our proposed hypotheses. This section is followed by a 

detailed description of our data sample and empirical research methods. Subsequently, 

the empirical findings are presented and discussed, followed by the final remarks, where 

limitations of this research are bestowed and future researches suggested. 

 

2. MAIN HYPOTHESES 

 

2.1. Liabilities of Foreignness lead non-domestic investors to Home Bias 

 

According to the international finance literature, the absence of a consensus about what 

drives Home Bias suggest that this anomaly may be part of a larger phenomenon (Grinblatt 

and Keloharju, 2001), probably something multifaceted that is simultaneously affected by a 

series of factors. Bell, Filatotchev and Rasheed (2012) corroborates with this ascertainment 

and argue that despite Home Bias being a complex phenomenon, few studies have provided a 

broad and comprehensive analysis of this friction. Thus, one plausible explanation for the 

existing literature gap about what drives Home Bias is that the available researches had 

multiple times tried to access small parts of this large phenomenon through the use of proxies 

that gauged different, but not mutually exclusive, aspects of this friction.  

Hence, over this paper, we propose the opposite approach and try to jointly access the 

effect of a series of factors, through the use a complex and multifaceted construct, to explain 

Home Bias. Doing so, we extend the initial theoretical level discussion presented by Bell et. 

al. (2012) and empirically address whether the existence of Liabilities of Foreigners lead non-

domestic investors to Home Bias. 

The Liabilities of Foreignness literature, which was initially studied by the international 

business academics, states that economic agents face disadvantages when doing business 



11 

 

abroad (Kindelber, 1969; Hymer, 1976; O’Grady and Lane, 1996). As proposed by many 

authors, these adverse circumstances mainly result from differences in legal, cultural, 

geographical and economic characteristics that jointly create “barriers” for foreigners that try 

to operate in other jurisdictions (Mezias, 2002; Eden and Miller, 2004; Dermibag, Tatoglu 

and Glaister, 2010).  

 Bell et. al. (2012) introduced the discussion of LOF to international finance, presenting 

suggestive theoretical evidence that foreign investors face disadvantages when operating in 

foreign stock markets. According to these authors, non-domestic investors face additional 

costs to collect and process value-relevant information about companies listed in foreign 

jurisdictions. As further corroborated by other authors, these adverse circumstances mainly 

result from differences in: (i) Institutional, (ii) Informational, (iii) Cultural and (iv) Familiarity 

dimensions (Gu, Filatotchev, Bell and Rasheed, 2017; Liu, Jiang and Saythe, 2017; Tupper, 

Guldiken and Benischke, 2018). 

Consummating Bell et. al. (2012), Baik et. al. (2013) were the first to empirically study 

the effects of Liabilities of Foreignness over capital markets. To do so, these authors created a 

LoF factor that allowed them to segregate foreign investors in Low and High LoF groups, 

according to the degree of disadvantages they were expected to face in the host stock market. 

Their findings evidenced that High LoF investors face poorer stock picking ability and return 

forecasting power in foreign stock markets, what ultimately lead them to underperform in 

comparison to their domestic counterparts. Thus, these authors demonstrated that LoF affect 

non-local investors performance in foreign stock markets. 

Following Baik. et. al. (2013) paths, we take this opportunity to go one step further and 

argue that the differences in terms of Institutional, Informational, Cultural and Familiarity 

dimensions, gathered by the LoF factor, are not only responsible for leading investors to 

underperformance, but also for making investors avoiding diversifying internationally, 

ultimately inducing Home Bias.  

As constructed by Baik et. al. (2013), the LoF factor compiles eight subdimensions1: (i) 

GAAP Differences and Investors’ Protection as subdimensions of Institutional Distance; (ii) 

Disclosure Quality and Earning Quality as components of Informational Costs; (iii) Cultural 

Distance and Language as measures of Cultural Differences and (iv) Export and Distance as 

measures of Familiarity. In line with the existing literature about HB, these eight 

subdimensions of LoF are closely associated with the drivers that appoints toward the 

 
1 Two for each of the previously presented dimensions: Institutional Distance, Informational Costs, Cultural Differences and Familiarity. 

Additional details about each of these subdimensions are presented the Table A.1 in the Appendix. 
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existence of the implicit barriers and behavioral factors leading foreign investors to avoid 

international diversification.  

  Over this setting, we take advantage from the eight subdimensions of the LoF factor 

constructed by Baik et. al. (2013) to present supportive evidence in favor of two of the 

existing expalanation of Home Bias: implicit barriers and the behavioral factors. While LoF’s 

subdimensions: GAAP Differences, Investor’s Protection, Disclosure Quality, Earnings 

Quality and Distance are strictly associated with investors informational content; Cultural 

Distance, Language and Exports proxy for the effects of the investor’s behavioral explanation. 

Thus, we expect that the joint effect of these eight subdimensions not only affect investors 

performance, but that they also induce foreign investors to Home Bias. This argument is 

strengthened by Ardalan (2017) ascertainment that HB should be explained by a combination 

of rational and behavioral factors, what had been somehow ignored by the largest part of the 

existing literature that had analyzed the effects of this dichotomic dimensions separately. 

Just in the sake of a better comprehension of the relation between the subdimensions of 

LoF and the implicit barriers and the behavioral explanations of HB, we present the following 

examples:  

(i) GAAP Differences2, one of the eight subdimension of LoF, access the differences 

between the host country local GAAP and IFRS in 21 different aspects. Thus, this variable 

indicates how close to the international standard is a local accounting system and how capable 

will foreign investors be to properly comprehend financial information published following 

that settings.  

(ii) Disclosure Quality3 and Earning Quality4, two other subdimensions of LoF, present 

measures of transparency and accountability which proxy for host country and firms’ 

attendance to: disclosure rules and financial report quality. Hence, these two LoF 

subdimensions majorly access investors capability of gathering and processing information 

due to the financial information which is made available to them.  

(iii) Cultural Distance5 and Language, on the other way, are LoF subdimensions which 

account for trust, confidence, safeness, comfort and a sense of common shares values and 

beliefs that allow investors do develop an environment of well-being and make them more 

prone to set business and invest in other jurisdictions.  

 
2 Proposed by Bae et. al. (2008). 
3 Gathered from  La Porta et. al. (1998). 
4 Gathered from Leuz. et. al. (2003). 
5 Accessed through the six cultural dimensions proposed by Hofestede (2001) 
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(iv) Exports, by the way, is a LoF subdimension which acts like a familiarity variable and 

proxies for proximity, confidence and recognition. This variable proxies for how known 

abroad is the host country and, as one should expect, countries that export more are expected 

to have more foreign business partners, hence, to be more recognized. 

Thus, jointly, the first three LoF subdimensions briefly described6, access, from different 

points of view, the degree to which investors may face additional barriers or disadvantages 

that may prompt informational asymmetries, what would be aligned with the implicit barriers 

explanation and could lead foreign investors to Home Bias. In different circumstances, but 

also in the sense of appointing toward an unique HB explanation, the last three LoF 

subdimensions depicted rely not over a rational human perspective approach, but from a 

rationality ground breaking pattern, they access different aspects that may make investors 

more or less prone to celebrate business abroad. Hence, these LoF subdimensions seem to be 

strictly associated with the behavioral explanation of Home Bias.       

If, on one hand, the LoF dimensions: Institutional Distance and the Informational Costs, 

seem to proxy for the existence of informational asymmetries, what would be aligned with the 

existence of the implicit barriers explanation and with the arguments presented by La Porta et. 

al., (1997, 1998), Bradshaw et. al. (2004), Aggarwal et. al. (2005) and Choe, Kho and Stulz 

(2005). On the other hand, the components of the LoF dimensions: Cultural Differences and 

Familiarity, seem to majorly proxy for the existence of an investors’ behavioral factor, which 

suggests that HB is leaded not by a rational and accurate informational process, but rather by 

investors level of proximity, safeness, confidence and trust, as previously suggested by Guiso 

et al. (2009), Anderson et. al. (2011) and Aggarwal et. al., (2012). 

Taken together, these arguments seem to theoretically support the hypothesis that 

Liabilities of Foreignness may lead non-domestic investors to Home Bias. Thus, over this 

setting, we formally present our first hypothesis7: 

 

Hypothesis 1: Liabilities of Foreignness lead non-domestic investors to Home Bias    

 

 
6 GAAP Differences, Disclosure Quality and Earning Quality 
7 We herein highlight one specific contribution that we present to the existing literature and which was only accessible due to the specific 

attributes of the LoF composite factor. While the largest amount of the existing Home Bias literature had focused on comprehending the 
effects of the invested country characteristics over investors disposability to allocate capital in other jurisdictions, they had simultaneously 

ignored that this friction is not a one hand way direction relation that relies exclusively over the characteristics of the invested country stock 

market. Rather and far away from that, Home Bias shall be expected to prompt from a two-way-hand road interaction that results from the 
jointly relation between invested and investor country characteristics. As we applied the LoF factor developed by Baik et. al. (2013), our 

tests account for this simultaneous two-way-hand relation as, previous to many of our tests, observations were split according to the pair 

invested-investor country relation according to their degree of LoF. Hence, our determinants stock holding ownership tests and Home Bias 
tests simultaneously accounted for investors and invested country characteristics.   
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If Liabilities of Foreignness indeed lead non-domestic investors to Home Bias, then, we 

should expect this causal relation to be driven by the existence of two channels: (i) an 

information asymmetry channel, aligned with the implicit barriers explanation of HB; and (ii) 

an overconfidence channel, aligned with the behavioral explanation of HB. Thus, to further 

address the existence of these channels, we performed additional tests for each of these 

drivers. 

 

2.2. The information asymmetry channel – Implicit barriers explanation 

 

 According to the implicit barriers’ explanation of Home Bias, international investors 

avoid allocating assets in foreign jurisdictions due to the existence of a group of factors that 

may cause information asymmetry (Coval and Moskowitz, 1999; Aggarwal et. al., 2005). 

These factors that may create informational disadvantages for foreign investors mainly result 

from: Home advantages, geographical distance, legal framework, corporate governance and 

differences accounting standards (Kang and Stulz, 1997; La Porta, Lopez-de-Silanez and 

Shleifer, 1999; Ivkovic and Weisbenner, 2005; Baik, Kang and Kim, 2010 ; Hamberg, 

Mavruk and Sjogren, 2013; Ferreira, Matos, Pereira and Pires, 2017). Both, segregate and 

jointly, these factors may aggravate the cost8 to access and process information about 

investment opportunities in other jurisdictions.   

Following this HB explanation, domestic investors would be able to exploit informational 

advantages over their non-domestic counterparts, what would put foreigners in disadvantage 

when operating in countries other than their home jurisdictions. This supposition was attested 

by Ferreira et. al. (2017), who evidenced the existence of a smart-money effect presented by 

the local institutions in countries with: higher degrees of information asymmetry, less 

efficient stock markets, poorer investor protection rights, higher levels of corruption and non-

English speaking countries.  

Additionally, as further corroborated by Baik et. al. (2013),  the informational 

disadvantage exhibited by foreigners (Shukla and Inwegen, 1995) did not emerge merely from 

the fact of being or not a foreigner, instead, it emerge from the degree of Liabilities of 

Foreignness faced by foreign investors, as differences in terms of Institutional, Informational, 

Cultural, and Familiarity dimensions would induce additional costs for investors to gather and 

 
8 At this point we highlight that this cost reference does not limit itself to financial terms as expenses, but also can also include other sources 

of cost as any kind of resource required to do gather and process information as: time, team and intellectual resources. 
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process information about stocks traded in other jurisdictions. As empirically attested by these 

authors, due to differences in the capacity of accessing and processing information, Liabilities 

of Foreignness lead foreign investors to underperform in the U.S. stock market.  

Thus, (i) if Liabilities of Foreignness affect investors capacity to gather and process 

information, potentially imposing additional informational disadvantages; (ii) if investors who 

face harshened degrees of information asymmetry are more prone to Home Bias; and (iii) if 

we expect LoF to induce foreign investors to Home Bias, then, we should expect one of the 

channels by which this relation is established to be through information asymmetry. Hence, to 

test if LoF indeed affect Home Bias and this relation is driven by the degree of information 

asymmetry faced by investors, we follow the existing international literature and 

mediate/moderate the effects of LoF over HB with the use of one attenuating information 

asymmetry measure: Analysts’ recommendations. 

According to Easley and O’hara (2004), financial analysts act as third-party agent who 

specialize in gauging and providing information about some specific assets, helping to 

uncover and disseminate information to market participants. This argument is corroborated by 

Lang, Lins and Miller (2003a, 2003b) who demonstrate that analysts play an important role as 

intermediary agents between firms and the market, gathering and processing information and 

facilitating asset managers access to it. Thus, the number of analysts following, covering 

and/or recommending an asset is commonly taken as a proxy for the level of information 

available to investors (Baker, Nofsinger and Weaver, 2002). 

Thus, to properly address if information asymmetry is one of the channels by which LoF 

affects Home Bias and to present supportive evidence in favor of the implicit barrier’s 

explanation, we tested the following hypothesis:         

 

Hypothesis 2: Information asymmetry attenuating measures (Analysts recommendations) 

alleviate the effect of LoF over Home Bias    

 

2.3. The overconfidence channel – Behavioral explanation 

 

Differently from the previous presented explanation of Home Bias, which strictly rely over 

the Modern Finance Theory assumptions that investors are completely rational, with full brain 

power to gather and process all available information, the behavioral explanation relies over 

the assumption that investors act based on behavioral biases. According to Ardalan (2017), 

these rational diversions somehow resemble like a shortcut that facilitates and optimize 
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investors decision-making process. According to this strand of literature, there are three main 

behavioral biases that may lead investors to keep the greatest part of their assets in domestic 

securities: Familiarity, Culture and Optimism (Dahlquist and Robertsson, 2001; Wynter, 

2018).  Segregate and jointly, the effect of these factors act creating an “environment” of 

proximity, confidence, safeness, comfort and expectations of over performance, which 

ultimately leads foreigners to underweight international investment opportunities in their 

portfolios. (Anderson et. al., 2011; Morse and Shive, 2011, Aggarwal et. al., 2012).  

As  evidenced by Lutje and Menkhoff (2007), foreign investors avoid allocating assets in 

other jurisdiction due to an expectation of over performance in their local jurisdictions, as 

they feel they can beat others non-domestic investors in their local markets. Although, 

different them what investors expect, this supposed expected overperformance, which should 

result from an eventual informational advantage, sounds more perceived than effective (Lutje 

and Menkhoff, 2007). According to these authors, this excess of expectation is associated 

with investors overconfidence as, in fact, investors do not possess superior information and 

are not able to overperform other non-local investors.   

According to Grinblatt and Keloharju (2009) overconfidence is the tendency to place an 

irrationally excessive degree of confidence in one’s abilities and beliefs. As described by 

Menkhoff, Schmeling and Schmidt (2013), innumerous studies have focused on analyzing the 

impact of overconfidence on investment decision, with some of them devoted to 

comprehending the relation between overconfidence, investor’s experience and age. However, 

there is still no consensus in the existing literature regarding the relation between these 

variables, as some studies appoint toward a positive relation between them, with more 

experienced and older managers exhibiting higher degrees of overconfidence (Heath and 

Tversky, 1991; Hansson, Ronnlund, Juslin and Nilsson, 2008), while others demonstrate that 

less experienced and younger investors are more overconfident (Pliske and Mutter, 1996; 

Gervais and Odean, 2001).    

Over this paper, we expect experience and age to be positively associated with Home Bias, 

what is aligned with Menkhoff et. al. (2013) and Hansson et. al. (2008), respectively. Thus, 

we expect more experienced and older asset managers to be more overconfident and to avoid 

allocating assets in other jurisdictions due to their excessive confidence in their abilities and 

capabilities of over performing in the home country stock markets (Lutje and Menkhoff, 

2007). Additionally, we expect this behavioral channel to be one of drivers of the relation 

between LoF and Home Bias, as liabilities of foreignness are expected to lead non-domestic 
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investors to underperform in foreign stock markets (Baik et. al., 2013), what should catalyze 

their already existing expectation of over performance in their local jurisdictions. 

Thus, to properly address if overconfidence is one of the channels by which LoF affects 

Home Bias and to present supportive evidence in favor of the behavioral explanation, we 

tested the following hypothesis:         

 

Hypothesis 3: Overconfidence aggravating measures (Experience and age) catalyze the 

effects of LoF over Home Bias    

 

We highlight that we used two different proxies to access overconfidence, experience 

(asset manager number of years working in the investment industry) and age (asset manager 

number of years since was born), as mean to deal with the still existing absence of consensus 

about the relation between overconfidence and these variables. With the use of these two 

proxies we could ensure that our results hold irrespectively of the proxy and somehow 

alleviate the fact of the still unclear association exhibited in existing literature.      

Lastly, with the aim of summarizing this paper purpose and simply demonstrating this 

research contribution in a few words, we present FIGURE 1. This figure present, in its center, 

the supposed channel by which LoF affect Home Bias and the respective 

moderating/mediating effects expected to be observed due to the existence of: (i) information 

asymmetry and (ii) overconfidence. On its left side (readers perspective), it demonstrates the 

four dimensions of the LoF Factor (Bell et. al., 2012) and its respective eight subdimension 

(Baik et. al., 2013).  On the other hand, on the right side (readers perspective), it exhibits the 

four existing explanations of Home Bias. Additionally, on the top and bottom of the figure, 

we present the proposed associations between the LoF subdimensions and the Home Bias 

explanations that support our arguments. 
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Figure 1 - Research contribution 

 

Prepared by the authors 

 

3. DATA SAMPLE AND EMPIRICAL RESEARCH STRATEGY 

 

3.1. Data sample 

 

Our initial sample comprises stock characteristics and funds ownership information for all 

listed domestic companies9 from the six major Latin American stock markets (Argentina, 

Brazil, Chile, Colombia, Peru and Mexico) available at Eikon Thompson Reuter and 

Bloomberg terminals. Totaling, it compiles 37.327 security-quarter observations organized as 

a panel which ranges from 2002Q1 to 2019Q1. To further evidence its representativeness, 

conjointly, the quarterly sum of the market cap of all securities and companies included in our 

sample account for an average 71.66% of the total market capitalization of the region. 

   We limited our initial ownership data structure to investments held by domestic and 

foreign funds. This fund-level agent delimitation was primarily taken as an effort to assure the 

properly classification of investors and asset managers as locals and foreigners. This 

 
9 To properly access the effects and LoF over Home Bias in LatAm, we restricted our sample to securities traded in the local stock markets 

and companies incorporated and headquartered in LatAm. This specific data design is required as means to assure that the securities’ main 

center of economic interest and information is the local stock market, avoiding potential distortions over the effects of LoF and Home Bias. 
Hence, following Baik et. al. (2013), our sample was restricted to securities issued by domestic listed public companies which were active 

during the period over analysis. We highlight that this intended and purposed reaching designed limitation automatically excludes from our 

sample: (i) depositary receipts issued by local companies in other jurisdictions; (ii) local depositary receipts issued by foreign companies; and 
(iii) local shares issued by foreign companies.  
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procedure is of major relevance in terms of furtherly addressing LoF effects, as this variable is 

a country-level attribute and any distortion in its classification could distort our results. Using 

a fund-investor-level agent analysis allows us to ensure the fund’s incorporation country and 

respectively infer its headquarters’ and manager country, as all funds are normally required to 

have a local registered manager10.  

Notwithstanding the relevance of the results obtained through the use of the fund-level 

ownership data base and the existing literature appointing that institutional investors and 

funds follow similar national and international trading strategies and behaviors (Gompers and 

Metrick 2001; Dalhquist and Robertsson, 2003; He, Ng, Wang, 2004; Chan et. al. 2005; Chan 

et. al. 2009; Baik et. al. 2013), in the sake of attesting that our results were not fund exclusive, 

we performed robustness test over a secondary data base extracted from the International 

Monetary Fund. This sample compiled portfolio holding information for all sorts of 

institutional investors11 from 2002 to 2018 and allowed us to generalize our results to this 

whole class of investors.  

 

3.2. Empirical research design 

 

3.2.1. The Liabilities of Foreignness factor 

 

To properly determine the degree of Liabilities of Foreignness faced by investors, we 

followed Baik et. al. (2013) and performed a principal component analysis that summarize the 

joint variance shared by the eight sub-dimension sources of LoF12. This procedure allowed the 

shared variance of the eight subdimension to be reduced to only one variable which was 

 
10 Additionally, through the restriction of our ownership data to fund investors we can properly access the effect of a single class of 

institutional investors whose purpose is to professionally manage assets in the best interest of their clients (Chan et. al. 2005). 
Notwithstanding, keeping the analysis at the fund level, we would limit the scope of our data setting to pools of experienced investors who 

have large amount of resources to spend accessing and processing information, what would appoint toward selecting specifically the 

counterfactual data sample among all sorts of investors. As one should expect, more experienced asset manager with largely access to 
information should less affected by LoF effects and Home Bias. As presented Brown, Goetzmann and Ibbotson (1999), Brunnermeir and 

Nagel (2004), and Baik. et. al. (2013), these economic agents were expected to enjoy greater stock picking and return forecasting ability, 

what could ultimately lead them to beat others in the market. 
11 To address eventual questions regarding the generalization of our tests and results, we performed robustness tests, analogous to the ones 

performed over the fund exclusive sample, over an institutional investor’s portfolio allocation database. This database was extracted from the 

International Monetary Fund Coordinated Portfolio Investment Survey (CPIS). The institutional investor’s data from CPIS had been 

previously extensively used, as, for example in Kho et. al. (2009), Mishra (2015), Levy (2017) and Wynter (2018).  
12 A detailed description of each of the variables that represent the eight subdimensions is presented in Table A.1 in the Appendix. Following 

Baik et. al. (2013), these variables are country-level attributes and, hence, the Composite LoF Factor which result from the principal 

component analysis is also a country-level variable that allows the classification of investors as Low or High LoF, according to the degree of 
LoF faced by them. The Composite LoF Factor that results from the principal component analysis is a time-invariant country-level specific 

attribute. This classification is a mere result from the classification of the variables that compile this factor as they were majorly developed 

by prevailing authors (La Porta et. al. 1998; Kogut and Singh (1998); Hofestede 2001; Leuz, et. al., 2003; Bae, et. al., 2008) in different 
periods of time, each of them summarizing one single subdimension of the LoF Factor. 
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called the LoF Factor and whose use could attenuate eventual multicollinearity effects in the 

multivariate linear regressions13.  

We performed six different principal component analysis, one for each LatAm invested 

country. This procedure was required in terms of maintaining the original correlation structure 

between each pair investor-invested country, and to properly segregate fund investors 

according to the degrees of LoF they would be expected to face in each LatAm country14. 

Tables A.3 and A.4 exhibited in the Appendix present additional details about the LoF 

subdimension measures and the respective classification of investors into the groups expected 

to face attenuated (Low) and harshened (High) degrees of LoF.  

 

3.2.2. Indirect HB Test – Does LoF affect the determinants of stock holding ownership?  

 

We initiate our multivariate data tests with an indirect test of Home Bias, the determinants 

of stock holding ownership test, which is commonly used over the international finance 

literature15. This test’s purpose is to identify characteristics of companies which are preferred 

by foreign investors. Thus, this test allows researchers to infer that the existence or absence of 

a specific sort of firm attributes may lead investors to allocate a greater (smaller) part of their 

portfolio in that foreign asset, attenuating (increasing) Home-Bias. 

To do so, we followed Falkstein’s (1996) determinants of stock holding ownership 

regression model, in which the ownership variable, below presented, is regressed over firm 

and securities characteristics variables. We extended the existing literature by adding the LoF 

dummy variable to this regression and its respective interaction terms with the firm/security 

characteristics. Adding these terms, we could access whether the degree of LoF affect the way 

 
13 Table A.2 exhibited in the Appendix present the correlation matrix between the eight subdimensions of LoF and the Composite LoF 

Factor. 
14 To segregate countries as Low or High LoF in relation to the investor country, we used the median value of the Composite LoF Factor, as 

this would keep half of the investor’s countries as Low LoF investors and half as High LoF. As our sample compiled an even number of 
countries (19), we opted to keep the Low LoF group of countries with one additional country, as the High LoF countries, on average, are the 

largest investors in each of the invested countries. Keeping an additional country over the Low LoF group would, somehow, attenuate the 

difference in the amount of resources allocated by High and Low LoF countries in LatAm countries. 
Lastly, two additional remarks are worth mentioning: 

(i) The selection of 19 countries to be included as investors countries was not a random choice. This number was the consequence of the 

availability of data, mainly in terms of the variables required to access the Composite LoF Factor. In the sake of attesting its 
representativeness, we argument that over these 19 countries are surely contained the top 5 largest investors (in terms of investments 

allocated through fund vehicles), of each of the six included LatAm invested countries. Additionally, together, the total amount allocated by 

these 19 countries over LatAm may account for 85-95% of the total investment realized in LatAm, through funds, by non LatAm countries, 
from 2002-2018. 

(ii) The variable GAAP differences, which compiles the first dimension of LoF (Institutional differences), is not made available in the 

existing literature (Bae et. al., 2008) to Colombia. Hence, to avoid excluding this relevant LatAm country from our analysis, we proxied its 
values as if Colombia could represent the mean point in the GAAP differences variable of each of the others five LatAm investment 

countries in relation to each of the 19 investor’s countries. 
15 Falkstein (1996), Kang and Stulz (1997), Dahlquist and Robertsson (2001), Aggarwal et. al. (2005), Covrig, Lau and Ng (2006), Ferreira 

and Matos. (2008), Piccioni, Sheng and Lora. (2012), Korkeamaki, Virk, Wang and Wang (2018). 
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foreign investors allocate capital in Latin America, exhibiting preferences for stocks with a 

specific set of attributes. 

 

𝑂𝑤𝑛𝑒𝑟𝑠ℎ𝑖𝑝𝑠,𝑡 =  
∑ 𝑆ℎ𝑎𝑟𝑒𝑠 ℎ𝑒𝑙𝑑𝑓,𝑠,𝑡

𝐹
𝑓=1

𝑇𝑜𝑡𝑎𝑙 𝑠ℎ𝑎𝑟𝑒𝑠 𝑜𝑢𝑡𝑠𝑡𝑎𝑛𝑑𝑖𝑛𝑔𝑠,𝑡

 

 

       𝑂𝑤𝑛𝑒𝑟𝑠ℎ𝑖𝑝𝑠,𝑡    =  𝑃𝑒𝑟𝑐𝑒𝑛𝑡𝑢𝑎𝑙 𝑜𝑓 𝑠ℎ𝑎𝑟𝑒𝑠 𝑜𝑢𝑡𝑠𝑡𝑎𝑛𝑑𝑖𝑛𝑔 𝑜𝑓 𝑎 𝑠𝑒𝑐𝑢𝑟𝑖𝑡𝑦 “𝑠” ℎ𝑒𝑙𝑑 𝑏𝑦 𝑓𝑢𝑛𝑑𝑠 𝑎𝑡 𝑞𝑢𝑎𝑟𝑡𝑒𝑟 “𝑡”  

    𝑆ℎ𝑎𝑟𝑒𝑠 ℎ𝑒𝑙𝑑𝑓,𝑠,𝑡 =  𝐴𝑚𝑚𝑜𝑢𝑛𝑡 𝑜𝑓 𝑠ℎ𝑎𝑟𝑒𝑠 ℎ𝑒𝑙𝑑 𝑜𝑓 𝑎 𝑠𝑒𝑐𝑢𝑟𝑖𝑡𝑦 s" by a fund "𝑓"  at quarter "𝑡" 

𝑇𝑜𝑡𝑎𝑙 𝑠ℎ𝑎𝑟𝑒𝑠 𝑜𝑢𝑡𝑠𝑡𝑎𝑛𝑑𝑖𝑛𝑔𝑠,𝑡 =  𝑇𝑜𝑡𝑎𝑙 𝑛𝑢𝑚𝑏𝑒𝑟 𝑜𝑓 𝑠ℎ𝑎𝑟𝑒𝑠 𝑜𝑢𝑡𝑠𝑡𝑎𝑑𝑖𝑛𝑔 𝑜𝑓 𝑠𝑒𝑐𝑢𝑟𝑖𝑡𝑦 "s" 𝑎𝑡 𝑞𝑢𝑎𝑟𝑡𝑒𝑟 "𝑡" 

 

𝑂𝑤𝑛𝑒𝑟𝑠ℎ𝑖𝑝𝑠,𝑡 =  𝛽1 + 𝛽2 𝐷𝑢𝑚𝑚𝑦𝑓,𝑠,𝑡 + ∑ 𝛽𝑖  𝐶ℎ𝑎𝑟𝑎𝑐𝑡𝑒𝑟𝑖𝑠𝑡𝑖𝑐𝑠𝑖,𝑠,𝑡 + ∑ 𝛽𝑖  𝐷𝑢𝑚𝑚𝑦 × 𝐶ℎ𝑎𝑟𝑎𝑐𝑡𝑒𝑟𝑖𝑠𝑡𝑖𝑐𝑠𝑖,𝑠,𝑡 + 𝑒 

𝐼

𝑖=2

 

𝐼

𝑖=2

 

 

       𝐶ℎ𝑎𝑟𝑎𝑐𝑡𝑒𝑟𝑖𝑠𝑡𝑖𝑐𝑠𝑖,𝑠,𝑡   =  𝐶ℎ𝑎𝑟𝑎𝑐𝑡𝑒𝑟𝑖𝑠𝑡𝑖𝑐 “𝑖” 𝑜𝑓 𝑎 𝑠𝑒𝑐𝑢𝑟𝑖𝑡𝑦 “𝑠 𝑎𝑡 𝑡ℎ𝑒 𝑞𝑢𝑎𝑟𝑡𝑒𝑟 “𝑡” 

       𝐷𝑢𝑚𝑚𝑦𝑠,𝑡   =  𝐴 𝑑𝑢𝑚𝑚𝑦 𝑣𝑎𝑟𝑖𝑎𝑏𝑙𝑒 𝑤ℎ𝑖𝑐ℎ 𝑚𝑎𝑦 𝑟𝑒𝑝𝑟𝑒𝑠𝑒𝑛𝑡 𝑒𝑖𝑡ℎ𝑒𝑟 𝐹𝑜𝑟𝑒𝑖𝑔𝑛 𝑖𝑛𝑣𝑒𝑠𝑡𝑜𝑟𝑠 𝑜𝑟 𝑖𝑛𝑣𝑒𝑠𝑡𝑜𝑟𝑠 𝑓𝑟𝑜𝑚 𝑡ℎ𝑒 𝐻𝑖𝑔ℎ 𝐿𝑜𝑓 𝑔𝑟𝑜𝑢𝑝  

   

To preliminarily access our Hypothesis 2, we interacted the LoF dummy with the 

attenuating informational asymmetry variables Analysts’ recommendations as this variable is 

commonly taken as a proxy for the level of information available to investors (Baker et. al, . 

2002; Lang et. al., 2003a. Additionally, Lang et. al. (2003b) demonstrate that analysts, on 

average, avoid following firms with incentives to withhold information, such as: companies 

with large controlling blocks and companies managed which the management group is the 

largest shareholder. According to these authors, analysts, are less likely to follow firms with 

poor corporate governance and that their recommendations are associated with higher firm 

valuations, particularly in the sub-set of firms expected to face governance problems. As 

governance problems are expected to be harshened in LatAm stock markets, as previously 

described by La Porta et. al. (1997, 1998) Leuz, et. al. (2003) and Bae et. al.  (2008), we used 

Analysts’ recommendations as our proxy of an alleviating information asymmetry measure.   

 

3.2.3. Direct HB Test – Does LoF affect Home bias?  

 

To properly address our Hypothesis 1, 2 and 3 we move one step forward and performed 

an empirical econometric model similar to the ones previously applied in the international 

finance literature to directly access the drivers of Home Bias16. Although the determinants of 

stock holding ownership model may present preliminary evidence of the effects of LoF over 

 
16 Dahlquist, Pinkowitz, Stulz and Williamson (2003), Ahearne et. al., (2004); Chan et. al. (2005) and Kho et. al., (2009) 
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Home Bias, it does not take into account one important variable for accessing the investor 

level of Home Bias, the total amount of assets held by an investor.  

Thus, to properly access whether LoF affect Home Bias, we follow Chan et. al. (2005)17 

and construct the Home Bias variables which take into account the total amount of assets held 

by each investor. As below presented, this variable are direct proxies of Home Bias as they 

rely over the comparisons between the weight that each fund allocate assets in a LatAm 

country and the weight that this respective country have in the Global Market Portfolio18.  

Hence, different from the previous model, which relies over a security level data analysis, 

herein we rely over an investor data level of analysis. 

 

𝐻𝑜𝑚𝑒 𝐵𝑖𝑎𝑠 𝑓,𝑐,𝑡 = ln ((
𝑊𝑒𝑖𝑔ℎ𝑡𝑐,𝑓,𝑡

𝑊𝑒𝑖𝑔ℎ𝑡𝑐,𝑔,𝑡

)) × (−1) 

 

 

𝐻𝑜𝑚𝑒 𝑏𝑖𝑎𝑠𝑓,𝑐,𝑡 =  𝐻𝑜𝑚𝑒 𝑏𝑖𝑎𝑠 𝑜𝑓 𝑡ℎ𝑒 𝑓𝑢𝑛𝑑 "𝑓" 𝑖𝑛 𝑟𝑒𝑙𝑎𝑡𝑖𝑜𝑛 𝑡𝑜 𝑐𝑜𝑢𝑛𝑡𝑟𝑦 "c" 𝑎𝑡 𝑡ℎ𝑒 𝑙𝑎𝑠𝑡 𝑞𝑢𝑎𝑟𝑡𝑒𝑟 𝑜𝑓 𝑦𝑒𝑎𝑟 "𝑡" 

𝑊𝑒𝑖𝑔ℎ𝑡𝑐,𝑓,𝑡    =  𝑊𝑒𝑖𝑔ℎ𝑡 𝑜𝑓 𝑡ℎ𝑒 𝑐𝑜𝑢𝑛𝑡𝑟𝑦 “𝑐” 𝑖𝑛  𝑝𝑜𝑟𝑡𝑓𝑜𝑙𝑖𝑜 𝑜𝑓 𝑓𝑢𝑛𝑑 "𝑓"  𝑎𝑡 𝑡ℎ𝑒 𝑙𝑎𝑠𝑡 𝑞𝑢𝑎𝑟𝑡𝑒𝑟 𝑜𝑓 𝑦𝑒𝑎𝑟 "𝑡"      

     𝑊𝑒𝑖𝑔ℎ𝑡𝑐,𝑔,𝑡    =  𝑊𝑒𝑖𝑔ℎ𝑡 𝑜𝑓 𝑡ℎ𝑒 𝑐𝑜𝑢𝑛𝑡𝑟𝑦 “𝑐” 𝑖𝑛 𝑔𝑙𝑜𝑏𝑎𝑙 𝑚𝑎𝑟𝑘𝑒𝑡 𝑝𝑜𝑟𝑡𝑓𝑜𝑙𝑖𝑜 "g" 𝑎𝑡 𝑡ℎ𝑒 𝑙𝑎𝑠𝑡 𝑞𝑢𝑎𝑟𝑡𝑒𝑟 𝑜𝑓 𝑦𝑒𝑎𝑟 “𝑡” 

 

𝐻𝑜𝑚𝑒 𝐵𝑖𝑎𝑠𝑓,𝑐,𝑡 =  𝛽1 + 𝛽2 𝐿𝑜𝐹𝑓,𝑐,𝑡 + 𝛽3 𝐿𝑜𝐹𝑓,𝑐,𝑡 × 𝐼𝑛𝑓𝑜. 𝐴𝑠𝑦𝑚𝑚𝑒𝑡𝑟𝑦𝑓,𝑐,𝑡  +  𝛽3 𝐿𝑜𝐹𝑓,𝑐,𝑡 × 𝑂𝑣𝑒𝑟𝑐𝑜𝑛𝑓𝑖𝑑𝑑𝑒𝑛𝑐𝑒𝑓,𝑐,𝑡  

+ ∑ 𝛽𝑖  𝐶ℎ𝑎𝑟𝑎𝑐𝑡𝑒𝑟𝑖𝑠𝑡𝑖𝑐𝑠𝑖,𝑐,𝑡  + 𝑒

𝐼

𝑖=2

 

 

𝐿𝑜𝐹𝑓,𝑐,𝑡   =  𝐸𝑖𝑡ℎ𝑒𝑟 𝑡ℎ𝑒 𝐿𝑜𝐹 𝑓𝑎𝑐𝑡𝑜𝑟 𝑜𝑟 𝑎 𝑑𝑢𝑚𝑚𝑦 𝑣𝑎𝑟𝑖𝑎𝑏𝑙𝑒 𝑤ℎ𝑖𝑐ℎ 𝑚𝑎𝑦 𝑟𝑒𝑝𝑟𝑒𝑠𝑒𝑛𝑡 𝑖𝑛𝑣𝑒𝑠𝑡𝑜𝑟𝑠 𝑓𝑟𝑜𝑚 𝑡ℎ𝑒 𝐻𝑖𝑔ℎ 𝐿𝑜𝑓 𝑔𝑟𝑜𝑢𝑝                                                                                                

   𝐼𝑛𝑓𝑜. 𝐴𝑠𝑦𝑚𝑚𝑒𝑡𝑟𝑦𝑓,𝑐,𝑡   = 𝑀𝑜𝑑𝑒𝑟𝑎𝑡𝑜𝑟 𝑣𝑎𝑟𝑖𝑎𝑏𝑙𝑒 𝑡ℎ𝑎𝑡 𝑟𝑒𝑑𝑢𝑐𝑒𝑠 𝑡ℎ𝑒 𝑑𝑒𝑔𝑟𝑒𝑒 𝑜𝑓 𝑖𝑛𝑓𝑜𝑟𝑚𝑎𝑡𝑖𝑜𝑛 𝑎𝑠𝑠𝑦𝑚𝑒𝑡𝑟𝑦 𝑓𝑎𝑐𝑒𝑑 𝑏𝑦 𝑓𝑢𝑛𝑑 "𝑓" 𝑖𝑛 𝑐𝑜𝑢𝑛𝑡𝑟𝑦 "c" 𝑎𝑡 𝑡ℎ𝑒 𝑙𝑎𝑠𝑡 𝑞𝑢𝑎𝑟𝑡𝑒𝑟 𝑜𝑓 𝑦𝑒𝑎𝑟 "𝑡"   

     𝑂𝑣𝑒𝑟𝑐𝑜𝑛𝑓𝑖𝑑𝑑𝑒𝑛𝑐𝑒𝑓,𝑐,𝑡   = 𝑀𝑜𝑑𝑒𝑟𝑎𝑡𝑜𝑟 𝑣𝑎𝑟𝑖𝑎𝑏𝑙𝑒 𝑡ℎ𝑎𝑡 𝑟𝑒𝑑𝑢𝑐𝑒𝑠 𝑡ℎ𝑒 𝑜𝑣𝑒𝑟𝑐𝑜𝑛𝑓𝑖𝑑𝑒𝑛𝑐𝑒 𝑒𝑥ℎ𝑖𝑏𝑖𝑡𝑡𝑒𝑑 𝑏𝑦 𝑡ℎ𝑒 𝑚𝑎𝑛𝑎𝑔𝑒𝑟 𝑜𝑓 𝑓𝑢𝑛𝑑 "𝑓" 𝑖𝑛 𝑐𝑜𝑢𝑛𝑡𝑟𝑦 "c" 𝑎𝑡 𝑡ℎ𝑒 𝑙𝑎𝑠𝑡 𝑞𝑢𝑎𝑟𝑡𝑒𝑟 𝑜𝑓 𝑦𝑒𝑎𝑟 "𝑡" 

 𝐶ℎ𝑎𝑟𝑎𝑐𝑡𝑒𝑟𝑖𝑠𝑡𝑖𝑐𝑠𝑖,𝑐,𝑡   =  𝐶ℎ𝑎𝑟𝑎𝑐𝑡𝑒𝑟𝑖𝑠𝑡𝑖𝑐 “𝑖” 𝑜𝑓 𝑎 𝑐𝑜𝑢𝑛𝑡𝑟𝑦 “𝑐" 𝑎𝑡 𝑡ℎ𝑒 𝑙𝑎𝑠𝑡 𝑞𝑢𝑎𝑟𝑡𝑒𝑟 𝑜𝑓 𝑦𝑒𝑎𝑟 “𝑡                                                                                                                                                       

 

To perform the multivariate data tests with the Home Bias variable, we selected a specific 

straight-out sample curtail which restricted our initial full sample of funds. We selected, in the 

last quarter of each year, in each invested country, the 25 largest funds belonging to each of 

the two LoF degree groups19 (Low LoF and High LoF). This subset of investors was supposed 

 
17 The Home Bias variable constructed following Chan et. al. (2005) was previously used to gauge investors’ bias in relation to foreign stock 

markets. We multiplied their variable by (-1) as a mean for it to increase as the degree of Home Bias exhibited by foreign investors increase. 
Thus, as higher the value exhibited by the variable, higher is the degree of Home Bias exhibited by the investor. Consequently, inferior is the 

amount of assets that this investors allocate in the jurisdictions of interest, compared to the Global Market Portfolio. 
18 The Global Market Portfolio (“GMP”) represents the portfolio of all listed stocks in all stock exchanges, with each stock integrating this 

portfolio according to its respective market value in relation to the sum of all stocks market value. Our GMP measure was extracted from the 
World Federation of Exchanges database and include all outstanding shares issued by companies listed in stocks exchange all around the 

world. 
19 We highlight that for each quarter, in each invested country, for each group of Low and High LoF fund investors, we picked up the 25th 

largest investors in terms of Funds Total Assets. Additionally, we present a remark that this specific sample cuts helps dealing with an issue 

which could somehow affects the results of our tests for Hypothesis 2. To the best of our readers comprehensions, the group of High LoF 

countries in relation to LatAm include the Unites States of America and United Kingdom, which are the two largest country investors (in 
terms of value and numbers of funds) in LatAm stock markets. Hence, limiting our sample to 25 funds from each of the LoF degrees groups, 
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to be, inside each respective LoF group, the least affected by Liabilities of Foreignness and 

HB diseases20. 

As presented by Indro, Jiang, Hu and Lee (1999), fund size proxies for the amount 

disposal of being invested in information acquisition, professional management and trading. 

Hence, larger funds are expected to have more and better qualified resources available 

(Brown, Goetzmann and Ibbotson, 1999; Brunnermeier and Nagel, 2004; Elton Gruber and 

Blake 2012; Baik. et. al. 2013), what should ultimately attenuate the LoF and Home Bias 

issues. Additionally, as proposed Pollet and Wilson (2008), although not efficiently, funds 

diversify their portfolio in response to growth. Thus, larger funds are expected to be more 

diversified, what would be in line with the Modern Portfolio Theory (Markowitz, 1952; Tobin 

1958; Grubel 1968). 

Additionally, in the best interest of attesting that our results are not sample specific and 

further demonstrate its capabilities of being generalized to the whole group of institutional 

investors, we replicated the direct LoF-HB test with a sample extracted from the International 

Monetary Fund (IMF) that compiles worldwide institutional investors portfolio investments 

from 2002 to 2018. 

 

4. DESCRIPTIVE STATISTICS 

 

Table 1 present some summary statistics of our initial data sample. This tables 

demonstrates that funds hold, on average, 8.9% of the total equity capital of the domestic 

securities listed in Latin American stock markets, with local funds holding approximately 

4.6% and foreign funds 4.3%. Although similar on average, the analysis of the first and 

second quartiles of the foreign ownership variable suggest that non-domestic holdings are 

concentrated in some specific securities21, as its values are high below their domestic 

ownership counterparts. 

 
for each quarter and in each invested country, deals with the potential issues of our results being driven by a largely unbalanced regression in 

terms of the number of observations belonging to each group. Notwithstanding, we stand out that, due to data limitation, for some last year 

quarters and in some invested countries, the number of funds investing in the LatAm stock market was smaller than 25 for each of the two 
groups. Over these circumstances, all the available fund investors were included in our fund-investor holding level data sample. . For each of 

these funds, we compiled their respective stock market holdings in Argentina, Brazil, Chile, Colombia, Peru and Mexico, at the end of the 

calendar year from 2002 to 2018 
20 For this subset of funds belonging to the fund-investor holding level data sample, we handpicked collected data about their managers 

characteristics as: (i) professional industry experience and (ii) age, to use as proxies for overconfidence and properly access Hypothesis 3. 

This hand-picking collecting data procedure was conducted through Morningstar database and cross checked with managers LinkedIn 

information.   
21 Table A.5 exhibited in the Appendix presents a correlation matrix between the variables included in ou security level data base. The 

analysis of the correlation indexes presend in this tables corroborates with our preliminary argument that non-domestic investors who 

allocate capital in LatAm exhibit preference for stocks with some specific characteristics, for example: companies recommended by analysts 
and intensively traded securities (High turnover). 
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In terms of firm characteristics, Table 122 demonstrates that the securities included in our 

sample belong to a different sort of companies23 as they present a wide array and rage in 

different attributes. As an example of this mentioned dispersion, our sample contain small and 

large firms, with the average security being issued by a company with USD 8,795 million in 

Total Assets and USD 2,907 millions of Market Value. This wide variety can also be 

observed in other firm characteristics as: age, liquidity and dividend yield. Additionally, we 

highlight that, in our sample: nearly more than 50% of the securities did not receive any 

financial analyst recommendation, what suggest that less than half of them are followed by a 

stock market analysts. 

At this time, from the fund-level agent of analysis, Table 2 present interesting summary 

statistics about the development of the fund’s portfolio holdings in LatAm stock markets. This 

table demonstrates that the fund industry had increased its stake in LatAm stock markets from 

2002 to 2018, exhibiting a boost in the percentual of the total market capitalization and the 

total outstanding shares held by these financial vehicles. Additionally, the number of funds 

investing in domestic LatAm stock market have hiked over the years, with approximately 725 

(6400) domestic and foreign funds allocating assets in that jurisdictions in 2002 (2018).  

Even though the total amount of assets held by non-local funds almost doubles the amount 

held by their local mates in 2002, 2010 and 2018, the number of shares outstanding held by 

foreigners, in the same time period, is surpassed by their local counterparts. This finding 

appoints toward non-local investors self-selecting into a sub-set of all domestic listed LatAm 

securities. Apparently, foreigners exhibit a preference for holding securities issued by larger 

companies and with high stock prices.  

Taken together, Tables 1 and 2 present preliminary evidence that, despite enjoying the 

benefits of diversification in LatAm, foreign investors seem to avoid some of the domestic 

listed companies and focus on allocating assets in a particular subset of securities. This 

finding is somehow contrary to the Modern Portfolio Theory and is aligned with the Home 

Bias Theory, mainly when one pays carefully attention to the number and size of the foreign 

funds that invest in LatAm, which by far outset their domestic counterparts. 

To properly account for the fund’s size and to present incipient evidence of the effects of 

LoF over Home Bias, we below present Table 3, which was prepared with our counterfactual 

 
22 Table 1 also presents the summary statistics for the eight variables that proxy for each of the eight sub-dimension components of the LoF 

Factor. In the best interesting of not consuming unnecessary space we will let the interpretation of these variables to the interested reader 
who can access a detailed description of each variable in Table A.1 over the Appendix. Ultimately, we leave to the interested reader the 

suggestion of straightly accessing the papers in which each of these subdimensions were developed as a means of getting additional support 

and comprehension of them. 
23 Our full sample includes 1,036 different LatAm companies. 
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sample at the fund-investor level of analysis. This table present preliminary evidence which 

demonstrate that foreign funds underweight LatAm investment opportunities in their 

portfolio, compared to the Global Market Portfolio. This suggests that, in line with the 

existing theory, foreign investors are Home Biased24. The column that demonstrate the Home 

Bias variable corroborate with this accountment as the median values exhibited by this 

variable are positive for almost all LatAm countries in all periods25. 

When we split the group of foreign funds in Low and High LoF investors and analyze the 

degree of Home Bias exhibited by each of these groups, we can observe the existence of a 

relation between Lof and Home Bias. As evidenced, the median fund of the Low LoF group 

of investors consistently exhibit an inferior degree of Home Bias, compared to the median 

fund from the High Lof group26.  

Additionally, as evidenced by the fund size variable, the median fund investor from the 

Low LoF group is persistently smaller than its High LoF group counterpart. This incipient 

finding corroborates with our previously presented argument that LatAm characteristics 

potentially aggravate the sources of LoF, mainly when it comes to their differences in terms 

of religion, cultural background history of conflicts and language from the countries with the 

largest pools of available assets27. Notwithstanding, this finding depicts that, despite the size 

effects, which was expected to attenuate the disadvantages faced by foreigners in non-local 

stock markets and to alleviate Home Bias28, the effects of LoF seem to be consistently strong 

in LatAm, surpassing the informational advantage expected to be enjoyed by larger funds.      

Although suggestive, these summaries of descriptive statistics only evidence uni and 

bivariate associations. Thus, over the sequence, we present formal empirical tests to address 

our hypothesis 1, 2 and 3 with multivariate data regressions.   

 

 

 
24 To further support this argument at the univariate level data of analysis, we present Table A.6 in the Appendix, which depicts the 

descriptive statistics for our fund-investor database. As demonstrated over this figure, the first, second and third quartiles of the Home Bias 

variables of the fund investors belonging to the low LoF group of investors, as also its mean values, are inferior to the values exhibited by 
their High LoF counterparts. Thus, presenting supportive preliminary evidence   
25 With the exception of Peru 2002. 
26 Two are the exception that should herein be highlighted: Mexico 2010 and Mexico 2018. To further support this argument at the 

univariate level data of analysis, we present Table A.6 in the Appendix, which depicts the descriptive statistics for our fund-investor 
database. As demonstrated over this figure, the first, second and third quartiles of the Home Bias variables of the fund investors belonging to 

the low LoF group of investors, as also its mean values, are inferior to the values exhibited by their High LoF counterparts. Thus, presenting 
supportive preliminary evidence that foreign investors who face severe LoF are more Home biased.  
27 Table A.7 in the Appendix present the correlation matrix for the variables included in our fund-investor data. The information presented in 

the table corroborates with the argument that LatAm characteristics potentially aggravate the sources of LoF, mainly when it comes to their 

differences in terms of religion, cultural background history of conflicts and language from the countries with the largest pools of available 
assets, as there is a stong and positive coefficient between the LoF factor and the fund size.   
28 According to Pollet and Wilson (2008), larger funds are expected to be more diversified. Additionally, as funds’ size increase, these 

investors are expected to have more financial resources available to expense with informational and professional resources. Thus, larger 
funds are expected have more and better access to information and professional manage (Indro et. al., 1999; Elton et. al., 2012). 
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Table 1 – Descriptive statistics – Security level data 

  
                  

  

Security level data analysis 

 

Number 

of 

quarters          

[countries] 
 

Number of 

securities 

quarters 
 

First 

Quartile 

 

Median 

 

Third 

Quartile 

 

Mean 

 

Standard 

deviation 

 
                  

  Fund ownership data                
                  

  Domestic Fund Ownership (%)  
69 

 37,327  0.0439  1.0909  5.3194  4.5964  9.2091  

  Foreign Fund Ownership (%)  
69 

 37,327  0.0003  0.6441  5.2651  4.3105  7.7944  

  Total Fund Ownership (%)  
69 

 37,327  0.4587  3.6053  12.6134  8.9070  12.7580  
    

 
             

  Firm characteristics  
 

             
    

 
             

  Accruals  
69 

 31,272  -0.03  -0.01  0.01  -0.01  0.33  

  Age (years)  
69 

 34,556  14.06  28.72  55.17  36.99  28.32  

  Analysts  
69 

 37,327  0.00  0.00  5.00  3.49  5.38  

  Beta  
69 

 32,851  0.52  0.85  1.20  1.49  125.68  

  Dividend Yield  
69 

 23,216  1.51  3.02  5.32  9.61  144.57  

  Liquidity - Turnover (Monthly USD Millions)  
69 

 34,692  0.26  4.39  49.93  110.44  426.85  

  Market Cap (USD Millions)  
69 

 33,352  135.57  625.20  2,024.31  2,907.12  13,805.77  

  Preferred shares  
69 

 37,327  0.00  0.00  0.00  0.13  0.34  

  Market-to-Book  
69 

 31,070  0.90  1.54  2.63  85.31  7,896.05  

  Stock price  
69 

 33,488  0.82  2.39  6.88  15.98  172.40  

  Total Assets (USD Millions)  
69 

 34,502  421.39  1,326.57  4,223.27  8,794.60  37,502.02  

  Total Return last 3 Months (%)  
69 

 35,094  -7.40  1.72  13.20  5.42  50.52  

  Total Return last 6 Months (%)  
69 

 35,403  -10.00  4.18  22.95  11.60  78.19  

  Total Return last 12 Months (%)  
69 

 35,623  -12.89  9.25  40.02  25.34  143.05  

  Volatility  
69 

 32,776  26.13  36.94  56.22  50.65  48.08  
    

 
             

  LoF characteristics  
 

             
    

 
             

  GAAP difference  
[ 19 ] 

 -  7.95  9.00  12.00  9.39  3.46  

  Investor protection  
[ 19 ] 

 -  8.85  9.25  9.68  8.99  0.88  

  Disclosure quality  
[ 19 ] 

 -  62.00  68.00  74.75  66.84  10.71  

  Earnings quality  
[ 19 ] 

 -  21.90  18.60  6.85  15.99  8.47  

  Export (Millions USD)  
[ 19 ] 

 -  714,252  369,087  174,295  504,270  449,413  

  Distance (Miles)  
[ 19 ] 

 -  5,723  6,409  7,301  6,775  1,842  

  Cultural distance  
[ 19 ] 

 -  6.23  9.57  11.15  9.21  4.22  

  Non-English  
[ 19 ] 

 -  1.00  1.00  1.00  0.74  0.45  

  Composite LoF Factor  
[ 19 ] 

 -  -1.20  0.02  1.44  0.00  1.76  
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Table 2 – Descriptive statistics – Fund level data – Fund characteristics 

  
                            

  

Country 

  

Year 

  
(%) of Total Market Cap of 

domestic public listed 

companies held by funds 

  (%) of Total outstanding 

shares of domestic public 

listed companies held by 

funds 

  
Number of companies 

invested by Funds 

  
Number of funds that 

invest in the local 

Country stock market 

  
Median fund size  

(Equity Assets in  

thousands of USD) 

  Number of 

countries 

that invest in 

local market 

    

                    

                  
  

          Domestic  Foreign  Domestic  Foreign  Domestic  Foreign  Domestic  Foreign  Domestic  Foreign  Countries     

  

Argentina 

  2002   0.15%  0.28%  0.38%  0.830%  29  31  24  57  9,678  298,000  16     

    2010   0.46%  0.06%  0.69%  0.040%  42  15  42  30  6,128  35,000  8     

    2018   1.26%  0.27%  1.87%  0.540%  50  35  110  76  1,085  61,500  12     

                               
    

  

Brazil 

  2002   1.75%  1.82%  3.67%  3.73%  59  58  188  242  6,794  441,000  23     

    2010   4.49%  6.98%  6.19%  5.69%  202  175  872  1849  5,895  260,000  35     

    2018   7.28%  11.89%  12.06%  6.52%  213  167  1978  2990  5,084  158,000  38     

                               
    

  

Chile 

  2002   0.10%  0.23%  0.14%  0.34%  36  38  26  44  23,200  59,700  24     

    2010   1.04%  2.10%  1.37%  1.72%  65  65  90  296  21,400  176,000  25     

    2018   6.10%  6.25%  6.79%  4.71%  84  70  143  995  23,700  127,000  30     

                               
    

  

Colombia 

  2002   -  -  -  0.12%  -  9  -  6  -  648,000  3     

    2010   -  0.34%  -  0.94%  -  23  -  96  -  72,500  13     

    2018   -  3.72%  -  4.44%  -  25  -  542  -  137,000  30     

                               
    

  

Mexico 

  2002   1.51%  3.24%  4.00%  2.38%  64  53  67  409  17,600  428,000  24     

    2010   1.89%  7.58%  4.79%  4.72%  88  79  72  1253  17,100  326,000  31     

    2018   2.24%  10.89%  5.39%  7.49%  99  93  142  2915  16,300  178,000  35     

                               
    

  

Peru 

  2002   -  3.37%  -  0.76%  -  13  -  134  -  165,000  20     

    2010   -  5.65%  -  6.20%  -  28  -  376  -  56,200  28     

    2018   4.88%  3.31%  7.33%  3.34%  22  36  25  589  6,434  74,200  34     

                            

  
Latin 

America 

  2002  1.24%  1.98%  2.26%  1.94%  188  202  301  521  11,600  334,000  26     

    2010  3.29%  6.29%  4.41%  4.32%  397  385  1054  2309  7,798  254,000  36     

    2018  5.66%  10.27%  8.52%  5.72%  468  426  2330  4105  5,731  158,000  43     

                            

  This Table reports the summary statistics of our full sample, including all funds investing in LatAm. 

Our sample is limited regarding data of Colombia and Peru national fund’s industry. Due to data limitations, as no data is available about Colombia and Peru domestic fund’s holdings for some specific periods of time, our sample and results are limited in terms of this specific 

perspective. Although, as from 2002 to 2018 Colombian and Peruvian stock Market accounted, on average, for less than 10% of the Total LatAm Stock Market Value, the absence of local fund’s holding in the local market to not posits a significant limitation or restriction to our results. 
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Table 3 – Descriptive statistics – Fund level data – Home Bias analysis 
 

 

                                   

Country 

 

Year 

 
Global 

Market 

Portfolio 

weight 

 Foreign 

funds’ 

portfolio 

Weight 

 
Foreign 

funds’ 

 
Median funds’ 

Home Bias 

 Median fund size 
(Equity Assets in 

Millions of USD) 

 
Number of funds 

by group 

 
Analyst 
(Average 

number of 

recommend

ations) 

 
Experience 

(Average 

years of 

investor 

experience) 

 

Credit 

rating 

 
Foreign 

direct inv.  
(As a fraction 

of GDP) 

 

GDP 

growth 

 
GDP per 

capita 
(Thousand

s of USD)  

 Stock 

Market 

size 
(As a fraction 

of GDP) 

 Stock 

market 

Turnover 
(As a 

fraction of 

GDP) 

    
Home 

Bias 

           

    

   Low 

LoF 

High 

LoF 
 

Low 

LoF 

High 

LoF 
 

Low 

LoF 

High 

LoF 
 

       

                                       

Argentina 

  2002   0.08%  0.04%  0.88  -0.21 0.96  15 1,200  4 25  0.434  10.500  8  219.90%  1.02%  12.48  16.96%  1.38% 

  2010   0.11%  0.04%  0.99  -1.67 0.84  22 560  13 8  0.705  14.850  14  267.52%  1.53%  18.91  15.09%  1.33% 

  2018   0.07%  0.06%  0.41  -2.42 0.99  46 520  3 25  1.833  20.190  14  228.38%  -1.23%  18.29  8.85%  0.62% 

                                       

Brazil 

  2002   0.55%  0.10%  1.16  -0.57 2.36  47 8,500  25 25  1.459  12.655  15  326.53%  1.17%  11.60  24.95%  7.74% 

  2010   2.81%  0.92%  1.03  0.15 1.36  1,300 40,000  25 25  4.935  14.840  19  373.00%  1.27%  14.62  69.97%  41.83% 

  2018   1.23%  1.22%  0.05  -0.61 0.38  1,800 80,000  25 25  3.950  23.210  16  472.67%  0.09%  14.28  49.06%  43.14% 

                                       

Chile 

  2002   0.21%  0.11%  0.54  -0.96 1.24  14 230  12 25  0.679  8.370  22  365.65%  2.06%  14.84  68.89%  4.18% 

  2010   0.62%  0.33%  0.67  -1.11 1.89  270 17,000  25 25  2.954  14.420  24  733.04%  1.22%  19.36  156.40%  47.72% 

  2018   0.34%  0.32%  0.28  -0.64 0.67  680 38,000  25 25  3.235  19.710  24  203.94%  1.41%  22.87  84.08%  27.45% 

                                       

Colombia 

  2002   -  0.06%  -  - -  - -  - -  -  -  17  217.81%  -  8.50  -  - 

  2010   0.37%  0.10%  1.11  -0.42 1.28  630 2,800  4 25  1.960  16.715  18  224.74%  2.35%  10.96  72.88%  13.09% 

  2018   0.13%  0.07%  0.69  -0.89 0.89  480 40,000  25 25  6.281  19.285  19  342.92%  0.50%  13.32  31.37%  2.59% 

                                       

Mexico 

  2002   0.41%  0.10%  1.27  0.50 1.72  220 20,000  25 25  1.448  14.530  19  311.55%  0.31%  15.62  13.46%  1.78% 

  2010   0.82%  0.18%  1.60  2.32 1.58  1,600 39,000  25 25  3.133  17.425  20  197.82%  0.83%  16.16  42.95%  11.62% 

  2018   0.51%  0.27%  1.19  0.92 0.59  2,000 71,000  25 25  6.342  23.160  21  302.05%  -0.08%  18.13  31.54%  6.83% 

                                       

Peru 

  2002   0.05%  0.28%  -1.36  -2.94 -0.37  23 1,800  18 25  0.333  11.480  16  393.56%  1.14%  6.66  25.79%  1.96% 

  2010   0.18%  0.07%  0.51  0.21 2.03  210 18,000  25 25  1.804  16.235  19  573.08%  1.21%  10.08  70.05%  6.41% 

  2018   0.12%  0.04%  0.99  0.78 2.03  620 32,000  25 25  1.787  20.255  21  292.19%  0.04%  12.79  43.24%  1.55% 

                                   

Latin 

America 

  2002  1.31%  0.15%  2.17  0.46 2.79  61 3,200  71 100  0.725  11.510  16  305.83%  1.14%  11.61  30.01%  3.41% 

  2010  4.94%  0.62%  2.06  1.65 2.57  640 14,000  83 81  2.582  15.750  19  394.87%  1.40%  15.01  71.22%  20.33% 

  2018  2.40%  0.57%  1.43  0.82 1.84  1,000 29,000  77 81  3.919  20.970  19  307.03%  0.12%  16.61  41.36%  13.70% 

                                   

This Table reports the summary statistics of the funds that effectively invest in each LatAm country in each respective section of of time 

The variables Analyst recommendation, Manager Experience, Credit rating, Foreign Direct Investment, GDP growth, GDP per capita, Stock Market size and Stock Market Turnover presented for the whole group of countries from Latin America result from the simple average of the values of the six countries included in our sample. 
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5. MAIN FINDINGS 

 

5.1. Liabilities of Foreignness and the determinants of stock holding ownership 

 

If foreign investors indeed face LoF in the LatAm stock markets, then we should expect 

these investors to avoid allocating assets in this region as a means to attenuate the 

disadvantages they face due to differences in terms of the Institutional environment, 

Informational costs, Cultural background and Familiarity. To test for that, we performed the 

Falkstein (1996) determinants of stock holding ownership econometric model. Following the 

existing international finance literature, this test would evidence the characteristics of 

securities preferred by the foreign (Low and High LoF) group of investors when allocating 

assets in LatAm. Thus, it would allow us to access the effects of LoF over investors’ 

ownership at the security level data of information, indirectly enabling a test for our 

Hypotheses 1 and 2. 

Table 4 present the results of the determinants of stock holding ownership tests29. Model 0 

evidences that fund investors hold larger fractions of the equity of companies that are: 

recommended by analysts, older, smaller (Market Cap), less volatile, have higher stock prices 

and have issued preferred shares. On average, one additional recommendation presented by a 

financial analyst increases the total fund ownership in that security in 0.30%. Similarly, fund 

investors own, on average, 4.18% more of the equity of a security when it is a preferred share. 

Additionally, as the price of a stock increases USD 1, there is an expected increase of 

0.0021% in the total ownership held by funds. Altogether, these results are majorly aligned 

with Falkstein (1996), with exception of the volatility variable.  According to that author, 

fund investors, in the U.S. stock markets, had a strong preference toward stocks with high 

volatility, what is not the case in the Latin America. 

When it comes to comparing domestic and foreign investors determinants of stock 

holding ownership, Model 1 evidences that, on average, Foreign fund’s hold an inferior 

fraction (Dummy For. = -3.8563) of local stocks equity ownership. Thus, despite holding a 

larger fraction of the total LatAm Market Capitalization, being large in number and total 

assets held, foreign funds hold almost 4% less of the equity of an ordinary LatAm stock, 

 
29 Over this table, Model 0 presents a test for the characteristics sought by the overall fund-investors managers in LatAm, disregard of that 

investor being a Domestic, Foreign, Low or High LoF fund. Thus, this model present the results of the regression of total fund stock holding 
ownership over stock characteristics. As our purpose is to demonstrate the existence of differences in the coefficients between groups, the 

other columns, which present the coefficients of Models 1, 2 and 3, only present the coefficients of the interaction between a dummy variable 

and the respective security characteristic. In each Model, the dummy characteristic admitted value one if fund ownership data belonged to: 
(1) the group of foreign funds, (2) the group of High LoF funds and (3) the group of Q4 High LoF funds. 
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compared to their domestic counterparts. In line with our incipient evidence presented in 

Table 2, this finding suggest that Foreigners underweight the overall LatAm asset in their 

portfolio, probably self-selecting into stocks with some pre-determined characteristics. 

As demonstrated by Model 1, compared to their local counterparts, foreign investors 

indeed exhibit stronger preferences for: larger companies, liquid securities and high price 

securities. Additionally, compared to their local counterparts, non-local fund investors, on 

average, hold a larger fraction of the equity of companies recommended by analysts (Dummy 

* Analyst = 0.6832). These results corroborate with the ones previously presented by Piccioni 

et. al. (2012) for Latin America and present supportive statistical background that information 

asymmetry may be of major relevance for foreign investors who allocate assets in these 

countries. According to Ahearne et. al. (2004), Bradshaw et. al. (2004), Aggarwal et. al. 

(2005) and Ferreira and Mattos (2008), information asymmetry alleviating measures are of 

major interest for foreign investors as they can improve the informational environment, 

making non-local investors more prone to allocate assets in the sub-set of companies with 

these characteristics, ultimately alleviating Home Bias. 

After attesting that foreign investors hold, on average, a fewer fraction of the equity of the 

overall LatAm listed security, what evidences a strong preference for companies/securities 

with a specific sort of characteristics, we can now address whether or not these preferences 

are driven by the existence of Liabilities of Foreignness. To do so, we performed Models 2 

and 330, which results are presented in Table 4. These models results are majorly consistent 

with our findings for the overall group of foreign investors, as they demonstrate that the 

preference for companies recommended by analysts (Dummy * Analyst = 0.7209; 0.7202) 

and more liquid companies (Dummy * Liquidity = 0.9794; 0.9996) are more pronounced in 

the subset of funds belonging to the High LoF group of investors.  

The Analyst recommendation preference exhibited by investors that face harshened 

differences in terms of Institutional environment, Informational costs, Cultural background 

 
30To further address that our results were neither driven by any mere random factor nor by a misclassification of the group of investors 

according to their degree of LoF, we present Model 3, which split fund investors, based in the subset of foreign funds least affected by LoF 
(First LoF Factor Quartile – Q1) and the subset of foreign funds most affected by LoF (Fourth LoF Factor Quartile – Q4).  

Although there is no consensus whether the simple median split of a continuous variables (Lof Factor) may impose distortions in the 

observed results, as presented by Iacobucci, Posavac, Kardes, Schneider and Popovich (2015a, 2015b), to avoid any possible bias, we present 
Model 3. 

The existing literature suggests that the median split of a continuous variable, as was in this paper applied to segregate Low and High LoF 

investors, may impose some assumption that may distort the observed results (Rucker, Blakeley Shane and Precher, 2015; McClelland, 
Lynch, Irwin, Spiller and Fitzsimons, 2015). When a cutoff like this is applied, agents who are above the median are classified in the “high” 

group regardless if they are only slightly above the median or extremely above it. Similarly, individuals who are below the median are 

segregated into the “low” group in disregard of whether they are only slightly below the median or extremely below it (Rucker et. al., 2015).  
A similar, but potentially more powerful, misclassification may occur in relation to the alike group of agents who are close to the median but 

due to the fact of being marginally above or below it, are classified in different groups (McClelland et. al., 2015). Thus, to avoid any 

potential bias due to this unproperly classification, in Model 3 we restricted our samples of Low and High LoF investors, respectively, to the 
first (Q1) and fourth (Q4) quartiles of the LoF composite factor. 
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and Familiarity, suggests that LoF creates an information disadvantage for foreign investors 

who seek for investments in LatAm. This deprivation would justify their preference for the 

subset of companies that attenuate information asymmetries. Altogether, this preliminary 

finding appoints toward the existence of implicit barrier’s affecting investors asset allocation 

decision making process, leading them to HB (Bradshaw et. al., 2004; Ferreira and Matos, 

2008; Ardalan, 2017). 

In terms of Liquidity, High LoF investors preference for intensively traded shares is 

aligned with Cooper and Kaplanis (1994) and Chan et. al. (2005) who suggested that foreign 

investors may require liquid investments as a means to comfort them that, whenever desired 

or required, they are able to extinguish (“close”) their investment position and take their 

money back home. Additionally, this evidence present incipient support that LoF effects over 

investors HB may not be related with the existence of explicit barriers, as this strand of 

literature suggests that HB would be a consequence of the existence of additional costs 

incurred by foreigners to trade in a foreign stock market (Tessar and Werner, 1995; Warnock, 

2002). 

Lastly, one additional unexpected result recalls our attention in Table 4. This unexpected 

result refers to the coefficient of the Dummy High LoF and Q4-High LoF variables in Models 

2 and 3, respectively. If we our purpose was to infer that higher degrees of LoF would lead 

foreign investors to underweight LatAm investment opportunities in their portfolios, 

ultimately leading them to Home Bias, we should expect these coefficients to be negative. 

Although, differently than that, the results are clearly positive and, on average, funds 

belonging to the High LoF group hold 3.6257% more of the equity share of a LatAm listed 

stock than do their Low LoF counterparts. 

As counterintuitive as this may appear, a deeper analysis of this finding demonstrates that 

it does not bounds neither flunks with our hypotheses. In reality, this surprisingly finding is a 

mere consequence of funds belonging to the High LoF group being abruptly larger than their 

Low LoF counterparts31. As one should expect, larger funds hold more assets, thus, regardless 

if they adopted or not an adequate diversifying asset allocating strategy, they should be 

expected to hold larger positions in LatAm stock equity ownership. Hence, this finding 

indicates that inferring Home Bias through a security level analysis may not be the most 

accurate manner, as through this data structure, the researcher is not able to properly account 

 
31 More details of funds’ sizes are presented in Tables 2 and 3. 
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for the investors’ size. Thus, although suggestive, the results presented over this section 

should be interpreted carefully. 

 

 

Table 4 – LoF and the determinants of investors’ stock holding ownership 
 

This table present the regressions of fund stock holding ownership over security/firm/stock characteristics variables. Model 0 presents the regression for the overall 

fund stock holding ownership. Model 1 presents the regression to access whether domestic and foreign fund investors exhibited preferences for 

companies/securities with a different sort of characteristics. Hence, we included a dummy variable which admitted the value of 1 for foreign fund investors’ equity 

holding ownership. Model 2 presents the regression to access whether Low and High LoF foreign fund investors exhibited preferences for companies/securities 

with a different sort of characteristics. Hence, we included a dummy variable which admitted the value of 1 for High LoF foreign fund investors’ equity holding 

ownership. Model 3 presents the regression to access whether Q1 - Low and Q-4 High LoF foreign fund investors exhibited preferences for companies/securities 

with a different sort of characteristics. Hence, we included a dummy variable which admitted the value of 1 for Q4 - High LoF foreign fund investors’ equity 

holding ownership. 
                

  Model 0     Model 1   Model 2   Model 3   

 Independent 

variables   
 

 

 Independent 

variables  

Foreign 

Dummy   

High LoF 

Dummy 
 

 Q4 High Lof 

Dummy  
 

Dummy For/LoF 
     

Dummy For/LoF 
 -3.8563 **  3.6257 ***  3.9201 **  

      [1.4669]   [1.0309]   [0.91866]   
                   

Analyst 
 0.3002 ***  Dummy *  

Analyst 
 0.6832 ***  0.7209 ***  0.7202 ***  

 [0.0380]    [0.0911]   [0.0838]   [0.0787]   
                   

Accruals 
  -0.0184   Dummy *  

Accruals 
 0.6753   0.3414   0.4159   

  [0.1287]    [0.5067]   [0.3832]   [0.4299]   
                   

Age 
  0.1790 ***  Dummy *  

Age 
 -0.0131   -0.0035   -0.0050   

  [0.0608]    [0.0093]   [0.0079]   [0.0077]   
                   

Beta 
  0.1028   Dummy *  

Beta 
 -0.0045   0.0420   0.0574   

  [0.0682]    [0.2423]   [0.1363]   [0.1310]   
                   

Dividend Yield 
  0.00302   Dummy *  

Dividend Yield 
 -0.0296   -0.0456 **  -0.0408 **  

  [0.0487]    [0.0799]   [0.0199]   [0.0199]   
                   

Liquidity Turn. 
 0.2831   Dummy *  

Liquidity Turn. 
 0.9267 *  0.9794 *  0.9996 *  

 [0.3456]    [0.5912]   [0.5411]   [0.5151]   
                   

Market Cap. 
  -0.0194 ***  Dummy *  

Market Cap. 
 -0.0352   -0.0409   -0.0396   

  [0.00362]    [0.0287]   [0.0301]   [0.0298]   
                   

Market-to-Book 
  0.0004   Dummy *  

Market-to-Book 
 -0.0004   0.0001   0.0001   

  [0.0005]    [0.0007]   [0.0002]   [0.0002]   
                   

Preferred shares 
  4.1843 ***  Dummy *  

Preferred shares 
 -5.0490 ***  0.8243   0.7875   

  [1.0087]    [1.5327]   [0.5909]   [0.5036]   
                   

Stock price 
  0.0021 **  Dummy *  

Stock price 
 0.0037 *  0.0043   0.0049   

  [0.0008]    [0.0019]   [0.0031]   [0.0031]   
                   

Total Assets 
  -0.2621   Dummy *  

Total Assets 
 0.2955 **  -0.3372 **  -0.36421 ***  

  [0.3480]    [0.1454]   [0.1429]   [0.1297]   
                   

Total Return 3M 
  -0.0703   Dummy *  

Total Return 3M 
 -0.1426   -0.0814   -0.0759   

  [0.1061]    [0.2519]   [0.1625]   [0.1464]   
                   

Total Return 6M 
  -0.0078   Dummy *       

Total Return 6M 
 -0.0538   0.0502   0.0357   

  [0.0245]    [0.0569]   [0.0472]   [0.0401]   
                   

Total Return 12M 
  -0.03632   Dummy *  

Total Return 12M 
 0.0969   -0.0506   -0.0410   

  [0.03072]    [0.0589]   [0.0391]   [0.0392]   
                   

Volatility 
  -0.0130 ***  Dummy *  

Volatility 
 0.0087   0.0018   -0.0006   

  [0.0043]    [0.0097]   [0.0032]   [0.0036]   
                 

Controls 
 

No 
  

Controls 
 

Yes 
  

Yes 
  

Yes 
  

          
                

Fixed Effects 
  Firm & 

Quarter 

  
Fixed Effects 

 Firm & 

Quarter 

  Firm & 

Quarter 

  Firm & 

Quarter 

  
           

                   

Errors 
  Cluster 

Industry 

  
Errors 

 Cluster 

Industry 

  Cluster 

Industry 

  Cluster 

Industry 

 
 

          
                 

R2   0.1017     0.2450   0.4770   0.5111   

Observations   37,488     37,488   37,488   37,488   
In the sake of sparing space, we did not explicitly present each of 14 control variables coefficient in Models 1, 2 and 3. The control variables herein mentioned are the stock characteristics for 

which we present the coefficient of its interaction terms, but not the coefficient for its level variable. This option, not to present the level coefficients, is due to the fact that we are mainly 

interested in the differences, in terms of preferences, between the groups of investors. Thus, we focused on presenting the coefficients of the interaction terms. We highlight that these 

coefficients can be presented upon request. The set of control variables comprise the following 14 characteristics: Accruals, Age, Beta, Dividend Yield, Liquidity, Market Capitalization, 

Market-to-Book ratio, Preferred shares, Stock price, Total Assets, Total return (accumulated over the last 6 and 12 months) and Volatility.  

Standard errors presented in brackets. 

*, ** and *** indicate statistical significance at the 10%, 5% and 1% two-sided test levels, respectively 
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5.2. Liabilities of Foreignness and Home Bias 

 

To account for the size of funds and to properly address our Hypothesis 1, 2 and 3, we 

followed Chan et. al. (2005) and constructed one proxy of Home Bias. With this variable on 

hand, we could adequately perform multivariate data tests to access whether LoF affects or 

not Home Bias.  

Before approaching the multivariate data tests, we present a fund-investor-country-level 

dispersion diagram that exhibit incipient evidence of the effects of LoF over Home Bias. This 

diagram (Figure 2)32 summarize the Home Bias level of foreign fund investors at their country 

level, presenting the Home Bias level exhibited by the median fund of each investor country, 

according to the degree of LoF they face. As evidenced by this figure, increases in the degree 

of LoF lead foreign investors to underweight LatAm opportunities in their portfolio, 

increasing their degree of Home Bias. Thus, this finding, although simplistic, depicts the 

existence of a positive linear association between LoF and HB. 

As elucidated in the dispersion diagram, 7 from the 8 High LoF countries are situated in 

the upper right quadrant and above the Global Market Portfolio (“GMP”) landmark, what 

indicates that they underweight LatAm investment opportunities in their portfolio, compared 

to the GMP. On the same way, 7 of the 9 Low LoF countries are situated on the left lower part 

of the figure and below the GMP landmark, what suggests that they overweight LatAm 

investment opportunities in their portfolio. Thus, this bivariate figure present preliminary 

evidence that the degree of LoF faced by investors indeed affect their Home Bias level33. 

 

 

 
32 Figure 2 demonstrates the median LatAm country Home Bias index of all funds (considering the 25th largest fund sample) belonging to 

each investor country during the 2002-2018 period. This figure is restricted to 17 different jurisdictions due to the fact that two of the 

jurisdictions included in our analysis did not presented any fund included in the 25th largest fund sample. These jurisdictions are 

respectively: Australia (High LoF country in almost all invested LatAm countries) and Greece (Low LoF country in almost all invested 
LatAm countries). 

33 To further present some intuitiveness to what is exposed in Figure 2, we highlight that the two countries with the lowest degrees of LoF in 

relation to LatAm are Portugal and Spain. Both these countries have respectively colonized almost all LatAm region, what may justify the 
low degrees of LoF presented, probably as a consequence of still sharing innumerous attributes as: language, culture, historical background, 

legal framework and accounting standards (La porta et. al, 1998; Hofestede 2001; Griblatt and Keloharju, 2001; Leuz et. al., 2003; Bae et. 

al., 2008; Guiso et. al 2009). As evidenced, the Home Bias index exhibited by the median fund domiciled in Portugal and Spain 
demonstrates that these investors strongly overweight LatAM investment opportunities in their portfolios, appointing that they are not HB in 

relation to LatAm. 

On the other hand, on upper right part of the chart, Figure 2 depicts Unites States and United Kingdom as the countries with the highest 
degrees of LoF in relation to LatAm. Following the existing literature, this position seems completely plausible as these countries are 

common law jurisdictions, present different cultures and historical background and admit accounting and disclosure standards which by far 

diverge from LatAm countries patterns (La porta et. al, 1998; Hofestede 2001; Leuz et. al., 2003; Bae et. al., 2008; Chan et. al. 2009; 
Aggarwal et. al. 2012). In line with our findings, previous studies have demonstrated that investors from economically developed 

jurisdictions, on average, avoid allocating a greater part of their financial resources in: smaller stock markets, high concentrated markets, 

countries with poor degrees of corporate governance and non-English speaking countries (Kang and Stulz, 1997; Dalhquist et. al., 2003; 
Aggarwal et. al., 2005; Chan et. al., 2005; Ferreira and Matos 2008; Kho et. al., 2009). 
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Figure 2 - Association between LoF of investor countries and Home Bias 

 

 

 

 

Prepared by the authors 

 

To add supportive evidence to our bivariate and preliminary finding, we present Table 5, 

which demonstrates the results of the multivariate data regression performed with the Chan et. 

al. (2005) HB variable. This table present 11 different regression models, which, step by step 

access the effects of LoF over Home Bias. To properly address our Hypothesis 1, 2 and 3 and 

access the effects of LoF over HB, we partitioned Table 5 in four different subgroup of 

regressions. The first two columns (Models 0.1 and 1.1) were designed to evidence the effects 

of LoF over Home Bias and address our Hypothesis 1. Models 0.2 to 2.2 focus on accessing 

the information asymmetry channel by which LoF is supposed to affect Home Bias. The 

behavioral channel is accessed in Models 0.3 to 2.3 and, lastly, the effects of the two channels 

are jointly accessed in Models 0.4 to 2.4.      

Initially, Table 5, Model 0.1, present the most incipient regression (basic model) and do 

not take into account the LoF variable. The results of this model, which present our control 

variables, are majorly aligned with Chan et. al. (2005) and demonstrate that foreign investors 

who seek to allocate capital in LatAm countries avoid investing in countries with poor Credit 

Ratings and small flows of Foreign Direct Investment inwards. We highlight that, in addition 

to the control variables, we stressed our model suppositions and controlled all our regression 

models for the potential effects of unobserved variables by adding fixed effects at the: LatAm 

invested country level, investor country level and year.     
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In the subsequent model (Model 1.1), to properly address our Hypothesis 1, we included 

the LoF Factor34 as an independent variable. The result of this exhibits a positive and 

statistically significant coefficient for this main variable of interest, what indicates that an 

increase in the degree of the LoF faced by foreign investors lead to increases in the degree of 

Home Bias exhibited by them (LoF = 1.1227). As evidenced along the all the first line of 

Table 5, this positive relation between LoF and HB holds irrespectively of the model 

specifications and the Home Bias variable used in the analysis. Thus, these results corroborate 

with all preliminary findings previously elucidated, supporting our Hypothesis 1 and 

presenting robust evidence that Liabilities of Foreignness lead foreign investors to Home 

Bias. 

  Moving one step forward, we now focus on addressing Hypothesis 2 and demonstrating 

that one of the channels by which LoF affects Home Bias is through information 

asymmetries. To do so, in Models 0.2 to 2.2 of Table 5, we included an information 

asymmetry attenuating variable (Analysts’ recommendations). The results of Models 0.2 to 

2.2 evidence that the coefficients of Analyst Recommendations, are consistently negative and 

statistically significant. These results suggest that foreign investors allocate a greater fraction 

of their portfolio in countries whose companies are recommended by analysts (Analyst = -

0.7426; -0.7525; -0.6256). 

Additionally, to specifically access the information asymmetry channel by which LoF 

affects Home Bias, we included, in Model 2.2, an interaction term between Analysts’ 

Recommendations and the LoF Factor. The results of this model suggest that, as the degree of 

LoF and the number of analyst’s recommendation increase, the effects of LoF over home Bias 

are alleviated (Analyst * LoF = -0.1319) . Thus, this finding indicates that the degree of Home 

Bias exhibited by High LoF investors may be mitigated in the presence of an informational 

asymmetry attenuating factor, presenting supportive evidence in favor of the implicit barrier’s 

explanation of Home Bias.  

     One potential explanation for the existence of this channel is that differences in terms 

of Institutional and Informational dimensions of LoF lead foreigners to face informational 

disadvantages in foreign stock markets. In the presence of an informational asymmetry 

moderating/mediating factor (Analysts’ recommendations), the informational disadvantage 

faced by foreign investors may be alleviated, as analysts act as intermediary agent parties 

gauging and providing information to market participants (Lang et. al., 2003a, 2003b). Thus, 

 
34 The LoF factor is a continuous variable which resulted from the principal component analysis previously proposed by Baik et. al. (2013). 
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Analysts’ recommendations may facilitate or reduce the costs incurred by foreign investors to 

access and process information about assets listed in other jurisdictions. Hence, in the 

presence of this “favorable” informational environment, investors may feel more prone to 

invest in LatAm as the difference in terms of the two retro cited LoF dimensions, which lead 

to informational disadvantages, were alleviated. 

Back to Table 5, Models 0.3 to 2.3 address the effects of the behavioral channel over 

Home Bias. To properly conduct these tests, we included a variable that proxies for 

overconfidence (Asset manager’s experience) as an explanatory variable in the regression. As 

evidenced in Models 0.3 and 1.3, experienced managers more intensively avoid allocating 

assets in LatAm stock markets, as the coefficients of the Experience variable are positive and 

statistically significant. (Experience = 0.0613; 0.0612). These findings evidence that 

experienced managers are more strongly overconfident, in line with Menkhoff et. al. (2013), 

and that this excess of confidence may lead these investors to excessively trust their abilities 

and capabilities of over performing in the home country stock markets, inducing them to 

Home Bias (Lutje and Menkhoff, 2007).     

To precisely address Hypothesis 3 and test whether one of the channels by which LoF 

affect Home Bias is through a behavioral effect, we included the moderator effect in Model 

2.3, an interaction term between the LoF variable and Asset manager’s experience. The 

results presented in Table 5 exhibit a positive and statically significant coefficient for this 

interaction term (LoF * Experience = 0.0255). This result suggests that as managers get more 

experienced (overconfident) they more strongly avoid investing in countries they face severe  

degrees of LoF. Additionally, we highlight that, with the inclusion of the interaction term, the 

level variable Experience lost its statistical significance, what suggest that the behavioral 

effect of overconfidence that lead investors to Home Bias majorly results from the existence 

of Liabilities of Foreignness.  

Due to the absence of a consensus about the relation between experience and 

overconfidence in the existing literature, and in the sake of attesting that our results are 

consistent, we performed robustness tests with a secondary moderator variable (Asset 

manger’s age) as a proxy for this behavioral channel. The results presented by these tests are 

qualitatively similar to the ones herein explicitly presented. Hence, these findings indicates 

that the degree of Home Bias exhibited by High LoF investors is aggravated in the presence 

of a behavioral bias catalyzing factor, what supports the existence of the behavioral 

explanation of Home Bias.  
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A conceivable explanation for this behavioral channel is that differences in the Cultural 

and Familiarity dimensions of LoF may induce foreign investors to fell aggravated effects of 

the perceived superior ability to over perform in the local market (Lutje and Menkhoff, 2007). 

Difference in these two dimensions of LoF may lead international investors to fell even more 

confident about investing in their home jurisdictions due to the awaited underperformance 

they are expected to enjoy in foreign jurisdiction (Shukla and Inwegen, 1995); majorly in the 

ones they face harshened degrees of LoF (Baik et. al., 2013). Thus, in the presence of 

Liabilities of Foreignness, overconfident managers may more strongly opt to keep the greatest 

part of their assets home stock markets. 

Lastly, to jointly access the effects of the two above presented channels, Models 0.4 to 2.4 

simultaneously include the information asymmetry and the behavioral explanatory variables. 

As evidenced in Table 5, Models 0.4 and 1.4, the coefficients of the information asymmetry 

and the overconfidence variable are, respectively, negative and positive, aligned with our 

previous expectation and with the existing theory. Additionally, Model 2.4 evidences that the 

coefficient of both moderating variables maintain their signal and statistical significance, even 

when taken together (Analyst * LoF = -0.1475; Experience * LoF = 0.0319). This finding 

corroborates with our Hypothesis 2 and 3, presenting robust evidence that LoF affect Home 

Bias through the two channels herein proposed and supporting the implicit barriers and the 

behavioral explanations of Home Bias.  
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Table 5 – The effects of LoF over Home Bias 

This table presents the results of the regressions of the Home Bias index (Chan et. al., 2005) over the Liabilities of Foreignness factor (Baik et. al., 2013). Models 0.x (0.1, 0.2, 0,3 and 0.4) presents our basic models, regressing  the Home Bias variable and the variables of interest  

existing over the control variables proposed by Chan et. al. (2005), but without the inclusion of LoF. Models 1.x (1.1, 1.2, 1.3 and 1.4) include the LoF factor, a continuous variable, in the models. Models 2.x (2.1, 2.2, 2.3, and 2.4) include the interaction variable which takes into account 

the moderating factor that shall reveal the channel by which informational asymmetry and managers’ behavior impacts LoF effects over Home Bias. Models 0.1 and 1.1 access the effects of LoF over Home Bias. On one hand, Models 0.2 to 2.2 access the effects of information 

asymmetry over Home Bias (implicit barriers explanation). On the other hand, Models 0.3 to 2.3 access the effects of managers’ behavior over Home Bias (behavioral explanation). Ultimately, Models 0.4 to 2.4 access the joint effects of both channels over Home Bias. We highlight that 

all models herein presented were performed with harshened suppositions, accounting and controlling for unobserved variables, as invested country, investor country and year fixed effects were included. Additionally, we clustered all errors at the year level to account for all non-

independent variance of the error terms. 
                                  

  LoF effect over Home Bias   Information asymmetry channel   Behavioral channel   Joint effect of channels  

  Model 0.1   Model 1.1   Model 0.2   Model 1.2   Model 2.2   Model 0.3   Model 1.3   Model 2.3   Model 0.4   Model 1.4   Model 2.4  

Independent 

variables    

Home 

Bias    

Home 

Bias    

Home 

Bias  

  Home 

Bias  

  Home 

Bias  

  Home 

Bias  

  Home 

Bias 

  Home 

Bias 

  Home 

Bias 

  Home 

Bias 

 
 

Home 

Bias 

 

LoF 
     1.1227 ***     1.1875 ***  1.1184 ***     1.3849 ***  0.9782 ***     1.4709 ***  0.8859 *** 

     [0.1873]      [0.1869]   [0.2137]      [0.1961]   [0.1366]      [0.1948]   [0.1602]  
             

    
           

       
 

Analyst 
       -0.7426 ***  -0.7525 ***  -0.6256 ***           -0.6338 ***  -0.6515 ***  -0.4990 *** 

       [0.0863]   [0.0877]   [0.0854]            [0.0986]   [0.1001]   [0.0988]  
                                    

LoF *Analyst 
              -0.1319 ***                 -0.1475 *** 

              [0.0335]                  [0.0366]  
                                    

Experience 
                0.0613 **  0.0612 **  0.0222   0.0612 **  0.0611 **  0.0112  

                [0.0220]   [0.0220]   [0.0340]   [0.0220]   [0.0220]   [0.0348]  
                                  

LoF *Experience 
                      0.0255 **        0.0319 *** 

                      [0.0096]         [0.0097]  
                                  

Assets (funds) 
  1.2605 ***  1.2605 ***  1.2609 ***  1.2609 ***  1.2520 ***  1.2649 ***  1.2653 ***  1.2772 ***  1.2651 ***  1.2656 ***  1.2711 *** 

  [0.0644]   [0.0645]   [0.0643]   [0.0645]   [0.0660]   [0.0837]   [0.0838]   [0.0830]   [0.0836]   [0.0838]   [0.0844]  
                                    

Credit rating 
  -0.2451 *  -0.2581 *  -0.0196   -0.0303   -0.0316   -0.2232 *  -0.2340 *  -0.2361 *  -0.0150   -0.0207   -0.0283  

  [0.1352]   [0.1377]   [0.1082]   [0.1095]   [0.1088]   [0.1223]   [0.1224]   [0.1232]   [0.1081]   [0.1071]   [0.1096]  
                                    

FDI 
  -0.1521 *  -0.1439   -0.1140 *  -0.1048   -0.1061   -0.1852 **  -0.1740 **  -0.1752 **  -0.1438 **  -0.1308 **  -0.1379 ** 

  [0.0821]   [0.0827]   [0.0609]   [0.0604]   [0.0617]   [0.0759]   [0.0782]   [0.0782]   [0.0592]   [0.0603]   [0.0630]  
                                    

GDP growth 
 -12.295   -12.453   2.7845   2.8179   2.5103   -5.2819   -5.2501   -5.2539   6.2517   6.6085   5.9046  

 [21.882]   [21.894]   [15.741]   [15.833]   [16.046]   [19.910]   [19.970]   [20.011]   [15.419]   [15.578]   [16.108]  
                                    

GDP per capita 
  0.2165   0.2376   -0.0192   0.0001   0.0149   -0.0932   -0.0582   -0.0642   -0.2779   -0.2459   -0.2229  

  [0.1445]   [0.1483]   [0.1055]   [0.1075]   [0.1075]   [0.1220]   [0.1248]   [0.1246]   [0.1036]   [0.1039]   [0.1055]  
                                    

Market Size 
  0.6388   0.6428   0.8856 *  0.8932 *  0.9126 *  0.4981   0.5261   0.5222   0.7066 *  0.7422 *  0.7903 * 

  [0.3705]   [0.3674]   [0.4307]   [0.4225]   [0.4221]   [0.3682]   [0.3751]   [0.3718]   [0.3826]   [0.3871]   [0.3832]  
                                    

Turnover 
  -3.3951   -3.4304   -1.7161   -1.7311   -1.7150   -3.3527   -3.3887   -3.3855   -1.9435   -1.9422   -2.0020  

  [2.7400]   [2.7839]   [2.3658]   [2.4000]   [2.4150]   [3.1747]   [3.2455]   [3.2349]   [2.7974]   [2.8579]   [2.8396]  
                                    

Fixed Effects 
  Country 

& Year 

  Country 

& Year 

  Country 

& Year 

  Country 

& Year 

  Country 

& Year 

  Country 

& Year 

  Country 

& Year 

 
 

Country 

& Year 

  Country 

& Year 

  Country 

& Year 

  Country 

& Year 

 

                      
                                    

Errors 
  Cluster 

Year 

  Cluster 

Year 

  Cluster 

Year 

  Cluster 

Year 

  Cluster 

Year 

  Cluster 

Year 

  Cluster 

Year 

 
 

Cluster 

Year 

  Cluster 

Year 

  Cluster 

Year 

  Cluster 

Year 

 

                      
                                  

R2   0.2451   0.2464   0.2508   0.2522   0.2540   0.2685   0.2702   0.2715   0.2725   0.2744   0.2777  

Observations   15,169   15,169   15,169   15,169   15,169   11,478   11,478   11,478   11,478   11,478   11,478  
Standard errors presented in brackets. 

*, ** and *** indicate statistical significance at the 10%, 5% and 1% two-sided test levels, respectively 
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6. ROBUSTNESS TEST 

 

In the sake of attesting the relevance, representativeness and robustness of our results, we 

performed a series of robustness tests. We performed: (i) The Gompers and Metrick (2001) 

test which was applied by Baik et. al. (2013) to attest that LoF affects foreign investors in the 

U.S. stock market; (ii) Tests to access the effects of LoF over Home Bias with the split of 

investors in two groups: the ones facing less intense degrees of LoF (Low LoF group) and the 

ones facing harshened degrees of LoF (High LoF group)35; (iii) Tests to access the effects of 

LoF over Home Bias with the use of fund manager’s age as the behavioral 

moderating/mediating variable36; and (iv) Tests to access whether LoF affect HB with the use 

a sample of foreign institutional investors who allocated assets in LatAm from 2002 to 

201837. The results of these tests are qualitatively similar to the ones explicitly presented over 

this paper and support that our findings are consistent and non-sample exclusive. 

 We highlight that the test for our Hypothesis 3 performed over the Institutional Investor 

database did not exhibited statistical significance. Even though recognizing that the 

Institutional Investor database used to run the robustness test is largely smaller, what may 

justify the absence of statistical significance, we cannot affirm that  the effects of the 

behavioral channel, by which we assert that LoF affect Home Bias, indeed hold for all the 

class of institutional investors. Thus, although this finding does not flunk with our Hypothesis 

3, it demonstrates a weakness, suggesting that the information asymmetry channel may be 

prominent over the behavioral channel. 

Lastly, we tried to perform robustness tests with a secondary alleviating information 

asymmetry variable (ADR38), but the results did not show consistency and hence were not 

included in the paper.      

 

7. FINAL REMARKS 

 

In this paper we extended the existing literature about Home Bias and Liabilities of 

Foreignness presenting robust evidence that LoF lead foreign investors to HB. According to 

our results, the differences in terms of the four dimensions of LoF: Institutional environment, 

 
35 The results of this tests are presented in Table A.8 in the Appendix.  
36 The results of this tests are presented in Table A.9 in the Appendix. 
37 The results of this tests are presented in Table A.10 in the Appendix. All other robustness tests results can be presented upon request. 
38 ADR refers to American Depositary Receipt, a cross-listed security, which according to Ahearne et. al. (2004), may act as a proxy for an 

information asymmetry alleviating measure.  
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Informational costs, Cultural background and Familiarity, induce foreign investors to avoid 

diversifying internationally, as investors who face harshened degrees of LoF more 

pronouncedly underweighted non-domestic stock markets in their portfolios. Our results go 

further and demonstrate that LoF affect Home Bias through two channels: (i) information 

asymmetries and (ii) overconfidence, as once this factors are alleviated, the effects of LoF 

over Home Bias decrease. 

Taken together, the information asymmetry and the behavioral channel, herein empirically 

tested, present supportive evidence in favor of the implicit barrier’s and the behavioral 

explanations of the Home Bias friction. Although both channels exhibited robust evidence to 

drive LoF effects over Home Bias in the fund-investor holding level database sample, when 

accessed through the use of the Institutional Investor’s sample, in the robustness tests, the 

behavioral channel did not exhibited consistency, what restricts the inferences about this 

channel. Thus, we highlight that, despite not flunking with our Hypothesis 3, this results 

suggests that the informational asymmetry channel exhibits a more prominent effect was is 

aligned with the following arguments: (i) differences in the four dimensions of LoF seem to 

impose harshened informational disadvantages for international investors who seek to allocate 

capital in foreign jurisdictions (Bell et. al. 2012; Baik et. al. 2013); and (ii) the most important 

factor behind the implicit barriers of Home Bias is information asymmetry (Ahearne et. al., 

2004; Bradshaw et. al., 2002).    

Conjointly our results extend the preliminary findings presented by Baik et. al. (2013) that 

LoF would exclusively lead foreign to underperform in non-domestic stock markets. As we 

demonstrated, LoF has a more pervasive side as it drives foreign investors to avoid allocating 

assets in emerging market economies, inducing Home Bias and affecting the distribution of 

assets in capital markets all around the world. In addition, our results corroborate with the 

arguments previously presented by Grinblatt and Titman (2001) and Bell et. al. (2012) who 

argued that Home Bias was a large multifaceted phenomenon simultaneously affected by a 

series of factors. Notwithstanding, our results suggest that a substantial parcel of Home Bias, 

which had not decreased through time, not even after the great advances in market integration 

(Levy and Levy, 2014; Levy, 2017), may result from structural factors as language, culture 

and other intrinsic human or local factors.       

Finally, we highlight that although this research presented suggestive evidence that LoF 

affect Home Bias, there are several caveats and limitations that may bond our results, for 

example: (i) our data sample is limited to six LatAm stock markets that may not properly 

represent other economies; (ii) due to data limitations, our deeper level of granularity is the 
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security-quarter-level and we may be blind to some intra-quarter trades; (iii) due to data 

limitation,  we applied the concept of Home Bias used by Chan et. al. (2005) which is a proxy 

measures of this phenomenon and may not exactly access investors’ Home Bias levels. We 

expect future researches to be interested about this theme and to address some of these issues. 
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9. APPENDIX 

 
 

Table A.1 -Variables details  

  

             

Security-quarter level data analysis   

             

Variable name:  Definition:  Data source:  References  
Expected 

signal: 

Accrualss,t   
Total accruals calculated as: ((Net income - Operating cash) / Lagged total 
assets) 

 
Eikon Thompson 

Reuters and 

Bloomberg 

 Bradshaw et. al. (2004) 

Leuz et. al. (2009) 

Baik et. al. (2013) 

 

Negative 

             

ADRs,t   
Dummy variable which indicates whether the company is listed in the U.S. 

stock markets with and ADR program 
 

Eikon Thompson 

Reuters and 

Bloomberg 

 Dahlquist et. al. (2003) 

Ahearne et. al. (2004) 

Ferreira & Matos (2008) 

 

Positive 

             

Ages,t   
Number of years since the date the company started being listed in the stock 

market. 
  

Eikon Thompson 

Reuters and 

Bloomberg 

 Falkstein (1996) 

Gompers & Metrick. (2001) 

Piccioni et. al. (2012) 

 

Positive 

             

Analystss,t   
Number of analysts’ recommendations provided for that company during the 
last quarter.  

  
Eikon Thompson 

Reuters and 

Bloomberg 

 Aggarwal et. al. (2005) 

Ferreira & Matos (2008) 

Piccioni et. al. (2012) 

 

Positive 

             

Betas,t   
Correlation between the daily stock returns and the main country indexes 

stock return calculated during the last quarter. 
  

Eikon Thompson 

Reuters and 

Bloomberg 

 Falkstein (1996) 

Edison and Warnock (2008) 

Piccioni et. al. (2012) 

 

Negative 

             

Dividend Yields,t   
(Total cash dividend distributed over last year / Price of stock at period of 

time "t") 
  

Eikon Thompson 

Reuters and 

Bloomberg 

 Dahlquist & Robertsson (2001 

Covrig et. al. (2006) 

Ferreria & Matos (2008) 

 

Negative 

         

Foreign s,t  
A Dummy variable which equals 1 if the equity ownership of the security “s” 

in time “t” over analysis belong to the group of Foreign fund investors. 
 

  

Piccioni et. al. (2012) 
 

Negative 

             

Liquidity - Turnovers,t  
(Monthly USD Milions or Bilions) 

  
Average monthly value traded over the last 3 months. (Presented in Billions 

when no other specification is explicitly mentioned.) 
  

Eikon Thompson 

Reuters and 

Bloomberg 

 Dahlquist & Robertsson (2001) 

Gompers & Metrick (2001) 

Edison and Warnock (2008) 

 

Positive 

             

LoFs,t  
A Dummy variable which equals 1 if the equity ownership of the security “s” 
in time “t” over analysis belong to the group of High LoF fund investors. 

  
  

Baik et. al. (2013) 
 

Negative 

         

Market Caps,t  
(USD Milions) 

  Total Market Capitalization of security "s"   
Eikon Thompson 

Reuters and 

Bloomberg 

 Kang & Stulz (1997) 

Edison and Warnock (2008) 

Ferreira & Matos (2008) 

 

Positive 

             

Preferred sharess,t   Dummy variable which indicates whether the security is a preferred share1.    
Eikon Thompson 

Reuters and 

Bloomberg 

 
Dahquist et. al. (2003) 

Kho et. al (2009) 

 

Positive 

             

Market-to-Books,t   (Market capitalization of equity / Book value of equity)   
Eikon Thompson 

Reuters and 

Bloomberg 

 Kang & Stulz (1997) 

Dahlquist & Robertsson (2001) 

Covrig et. al. (2006) 

 

Negative 

             

Stock prices,t   Price of security "s" at the end of quarter "t"   
Eikon Thompson 

Reuters and 

Bloomberg 

 Falkstein (1996) 

Gompers & Metrick. (2001) 

Piccioni et. al. (2012) 

 

Positive 

             

Total Assetss,t (USD Milions)   Total value of the assets of the company   
Eikon Thompson 

Reuters and 

Bloomberg 

 Aggarwal et. al. (2005) 

Piccioni et. al. (2012) 

Baik et. al. (2013) 

 

Positive 

             

Total Return last 3 

Monthss,t 
  Accumulated total return of security "s" over the last 3 months   

Eikon Thompson 

Reuters and 

Bloomberg 

 Gompers & Metrick (2001) 

Agarwal et. al. (2005) 

Baik et. al. (2013) 

 

Negative 

             

Total Return last 6 

Monthss,t 
  Accumulated total return of security "s" over the last 6 months   

Eikon Thompson 

Reuters and 

Bloomberg 

 Gompers & Metrick (2001) 

Agarwal et. al. (2005) 

Baik et. al. (2013) 

 

Negative 

             

Total Return last 12 
Monthss,t 

  Accumulated total return of security "s" over the last 12 months   
Eikon Thompson 

Reuters and 

Bloomberg 

 Gompers & Metrick (2001) 

Agarwal et. al. (2005) 

Baik et. al. (2013) 

 

Negative 

             

Volatilitys,t   
Standard deviation of daily traded prices of the security "s" during the last 3 

months 
  

Eikon Thompson 

Reuters and 

Bloomberg 

 Gompers & Metrick (2001) 

Covrig (2006) 

Baik et. al. (2013) 

 

Negative 

             

Fund level data analysis     

             

Variable name:  Definition:  Data source:  References  
Expected 

signal: 

ADRf,c,t   
(Number of companies with ADR programs listed in U.S. stock markets at 
country "c" stock market at quarter "t" / Total number of securities listed at 

country "c" stock market at the end of the year "t") 

 
Eikon Thompson 

Reuters and 

Bloomberg 

 
Ahearne et. al. (2004) 

Agarwal et. al. (2005) 

Kho et. al. (2009) 

 

Negative 

         

Agem,f,t  

Age of manager “m” at the fund “f” during the year “t”. This variable is 

measured in terms of years and represent the number of years since the date 

that the fund asset manager was born.  

 

Morningstar 

Bloomberg 

Reuters 

Linkedin 

 
Pliske et. al. (1996) 

Hansson et. al. (20008) 

Menkhoff et. al. (2013) 

 

Positive 
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Analystsf,c,t   
Average number of analysts’ recommendations provided for the companies 

listed at the country "c" stock market over the last 3 months at quarter “t”. 
  

Eikon Thompson 

Reuters and 

Bloomberg 

 Aggarwal et. al. (2005) 

Ferreira & Matos (2008) 

Piccioni et. al. (2012) 

 

Negative 

             

Assets (funds)f,t  
The natural logarithm of the Total Assets held by fund “f” at the end of the 

year “t” 
 

Eikon Thompson 

Reuters and 

Bloomberg 

 Indro et. al. (1999) 

Pollet & Wilson (2008) 

Baik et. al. (2013) 

 

Negative 

          

Credit ratingc,t  

A credit rating score which ranges from 1 to 30 and follows the LatAm 

countries classification in the S&P credit rating measure.  S&P credit rate 
measure starts with country’s classified as in “D” when a country obligation 

would be expected to be defaulted. On the other the other extreme of S&P 

credit rating measure is the AAA+ classification, which would indicate the 
obligor’s highest-level capacity to meet its financial obligations. The scoring 

procedure herein applied is similar to the one used by Kisgen (2003), starting 

with “D” classified countries receiving grade “1” and countries classified 
with AAA+ receiving grade “30”.   

 
S&P credit rating 

reports 

 

Chan et. al. (2005) 

 

Negative 

         

Experiencem,f,t  

Experience of manager “m” at the fund “f” during the year “t”. This variable 
is measured in terms of years and represent the number of years that the fund 

asset manager has been working in the industry.  

 

Morningstar 

Bloomberg 

Linkedin 

 
Gervais and Odean (2001) 

Menkhoff et. al. (2006) 

Menkhoff et. al. (2013) 

 

Positive 

         

FDIc,t  

Net foreign direct investments inflows received by the LatAm country “c” 

during the year “t”, divided by the country total year Gross Domestic 

Product. 

 
The World Bank 

database 

 

Chan et. al. (2005) 

 

Negative 

         

GDP growthc,t  
The yearly proportional increase or decrease observed in the LatAm country 

“c” Gross Domestic Product in year “t”. 
 

The World Bank 

database 

 

Chan et. al. (2005) 

 

Negative 

         

GDP per capitac,t  
The per capita Gross Domestic Product of LatAm country “c” in year “t”. 

This variable is measured in terms of thousands of U$$. 
 

The World Bank 

database 

 
Agarwal et. al. (2005) 

Chan et. al. (2005)  

 

Negative 

         

LoFf,c  

The main variable of interest which gauges the level of Liabilities of 

Foreignness faced by each fund in each invested LatAm country. In the sake 

of attesting that our results were robust to the LoF variable specification we 
applied: (i) the LoF factor as in Baik et. al. (2013); (ii) the LoF dummy which 

split funds in Low and High LoF as in Baik et. al. (2013) and (iii) the LoF 

quartile dummy, which split the funds that belong to the first and fourth 
quartiles of the LoF factor measure.  

  

Extensively 

described in the 

next section of this 

table: LoF 

subdimension 

variables 

 

Baik et. al. (2013) 

 

Positive 

         

Market sizec,t  
Total LatAm country “c” stock market size at the end of year “t”, divided by 

the country total year Gross Domestic Product. 
 

The World 

Federation of 

Exchanges and  

The World Bank 

databases 

 

Chan et. al. (2005) 

Ferreira & Matos (2008) 

Kho et. al. (2009) 

 

Negative 

         

Turnoverc,t  

Total LatAm country “c” stock market electronic orders book traded (in 

terms of U$$) during year “t”, divided by the country total year Gross 
Domestic Product. 

 

The World 

Federation of 

Exchanges and  

The World Bank 

databases 

 

Ahearne et. al. (2004) 

Chan et. al. (2005) 

Kho et. al. (2009) 

 

Negative 

         

LoF subdimension variables     

            

Variable name:   Definition:  Data source:  References   

Institutional distance:           

GAAP diference   

A variable designed to gauge the difference in the GAAP between each 

invested LatAm country and the respective country of the fund investor. This 
measure was formerly designed and applied by Nobes (2001) and Bae, Tan 

and Welcker (2008) and measures the difference in 21 accounting areas, in 

accordance with International Accounting Standards, between different 

countries. 

 

Bae, Tan and 

Welcker (2008) 

 

Baik et. al. (2013) 

  

            

Investor protection   

A principal component established between the variables private enforcement 

and ant-directors right. The variable that substantiated the estimation of the 

principal component were extracted from La Porta, Lopez-de-Silanez, 
Shleifer and Vishny (1998). 

 
La Porta, Lopez-de-

Silanez, Shleifer 

and Vishny (1998). 

 

Baik et. al. (2013) 

  

            

Information cost:           

Disclosure quality   

An index created to gauge the disclosure quality degree of countries 

according to their GAAP requirements regarding disclosure. This index was 

formerly developed by the Center for International Financial Analysis and 
Research to evaluate the disclosure level of different companies, in different 

countries, according to 90 items that included: general information, income 

statements, balance sheets, funds flow statement, accounting standard, stock 
data and special items. This variable was extracted from La Porta, Lopez-de-

Silanez, Shleifer and Vishny (1998). 

 
La Porta, Lopez-de-

Silanez, Shleifer 

and Vishny (1998). 

 

Baik et. al. (2013) 
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Earnings quality3-i   

A composite index developed by Leuz, Nanda and Wysocki (2003) to access 

the degree of earning management of companies. This index is  includes: (i) a 

country's measure of mean ratio of the firm level standard deviation between 
operating income and cash flow, (ii) a country's measure of Spearman 

correlation between change in accruals and change in cash flow from 

operations, (iii) a country's measure of mean ratio of value of accruals 
(absolute) and the value of cash flow from operations (absolute), (iv) the 

number of "small profits", divided by the number of "small losses", for each 

country. 

 

Leuz, Nanda and 

Wysocki (2003) 

 

Baik et. al. (2013) 

  

            

Unfamiliarity cost:           

Export3-ii (milions USD)   

The average total amount exported by each country during the 2002-2018 
time window.  

Extracted from the International Monetary Fund, including goods and 

services. 

 

The international 

Monetary Fund 

Database 

 

Baik et. al. (2013) 

  

            

Distance (miles)   
The physical distance between the economic center of the invested LatAm 
country and the fund investor's country. Economic center was defined as the 

largest city in terms of population. 

   
Baik et. al. (2013) 

  

            

Cultural differences:           

Cultural distance   

A variable designed to gauge the differences between the LatAm invested 
country and the investor's country in terms of six cultural dimensions 

proposed by the Hofestede institute: (i) power distance, (ii) individualism, 

(iii) masculinity, (iv) uncertainty avoidance, (v) long term orientation, (vi) 
indulgence. These variables were previously delineated in Hofestede (2001) 

seminal book and the differences between each country's dimension were 

measured following Kogut and Singh's (1998) index of cultural distance2. 

 

Hofestede Insights 

Institution  

Database 

 

Baik et. al. (2013) 

  

            

Non-English   
Dummy value that equals one if the investor's country primary official 
language is not English. 

   
Baik et. al. (2013) 

  

            

Composite LoF factor3   

A variable that results from the application of a principal component analysis 

technique over the eight above presented variables and that represents the 
degree of liabilities of foreignness which each investor's country is exposed 

to when investing in each of the LatAm invested countries. 

   

Baik et. al. (2013) 

  

      
   

 
  

   

1 - As preferred shares on LatAm, on average do not have voting rights, they normally exhibit a higher float and are not as restricted to trade due to the existence of controlling blocks, which normally take large 

position in ordinary shares. Hence, this variable may proxy and control proxy for the eventual restriction and or preference of foreigners for stocks with higher float and not held by large controllers. 

  

       

2 - The cultural difference index proposed by Kogut and Kingh's (1998) is calculated as follows:       

 

 

 

 

 

   
 

  

Where:       

CDc1= Cultural differences index for investor country "c1" in LatAm country "c2"       

Sc1    = Score of investor country "c1" in cultural dimension "i"       

Sc2    = Score of LatmAm invested country "c1" in cultural dimension "i"       

Vc2,i = Variance of the cultural score in the dimension "i" in the invested LatAm country "c2"       

       

3 - The composite LoF factor results from the application of a principal component analysis technique over the eight variables presented over the section LoF variables. This composite variable was designed to 

gauge the level of liabilities of foreignness which each invested country in LatAm has in relation to the investor's country. Hence, the LoF factor was designed to increase as the degree of LoF increases. Hence, 

to properly reach its purposes, the variables Earnings quality and Exports required to be multiplied my (-1) as to properly be included in the principal component analysis, otherwise, their values would be 

appointing in the opposite direction of the factor of interest. In more specific terms: 

(i) Earnings quality ("EQ") - This variable gauge the average degree of earning management estimated for an specific country. Thus, this variable increases as the country over analysis demonstrates lower 

degrees of earnings management.  

Countries with lower degrees of earning management (Larger values at the variable EQ) should be less affected by liabilities of foreignness, hence as larger the value of EQ, smaller the value of LoF should be. 

For both variables to signaling the effect of interest in the same direction, EQ was multiplied by (-1) 

(ii) Exports ("Ex") - This variable measures the average amount of exports done by the investor country from 2002 to 2019. The rationale that links this variable and the LoF factor follows: 

The more exporter a country is, the less affected by liabilities of foreignness it is expected to be as it is more adapted with international issues as dealing with different regions, different costs, currencies and 

other. Hence, the variable Ex is expected to grow as the LoF Factor would be expected to reduce. Hence, for both these variables to correlate in the same direction, EQ was multiplied by (-1). 

  

 

 

 

 

 

 

 

 

 

 

𝐶𝐷𝑐1,𝑐2

=  (∑ ((𝑆𝑐1,𝑖  −  𝑆𝑐2,𝑖)
2

𝑉𝑐1⁄ )

6

𝑖=1

) 6⁄  
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Table A.2 - Correlation Matrix - LOF variables    

                                            

      

GAAP 

Diferences 
  

Investor 

Protection 
  

Disclosure 

Quality 
  

Earnings 

Quality 
  Exports 

(Milions USD) 
  Distance 

(Miles) 
  

Cultural 

Distance 
  Language   

Composite 

LOF Factor 
  

  

                                            

  
GAAP Diferences 

   -0.1452  -0.1377  -0.1461  0.2039 ** -0.1027 

 

-0.1916 ** 0.0814 

 

-0.1626 * 
  

  
   [0.1232]  [0.1441]  [0.1209]  [0.0296] 

 

[0.2769] 

 

[0.0411] 

 

[0.3894] 

 

[0.0839] 

 

  

  
Investor Protection 

 -0.231 *   0.5334 *** 0.5748 *** 0.0211 

 

-0.0636 

 

-0.0636 *** -0.1309 

 

0.6153 *** 
  

  
 [0.0134] 

 
  [0.0000] 

 

[0.0000] 

 

[0.8241] 

 

[0.5017] 

 

[0.0092] 

 

[0.1650] 

 

[0.0000] 

 

  

  
Disclosure quality 

 -0.2102 ** 0.6162 ***  
 

0.7121 *** -0.1344 

 

0.1963 ** 0.1994 ** -0.5574 *** 0.8127 *** 
  

  
 [0.0248] 

 

[0.0000] 

 
 

 

[0.0000] 

 

[0.0363] 

 

[0.0363] 

 

[0.0334] 

 

[0.0000] 

 

[0.0000] 

 

  

  
Earnings quality 

 -0.1582 * 0.6134 *** 0.7176 ***  
 

-0.2738 *** -0.1846 ** 0.0319 

 

-0.5240 *** 0.8128 *** 
  

  
 [0.0928] 

 

[0.0000] 

 

[0.0000] 

 
 

 

[0.0032] 

 

[0.0493] 

 

[0.7364] 

 

[0.0000] 

 

[0.0000] 

 

  

  
Exports (Milions of USD) 

 0.1548 

 

-0.2027 ** -0.1348 

 

-0.2625 ***  
 

0.1713 * -0.2184 ** 0.3055 *** -0.3900 *** 
  

  
 [0.1002] 

 

[0.0305] 

 

[0.1527] 

 

[0.0048] 

 
 

 

[0.0684] 

 

[0.0196] 

 

[0.0009] 

 

[0.0000] 

 

  

  
Distance (Miles) 

 -0.0923 

 

-0.0424 

 

0.1742 * -0.2505 *** 0.2191 **  
 

-0.0231 

 

0.0527 

 

-0.0166 

 

  

  
 [0.329] 

 

[0.6542] 

 

[0.0638] 

 

[0.0072] 

 

[0.0192] 

 
 

 

[0.8070] 

 

[0.5779] 

 

[0.8607] 

 

  

  
Cultural Distance 

 -0.2276 ** 0.3606 *** 0.2273 *** 0.0479 

 

-0.1548 

 

0.0458 

 
 

 

-0.0817 

 

0.2963 *** 
  

  
 [0.0149] 

 

[0.0001] 

 

[0.015] 

 

0.6131 

 

0.1000 

 

0.6283 

 
 

 

[0.3874] 

 

[0.0014] 

 

  

  
Language 

 0.1438 

 

-0.2470 *** -0.4682 *** -0.5615 *** 0.3119 *** 0.0103 

 

-0.0615 

 
 

 

-0.7422 *** 
  

  
 [0.1268] 

 

[0.0081] 

 

[0.0000] 

 

[0.0000] 

 

[0.0007] 

 

[0.913] 

 

[0.5154] 

 
 

 

[0.0000] 

 

  

  
Composite LOF Factor 

 -0.2657 *** 0.7736 *** 0.8059 *** 0.8275 *** -0.0163 *** -0.4185 *** 0.3332 *** -0.6944 ***  
 

  

  
 [0.0043]  [0.0000]  [0.0000]  [0.0000]  [0.0000]  [0.0000] 

 

[0.0003] 

 

[0.0000] 

 
 

 

  

                      
  

  
Spearman - > Upper 

Pearson - > Lower 
                   

  

  
p-values presented in brackets 

*, ** and *** indicate statistical significance at the 10%, 5% and 1% two-sided test levels, respectively   



52 

 
 

Table A.3 - LoF Variables  

                                    

Latin America Stock 

Exchange Country: 

Country investing 

in Latin America: 
  GAAP Differences   Investor Protection   Disclosure quality   

Earnings 

quality 
  

Distance  

(Miles) 
  Exports  

(Milions USD) 
  Cultural Distance   Language 

      

Nobes (2001);  

Bae, Tan and Welker (2008);  

Baik. et. al. (2013) 

  

La Porta, Lopez de Silnaez, 

Shleifer and Vishny (1998);  

Baik. et. al. (2013) 

  

La Porta, Lopez de Silnaez, 

Shleifer and Vishny (1998);  

Baik. et. al. (2013) 

  

Leuz, Nanda and 

Wysocki (2003); 

Baik. et. al. (2013) 

  Baik. et. al. (2013)   Baik. et. al. (2013)   

Kogut and Singh (1998); 

Hofestede (2001); 

Baik. et. al. (2013) 

  Baik. et. al. (2013) 

Argentina Australia   12.000   9.305   75.000   -4.800   7,332.56   -224,599.10   6.281   0 

Argentina Austria   10.000   9.248   54.000   -28.300   7,338.43   -174,294.94   11.162   1 
Argentina Belgium   8.000   9.184   61.000   -19.500   7,024.88   -358,279.75   10.389   1 

Argentina Canada   15.000   9.667   74.000   -5.300   5,566.74   -473,751.51   5.498   0 

Argentina Finland   10.000   9.727   77.000   -12.000   8,044.23   -93,396.48   5.220   1 
Argentina France   10.000   8.836   69.000   -13.500   6,866.22   -720,321.97   7.146   1 

Argentina Germany   11.000   9.054   62.000   -21.500   7,400.59   -1,427,295.73   12.440   1 

Argentina Greece   8.000   6.768   55.000   -28.300   7,261.36   -61,422.12   2.801   1 
Argentina Italy   6.000   7.537   62.000   -24.800   6,953.08   -540,623.10   9.536   1 

Argentina Japan   9.000   9.203   65.000   -20.500   11,411.70   -775,385.92   14.349   1 

Argentina Netherlands   12.000   9.757   64.000   -16.500   711.85   -580,553.64   12.529   1 
Argentina Norway   13.000   9.854   74.000   -5.800   7,610.06   -157,053.78   9.594   1 

Argentina Portugal   9.000   7.631   36.000   -25.100   5,964.16   -74,420.68   6.208   1 

Argentina Singapore   14.000   8.908   78.000   -21.600   9,865.23   -442,105.66   20.729   0 
Argentina Spain   8.000   7.775   64.000   -18.600   6,241.75   -369,087.07   3.529   1 

Argentina Sweden   10.000   9.682   83.000   -6.800   7,804.81   -213,855.72   16.423   1 
Argentina Switzerland   8.000   9.785   68.000   -22.000   7,012.60   -346,015.75   9.422   1 

Argentina United Kingdom   13.000   9.306   78.000   -7.000   6,914.24   -714,252.14   10.691   0 

Argentina United States   12.000   9.566   71.000   -2.000   5,298.42   -1,834,417.47   6.723   0 
                                    

Brazil Australia   9.000   9.305   75.000   -4.800   8,299.63   -224,599.10   11.099   0 

Brazil Austria   9.000   9.248   54.000   -28.300   6,300.10   -174,294.94   15.051   1 
Brazil Belgium   5.000   9.184   61.000   -19.500   6,002.52   -358,279.75   5.923   1 

Brazil Canada   12.000   9.667   74.000   -5.300   5,086.22   -473,751.51   7.736   0 

Brazil Finland   7.000   9.727   77.000   -12.000   7,025.53   -93,396.48   7.004   1 
Brazil France   9.000   8.836   69.000   -13.500   5,842.08   -720,321.97   3.253   1 

Brazil Germany   12.000   9.054   62.000   -21.500   6,371.25   -1,427,295.73   10.559   1 

Brazil Greece   11.000   6.768   55.000   -28.300   6,230.78   -61,422.12   1.756   1 
Brazil Italy   5.000   7.537   62.000   -24.800   5,915.80   -540,623.10   8.320   1 

Brazil Japan   8.000   9.203   65.000   -20.500   11,515.14   -775,385.92   10.735   1 

Brazil Netherlands   11.000   9.757   64.000   -16.500   6,092.66   -580,553.64   10.920   1 

Brazil Norway   10.000   9.854   74.000   -5.800   6,606.78   -157,053.78   11.219   1 

Brazil Portugal   14.000   7.631   36.000   -25.100   4,938.61   -74,420.68   5.069   1 

Brazil Singapore   11.000   8.908   78.000   -21.600   9,933.00   -442,105.66   11.128   0 
Brazil Spain   7.000   7.775   64.000   -18.600   5,210.21   -369,087.07   1.938   1 

Brazil Sweden   9.000   9.682   83.000   -6.800   6,789.85   -213,855.72   16.017   1 

Brazil Switzerland   9.000   9.785   68.000   -22.000   5,978.33   -346,015.75   9.062   1 
Brazil United Kingdom   13.000   9.306   78.000   -7.000   5,901.11   -714,252.14   12.166   0 

Brazil United States   12.000   9.566   71.000   -2.000   4,775.44   -1,834,417.47   10.321   0 
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Table A.3 - Continued 
                                    

Latin America Stock 

Exchange Country: 

Country investing 

in Latin America: 
  GAAP Diferences   Investor Protection   Disclosure quality   

Earnings 

quality 
  Distance  

(Miles) 
  Exports  

(Milions USD) 
  Cultural Distance   Language 

      
Nobes (2001);  

Bae, Tan and Welker (2008);  

Baik. et. al. (2013) 

  

La Porta, Lopez de Silnaez, 

Shleifer and Vishny (1998);  

Baik. et. al. (2013) 

  

La Porta, Lopez de Silnaez, 

Shleifer and Vishny (1998);  

Baik. et. al. (2013) 

  

Leuz, Nanda and 

Wysocki (2003); 

Baik. et. al. (2013) 

  Baik. et. al. (2013)   Baik. et. al. (2013)   

Kogut and Singh (1998); 

Hofestede (2001); 

Baik. et. al. (2013) 

  Baik. et. al. (2013) 

Chile Australia   13.000   9.305   75.000   -4.800   7,365.15   -224,599.10   14.411   0 

Chile Austria   5.000   9.248   54.000   -28.300   7,271.23   -174,294.94   20.559   1 

Chile Belgium   9.000   9.184   61.000   -19.500   6,971.40   -358,279.75   11.776   1 
Chile Canada   8.000   9.667   74.000   -5.300   5,620.67   -473,751.51   11.028   0 

Chile Finland   9.000   9.727   77.000   -12.000   7,993.22   -93,396.48   7.483   1 

Chile France   5.000   8.836   69.000   -13.500   6,811.61   -720,321.97   7.981   1 
Chile Germany   4.000   9.054   62.000   -21.500   7,783.01   -1,427,295.73   18.124   1 

Chile Greece   9.000   6.768   55.000   -28.300   7,802.83   -61,422.12   3.988   1 

Chile Italy   5.000   7.537   62.000   -24.800   7,399.92   -540,623.10   16.426   1 
Chile Japan   6.000   9.203   65.000   -20.500   11,537.57   -775,385.92   19.671   1 

Chile Netherlands   9.000   9.757   64.000   -16.500   7,463.93   -580,553.64   12.411   1 

Chile Norway   8.000   9.854   74.000   -5.800   7,909.86   -157,053.78   10.674   1 
Chile Portugal   10.000   7.631   36.000   -25.100   6,354.12   -74,420.68   5.114   1 

Chile Singapore   13.000   8.908   78.000   -21.600   10,186.77   -442,105.66   17.418   0 

Chile Spain   5.000   7.775   64.000   -18.600   6,649.86   -369,087.07   4.633   1 
Chile Sweden   7.000   9.682   83.000   -6.800   8,131.42   -213,855.72   15.423   1 

Chile Switzerland   3.000   9.785   68.000   -22.000   6,583.58   -346,015.75   14.930   1 
Chile United Kingdom   12.000   9.306   78.000   -7.000   7,252.66   -714,252.14   18.138   0 

Chile United States   9.000   9.566   71.000   -2.000   5,128.32   -1,834,417.47   14.583   0 

                                    
Colombia Australia   8.400   9.305   75.000   -4.800   8,901.87   -224,599.10   15.105   0 

Colombia Austria   9.600   9.248   54.000   -28.300   6,001.63   -174,294.94   24.697   1 

Colombia Belgium   9.600   9.184   61.000   -19.500   5,467.52   -358,279.75   19.321   1 
Colombia Canada   9.400   9.667   74.000   -5.300   2,717.14   -473,751.51   14.036   0 

Colombia Finland   10.800   9.727   77.000   -12.000   6,249.96   -93,396.48   15.567   1 

Colombia France   9.200   8.836   69.000   -13.500   5,362.80   -720,321.97   16.390   1 
Colombia Germany   10.200   9.054   62.000   -21.500   5,860.15   -1,427,295.73   25.876   1 

Colombia Greece   13.200   6.768   55.000   -28.300   6,445.45   -61,422.12   8.106   1 

Colombia Italy   8.000   7.537   62.000   -24.800   5,829.52   -540,623.10   23.229   1 
Colombia Japan   7.800   9.203   65.000   -20.500   8,897.82   -775,385.92   22.698   1 

Colombia Netherlands   8.400   9.757   64.000   -16.500   5,501.44   -580,553.64   23.427   1 

Colombia Norway   8.600   9.854   74.000   -5.800   5,763.36   -157,053.78   21.462   1 

Colombia Portugal   11.800   7.631   36.000   -25.100   4,676.41   -74,420.68   13.392   1 

Colombia Singapore   8.000   8.908   78.000   -21.600   12,004.88   -442,105.66   22.500   0 

Colombia Spain   10.400   7.775   64.000   -18.600   4,983.11   -369,087.07   12.175   1 
Colombia Sweden   9.200   9.682   83.000   -6.800   6,019.85   -213,855.72   24.931   1 

Colombia Switzerland   8.800   9.785   68.000   -22.000   5,638.54   -346,015.75   18.312   1 

Colombia United Kingdom   9.000   9.306   78.000   -7.000   5,281.52   -714,252.14   20.216   0 
Colombia United States   8.000   9.566   71.000   -2.000   2,494.70   -1,834,417.47   15.672   0 
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Table A.3 - Continued                                 

                                    

Latin America Stock 
Exchange Country: 

Country investing 
in Latin America: 

  GAAP Diferences   Investor Protection   Disclosure quality   
Earnings 
quality 

  
Distance  
(Miles) 

  

Exports  

(Milions 

USD) 

  
Cultural 
Distance 

  Language 

      
Nobes (2001);  

Bae, Tan and Welker (2008);  

Baik. et. al. (2013) 

  

La Porta, Lopez de Silnaez, 

Shleifer and Vishny (1998);  

Baik. et. al. (2013) 

  

La Porta, Lopez de Silnaez, 

Shleifer and Vishny (1998);  

Baik. et. al. (2013) 

  

Leuz, Nanda and 

Wysocki (2003); 

Baik. et. al. (2013) 

  Baik. et. al. (2013)   Baik. et. al. (2013)   
Kogut and Singh (1998); 

Hofestede (2001); 

Baik. et. al. (2013) 

  Baik. et. al. (2013) 

Mexico Australia   5.000   9.305   75.000   -4.800   8,016.16   -224,599.10   17.095   0 

Mexico Austria   11.000   9.248   54.000   -28.300   6,307.75   -174,294.94   31.723   1 
Mexico Belgium   13.000   9.184   61.000   -19.500   5,754.83   -358,279.75   18.035   1 

Mexico Canada   6.000   9.667   74.000   -5.300   2,026.33   -473,751.51   16.152   0 

Mexico Finland   13.000   9.727   77.000   -12.000   6,116.20   -93,396.48   20.741   1 
Mexico France   11.000   8.836   69.000   -13.500   5,714.26   -720,321.97   17.171   1 

Mexico Germany   12.000   9.054   62.000   -21.500   6,044.02   -1,427,295.73   29.585   1 

Mexico Greece   19.000   6.768   55.000   -28.300   7,010.43   -61,422.12   11.850   1 
Mexico Italy   11.000   7.537   62.000   -24.800   6,363.35   -540,623.10   26.977   1 

Mexico Japan   8.000   9.203   65.000   -20.500   7,022.56   -775,385.92   24.585   1 

Mexico Netherlands   5.000   9.757   64.000   -16.500   5,726.35   -580,553.64   24.965   1 
Mexico Norway   6.000   9.854   74.000   -5.800   5,713.59   -157,053.78   27.272   1 

Mexico Portugal   12.000   7.631   36.000   -25.100   5,388.65   -74,420.68   20.458   1 

Mexico Singapore   1.000   8.908   78.000   -21.600   10,320.36   -442,105.66   25.825   0 
Mexico Spain   15.000   7.775   64.000   -18.600   5,631.49   -369,087.07   16.227   1 

Mexico Sweden   9.000   9.682   83.000   -6.800   5,955.67   -213,855.72   27.525   1 
Mexico Switzerland   11.000   9.785   68.000   -22.000   6,016.86   -346,015.75   19.613   1 

Mexico United Kingdom   2.000   9.306   78.000   -7.000   5,548.32   -714,252.14   21.220   0 

Mexico United States   5.000   9.566   71.000   -2.000   2,087.42   -1,834,417.47   17.348   0 
                                    

Peru Australia   3.000   9.305   75.000   -4.800   7,955.21   -224,599.10   17.069   0 

Peru Austria   13.000   9.248   54.000   -28.300   6,993.38   -174,294.94   17.677   1 
Peru Belgium   13.000   9.184   61.000   -19.500   6,494.07   -358,279.75   13.268   1 

Peru Canada   6.000   9.667   74.000   -5.300   3,852.02   -473,751.51   13.821   0 

Peru Finland   15.000   9.727   77.000   -12.000   7,350.77   -93,396.48   9.542   1 
Peru France   11.000   8.836   69.000   -13.500   6,372.14   -720,321.97   8.011   1 

Peru Germany   12.000   9.054   62.000   -21.500   6,896.45   -1,427,295.73   16.175   1 

Peru Greece   19.000   6.768   55.000   -28.300   7,311.54   -61,422.12   2.292   1 
Peru Italy   13.000   7.537   62.000   -24.800   6,748.60   -540,623.10   12.069   1 

Peru Japan   8.000   9.203   65.000   -20.500   6,915.06   -775,385.92   15.832   1 

Peru Netherlands   5.000   9.757   64.000   -16.500   6,541.84   -580,553.64   18.128   1 

Peru Norway   6.000   9.854   74.000   -5.800   6,861.48   -157,053.78   13.525   1 

Peru Portugal   14.000   7.631   36.000   -25.100   5,596.46   -74,420.68   1.378   1 

Peru Singapore   1.000   8.908   78.000   -21.600   11,690.29   -442,105.66   16.113   0 
Peru Spain   17.000   7.775   64.000   -18.600   5,909.07   -369,087.07   3.279   1 

Peru Sweden   11.000   9.682   83.000   -6.800   7,112.59   -213,855.72   22.936   1 

Peru Switzerland   13.000   9.785   68.000   -22.000   6,625.27   -346,015.75   17.021   1 
Peru United Kingdom   5.000   9.306   78.000   -7.000   6,319.84   -714,252.14   20.955   0 

Peru United States   2.000   9.566   71.000   -2.000   3,651.28   -1,834,417.47   16.811   0 



55 

 
 

Table A.4 - Composite LoF Factor  

                  

                  

Latin America Stock 

Exchange Country: 

Country investing 

in Latin America: 
  

  
Composite  

LoF Factor   
Low or High 

LoF country   
1Q Low LoF or  

4Q High LoF country 

                  

                  

Argentina Australia     1.7603   High LoF   4Q High LoF 

Argentina Austria     -1.4475   Low LoF   1Q Low LoF 

Argentina Belgium     -1.0527   Low LoF     

Argentina Canada     2.5267   High LoF   4Q High LoF 

Argentina Finland     0.2991   High LoF     

Argentina France     -0.1485   High LoF     

Argentina Germany     -0.0581   High LoF     

Argentina Greece     -3.2782   Low LoF   1Q Low LoF 

Argentina Italy     -2.3773   Low LoF   1Q Low LoF 

Argentina Japan     -0.4511   Low LoF     

Argentina Netherlands     0.4764   High LoF     

Argentina Norway     1.3267   High LoF     

Argentina Portugal     -3.1432   Low LoF   1Q Low LoF 

Argentina Singapore     1.7898   High LoF   4Q High LoF 

Argentina Spain     -1.7693   Low LoF   1Q Low LoF 

Argentina Sweden     1.2576   High LoF     

Argentina Switzerland     -0.6703   Low LoF     

Argentina United Kingdom     2.3372   High LoF   4Q High LoF 

Argentina United States     2.6223   High LoF   4Q High LoF 

                  

Brazil Australia     1.8846   High LoF   4Q High LoF 

Brazil Austria     -0.9397   Low LoF     

Brazil Belgium     -1.2088   Low LoF   1Q Low LoF 

Brazil Canada     1.7475   High LoF   4Q High LoF 

Brazil Finland     0.3012   High LoF     

Brazil France     -0.5826   Low LoF     

Brazil Germany     0.0270   Low LoF     

Brazil Greece     -3.3295   Low LoF   1Q Low LoF 

Brazil Italy     -1.9781   Low LoF   1Q Low LoF 

Brazil Japan     0.1224   Low LoF     

Brazil Netherlands     0.2856   High LoF     

Brazil Norway     1.1382   High LoF     

Brazil Portugal     -3.1274   Low LoF   1Q Low LoF 

Brazil Singapore     1.2361   High LoF     

Brazil Spain     -2.0517   Low LoF   1Q Low LoF 

Brazil Sweden     1.8060   High LoF   4Q High LoF 

Brazil Switzerland     -0.2373   Low LoF     

Brazil United Kingdom     2.2837   High LoF   4Q High LoF 

Brazil United States     2.6228   High LoF   4Q High LoF 

                  

Chile Australia     2.2216   High LoF   4Q High LoF 

Chile Austria     -1.4086   Low LoF   1Q Low LoF 

Chile Belgium     -0.6312   Low LoF     

Chile Canada     1.8626   High LoF   4Q High LoF 

Chile Finland     0.3780   High LoF     

Chile France     -0.4636   Low LoF     

Chile Germany     -0.3642   Low LoF     

Chile Greece     -3.0440   Low LoF   1Q Low LOF 

Chile Italy     -1.6884   Low LoF   1Q Low LOF 

Chile Japan     -0.2222   Low LoF     

Chile Netherlands     0.0690   High LoF     

Chile Norway     0.7592   High LoF     

Chile Portugal     -3.1117   Low LoF   1Q Low LoF 

Chile Singapore     1.4447   High LoF   4Q High LoF 

Chile Spain     -1.7947   Low LoF   1Q Low LoF 

Chile Sweden     1.1784   High LoF     

Chile Switzerland     -0.5603   Low LoF     

Chile United Kingdom     2.5648   High LoF   4Q High LoF 

Chile United States     2.8106   High LoF   4Q High LoF 
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Table A.4 - Continued               

                  

                  
Latin America Stock 

Exchange Country: 

Country investing 

in Latin America: 
  

  
Composite 

LoF Factor   
Low or High 

LoF country   
1Q Low LoF or  

4Q High LoF country 

                  

                  

Colombia Australia     1.6294   High LoF   4Q High LoF 

Colombia Austria     -1.2112   Low LoF   1Q Low LoF 

Colombia Belgium     -0.6492   Low LoF    
Colombia Canada     1.4411   High LoF   4Q High LoF 

Colombia Finland     -0.0300   Low LoF     

Colombia France     0.0128   Low LoF     

Colombia Germany     -0.0845   Low LoF     

Colombia Greece     -4.2792   Low LoF   1Q Low LoF 

Colombia Italy     -0.8834   Low LoF   1Q Low LoF 

Colombia Japan     0.4588   High LoF     

Colombia Netherlands     0.5816   High LoF     

Colombia Norway     1.2017   High LoF     

Colombia Portugal     -3.8289   Low LoF   1Q Low LoF 

Colombia Singapore     1.3211   High LoF     

Colombia Spain     -1.7201   Low LoF   1Q Low LoF 

Colombia Sweden     1.4365   High LoF   4Q High LoF 

Colombia Switzerland     0.0072   Low LoF    
Colombia United Kingdom     1.9043   High LoF   4Q High LoF 

Colombia United States     2.6920   High LoF   4Q High LoF 

                  

Mexico Australia     1.4316   High LoF     

Mexico Austria     -0.7489   Low LoF     

Mexico Belgium     -1.1936   Low LoF   1Q Low LoF 

Mexico Canada     1.5569   High LoF   4Q High LoF 

Mexico Finland     0.0454   Low LoF     

Mexico France     -0.4749   Low LoF     

Mexico Germany     0.1302   High LoF     

Mexico Greece     -4.0532   Low LoF   1Q Low LoF 

Mexico Italy     -1.2137   Low LoF   1Q Low LoF 

Mexico Japan     0.0427   Low LoF     

Mexico Netherlands     0.6671   High LoF     

Mexico Norway     1.4452   High LoF   4Q High LoF 

Mexico Portugal     -2.9155   Low LoF   1Q Low LoF 

Mexico Singapore     1.6683   High LoF   4Q High LoF 

Mexico Spain     -1.9736   Low LoF   1Q Low LoF 

Mexico Sweden     1.4135   High LoF     

Mexico Switzerland     -0.4967   Low LoF     

Mexico United Kingdom     2.2820   High LoF   4Q High LoF 

Mexico United States     2.3871   High LoF   4Q High LoF 

                  

Peru Australia     2.0309   High LoF   4Q High LoF 

Peru Austria     -1.7392   Low LoF   1Q Low LoF 

Peru Belgium     -0.8820   Low LoF     

Peru Canada     2.4105   High LoF   4Q High LoF 

Peru Finland     -0.0119   High LoF     

Peru France     -0.0473   Low LoF     

Peru Germany     -0.4103   Low LoF     

Peru Greece     -3.4587   Low LoF   1Q Low LoF 

Peru Italy     -1.8117   Low LoF   1Q Low LoF 

Peru Japan     -0.1715   Low LoF     

Peru Netherlands     0.4571   High LoF     

Peru Norway     1.1257   High LoF   4Q High LoF 

Peru Portugal     -3.0250   Low LoF   1Q Low LoF 

Peru Singapore     0.9463   High LoF     

Peru Spain     -1.6532   Low LoF   1Q Low LoF 

Peru Sweden     0.9456   High LoF     

Peru Switzerland     -0.4876   Low LoF     

Peru United Kingdom     2.2855   High LoF   4Q High LoF 

Peru United States     3.4968   High LoF   4Q High LoF 
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Table A.5 – Correlation matrix – Securities level database 

                                                      

  

Funds 

Own. 

 Foreign 

funds’ 

Own. 

 High 

LoF 

Own. 

 

Analyst 

 

Accruals 

 

Age 

 

Beta 

 
Divid. 

Yield 

 
Liq. 

Turn. 

 
Market 

Cap. 

 
Market-

to-Book 

 
Pref. 

shares 

 
Stock 

price 

 
Total 

Assets 

 Total 

Return 

3M 

 Total 

Return 

6M 

 Total 

Return 

12M 

 

Vol. 

                                                      

Funds’ Own.                                     

Foreign Own. 0.5953 ***                                  

High LoF Own. 0.5843 *** 0.9916 ***                                

Analyst 0.2946 *** 0.4078 *** 0.3831 ***                              

Accruals 0.0045  0.0049  0.0045  0.0058                             

Age -0.0435 *** -0.0653 *** -0.0610 *** -0.1156 *** -0.0067                           

Beta -0.0026  -0.0017  -0.0016  -0.0029  -0.0017  0.0201 ***                        

Dividend Yield -0.0108 ** -0.0173 *** -0.0162 *** -0.0321 *** -0.0010  0.0316 *** -0.0013                       

Liquidity Turn. 0.1407 *** 0.1869 *** 0.1772 *** 0.4124 *** -0.0013  -0.0159 *** 0.0073 * -0.0125 ***                    

Market Cap. 0.0070 * 0.0334 *** 0.0304 *** 0.1781 *** -0.0004  0.0170 *** 0.0024  -0.0066  0.3403 ***                  

Market-to-Book -0.0026  -0.0031  -0.0031  -0.0066 * -0.0029  0.0029  -0.0003  0.0080 * -0.0027  0.0025                 

Preferred shares 0.1020 *** 0.0009  -0.0015  -0.0319 *** -0.0042  0.2137 *** -0.0021  -0.0108 ** 0.0585 *** -0.0231 *** -0.0032               

Stock price 0.0454 *** 0.0597 *** 0.0550 *** 0.0411 *** 0.0104 ** -0.0337 *** -0.0003  -0.0007  0.0184 *** -0.0007  -0.0001  -0.0034             

Total Assets 0.0605 *** 0.1461 *** 0.1365 *** 0.4241 *** 0.0090 ** 0.0279 *** 0.0028  -0.0150 *** 0.3553 *** 0.2661 *** -0.0396*  0.0195 *** -0.0050           

Total Ret.  3M -0.0142 *** -0.0146 *** -0.0136 *** -0.0264 *** 0.0142 *** 0.0039  0.0026  0.0037  0.0008  0.0062  -0.0005  -0.0042  -0.0001  -0.0046         

Total Ret. 6M -0.0183 *** -0.0176 *** -0.0164 *** -0.0345 *** 0.0054  0.0039  0.0033  0.0036  0.0012  0.0076 * -0.0007  -0.0081 ** 0.0010  -0.0094 ** 0.6596 ***      

Total Ret. 12M -0.0252 *** -0.0216 *** -0.0201 *** -0.0398 *** 0.0132 ** 0.0082 ** 0.0011  0.0048  0.0006  0.0060  -0.0006  -0.0079 ** 0.0023  -0.0152 *** 0.4477 *** 0.6905     

Volatility -0.0767 *** -0.1016 *** -0.0959 *** -0.2410 *** -0.0258 *** 0.0746 *** -0.1929 *** 0.0825 *** -0.0940 *** -0.0318 *** 0.0046  0.1364 *** 0.0163 *** -0.2641 *** 0.016 *** 0.0050  -0.0106 ***  

                                    

Pearson correlation matrix  

*, ** and *** indicate statistical significance at the 10%, 5% and 1% two-sided test levels, respectively 
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Table A.6 – Descriptive statistics – Fund investor holding level data  
                                  

  

Fund investor holding level analysis 

  

Number 

of years          

[countries] 
  

Number of 

observations 

  

First 

Quartile 

  

Median 

  

Third 

Quartile 

  

Mean 

  

Standard 

deviation 

  

                                  

  Home bias variable                               

                                  

  Overall fund investors   17  15,169  0.5628  11.1783  15.4746  8.4747  7.7285   

  Low LoF fund investors   17  6,876  -0.2764  10.4079  13.9748  7.4613  7.1374   

  High LoF fund investors   17  8,293  0.9970  12.8703  16.8915  9.3149  8.0910   

                     

  Fund characteristics                  

                     

  LoF factor   17  15,750  -0.4900  0.4600  2.6200  0.9455  1.7363   

  
Manager experience  
(Number of years working in the industry)   17  11,808  11.000  16.000  21.000  15.958  7.4451   

  
Total assets 
(Equity Assets in Millions of USD)   17  15,750  240.00  1,500.00  11,000.00  18,900.00  65,100.00   

                 

 LatAm stock market characteristics                

                 

  
Analysts  
(Average number of recommendations per company)   17  15,422  1.1836  2.0238  3.3235  2.4915  1.6560   

  
Mkt size  
(As a fraction of GDP)   17  15,245  0.2725  0.3911  0.6791  0.5089  0.3851   

  
Turnover  
(As a fraction of GDP)   17  15,245  0.0289  0.0793  0.1776  0.1236  0.1247   

                    
  LatAm country characteristics                  

                    

  
Credit rating 

  
17  15,750  17.000  19.000  21.000  18.441  3.800 

  

  
Foreign direct investment  
(As a fraction of GDP)   17  15,750  2.2730  3.1909  4.3793  3.7486  2.0564   

  
GDP growth 

  
17  15,245  0.0034  0.0093  0.0141  0.0075  0.0122 

  

  
GDP per capita  
(Thousands of USD)   17  15,750  11.887  14,837  17.789  14.677  3.9256   

      
             

  

  LOF characteristics   
             

  

                     

  GAAP difference   [ 19 ]  -  7.95  9.00  12.00  9.39  3.46   

  Investor protection   [ 19 ]  -  8.85  9.25  9.68  8.99  0.88   

  Disclosure quality   [ 19 ]  -  62.00  68.00  74.75  66.84  10.71   

  Earnings quality   [ 19 ]  -  21.90  18.60  6.85  15.99  8.47   

  Export (Millions USD)   [ 19 ]  -  714,252  369,087  174,295  504,270  449,413   

  Distance (Miles)   [ 19 ]  -  5,723  6,409  7,301  6,775  1,842   

  Cultural distance   [ 19 ]  -  6.23  9.57  11.15  9.21  4.22   

  Non-English   [ 19 ]  -  1.00  1.00  1.00  0.74  0.45   

  Composite LOF Factor   [ 19 ]  -  -1.20  0.02  1.44  0.00  1.76   
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Table A.7 – Correlation matrix – Fund investor holding level database 

                                  

  
Home Bias  

 
LoF Factor 

 
Analysts 

 
Experience 

 
Fund assets 

 Credit 

rating 

 
FDI 

 GDP 

growth 

 GDP per 

capita 

 
Market size 

 
Turnover 

    
 

  
 

  
 

  
 

  
 

  
 

  
 

  
 

  
 

  
 

  

Home Bias   
 

 
 

 
 

 
 

 
 

 
 

 
 

 
 

 
 

 
 

 

LoF Factor 0.1246 
*** 

                   

Analysts -0.2587 
*** 

-0.0224 
*** 

                 

Experience 0.0801 
*** 

0.2016 
*** 

0.2005 
*** 

               

Assets (fund) 0.2455 
*** 

0.6920 
*** 

0.1452 
*** 

0.3175 
*** 

             

Credit rating -0.1442 
*** 

0.0112 
 

0.4684 
*** 

0.0783 
*** 

0.0684 
*** 

           

FDI 0.0238 
*** 

0.0143 
* 

0.0977 
*** 

-0.0131 
 

0.0192 
*** 

0.6077 
*** 

         

GDP growth 0.0465 
*** 

-0.0018 
 

-0.0915 
*** 

-0.07595 
*** 

-0.0596 
*** 

0.0477 
*** 

0.0193 
*** 

       

GDP per capita -0.0039 
 

-0.0554 
*** 

0.2600 
*** 

0.1436 
*** 

0.1095 
*** 

0.2519 
*** 

0.1555 
*** 

-0.0915 
*** 

     

Market size -0.0007 
 

0.0107 
 

0.1500 
*** 

-0.0311 
*** 

0.0002 
 

0.5919 
*** 

0.6225 
*** 

0.2342 
*** 

0.1153 
*** 

   

Turnover -0.1345 
*** 

-0.0133 
* 

0.4107 
*** 

-0.0203 
*** 

0.0014 
 

0.3190 
*** 

0.2438 
*** 

0.1343 
*** 

0.1002 
*** 

0.5106 
*** 

 

                      

Pearson correlation matrix 

*, ** and *** indicate statistical significance at the 10%, 5% and 1% two-sided test levels, respectively 
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Table A.8 – The effects of LoF over Home Bias – LoF Dummy as independent variable 

This table presents the results of the regressions of the Home Bias index (Chan et. al., 2005) over the Liabilities of Foreignness dummy (Baik et. al,. 2013). Models 1.x (1.1, 1.2, 1.3 and 1.4) include the LoF dummy, a dummy variable that assumes value 

equal one if the fund belongs to the group that face harshened Liabilities of Foreignness (above the median) in the host country and zero otherwise, in the models. Models 2.x (2.2, 2.3, and 2.4) include the interaction variable which takes into account the 

moderating factor that shall reveal the channel by which informational asymmetry and managers’ behavior impacts LoF effects over Home Bias. Model 1.1 access the effects of LoF over Home Bias. On one hand, Models 1.2 and 2.2 access the effects of 

information asymmetry over Home Bias (implicit barriers explanation). On the other hand, Models 1.3 and 2.3 access the effects of manager’s behavior over Home Bias (behavioral explanation). Ultimately, Models 1.4 and 2.4 access the joint effects of both 

channels over Home Bias. We highlight that all models herein presented were performed with harshened suppositions, accounting and controlling for unobserved variables, as invested country, investor country and year fixed effects were included. 

Additionally, we clustered all errors at the year level to account for all non-independent variance of the error terms. 
                                  

     LoF effect over HB      Information asymmetry channel      Behavioral channel      Joint effect of channels  

     Model 1.1      Model 1.2   Model 2.2      Model 1.3   Model 2.3      Model 1.4   Model 2.4  

Independent variables       Home Bias      Home Bias   Home Bias      Home Bias   Home Bias      Home Bias   Home Bias  

LoF 
     1.9144 ***     1.8022 ***  2.8258 ***     1.8296 ***  1.0172 ***     1.7287 ***  1.8097 *** 

     [0.1928]      [0.1781]   [0.1941]      [0.2540]   [0.4622]      [0.2370]   [0.3634]  
                                    

Analyst 
          -0.7286 ***  -0.5187 ***              -0.6208 ***  -0.3848 *** 

          [0.0837]   [0.0849]               [0.0950]   [0.0955]  
                                    

LoF *Analyst 
              -0.3997 ***                 -0.4366 *** 

              [0.0867]                  [0.1064]  
                                    

Experience 
                   0.0611 **  0.0220      0.0610 **  0.0081  

                   [0.0220]   [0.0380]      [0.0220]   [0.0395]  
                                  

LoF *Experience 
                      0.0580 *        0.0779 ** 

                      [0.0309]         [0.0314]  
                                  

Assets (funds) 
     1.2602 ***     1.2606 ***  1.2551 ***     1.2649 ***  1.2706 ***     1.2652 ***  1.2663 *** 

     [0.0644]      [0.0643]   [0.0659]      [0.0837]   [0.0832]      [0.0837]   [0.0848]  
                                    

Credit rating 
     -0.2367 *     -0.0159   -0.0138      -0.2105 *  -0.2117 *     -0.0073   -0.0057  

     [0.1298]      [0.1033]   [0.1034]      [0.1155]   [0.1141]      [0.1018]   [0.1010]  
                                    

FDI 
     -0.1428 *     -0.1059 *  -0.1049      -0.1796 **  -0.1806 **     -0.1394 **  -0.1423 ** 

     [0.0806]      [0.0595]   [0.0604]      [0.0746]   [0.0748]      [0.0580]   [0.0600]  
                                    

GDP growth 
    -11.355      3.3850   3.8079      -3.8476   -3.4512      7.3698   8.3213  

    [21.043]      [15.162]   [15.219]      [19.033]   [18.861]      [14.852]   [14.830]  
                                    

GDP per capita 
     0.2196      -0.011   -0.013      -0.092   -0.088      -0.273 **  -0.262 ** 

     [0.1383]      [0.1008]   [0.1009]      [0.1148]   [0.1138]      [0.0983]   [0.0980]  
                                    

Market Size 
     0.6504 *     0.8919 *  0.9200 *     0.5136   0.5121      0.7170 *  0.7640 * 

     [0.3724]      [0.4315]   [0.4401]      [0.3714]   [0.3714]      [0.3869]   [0.3962]  
                                    

Turnover 
     -3.2874      -1.6463   -1.6805      -3.3121   -3.3283      -1.9340   -2.0149  

     [2.6996]      [2.3355]   [2.3607]      [3.1300]   [3.1239]      [2.7612]   [2.7582]  
                                    

Fixed Effects 
  

 
  Country 

& Year 

  
 

  Country 

& Year 

  Country 

& Year 

  
 

  Country 

& Year 

 
 

Country 

& Year 

  
 

  Country 

& Year 

  Country 

& Year 

 

                      
                                    

Errors 
  

 
  

Cluster Year 
  

 
  

Cluster Year 
  Cluster 

Year 

  
 

  Cluster 

Year 

 
 

Cluster 

Year 

  
 

  Cluster 

Year 

  Cluster 

Year 

 

                      
                                  

R2      0.2470      0.2525   0.2542      0.2700   0.2706      0.2738   0.2762  

Observations      15,169      15,169   15,169      11,478   11,478      11,478   11,478  
Standard errors presented in brackets. 

*, ** and *** indicate statistical significance at the 10%, 5% and 1% two-sided test levels, respectively 
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Table A.9 – The effects of LoF over Home Bias – Behavioral channel – Age as the proxy for overconfidence 

This table presents the results of the regressions of the Home Bias index (Chan et. al., 2005) over the Liabilities of Foreignness factor (Baik et. al,. 2013) with the use of fund manager’s age as the proxy for the behavioral channel by which LoF is 

expected to affect Home bias. Models 1.3 and 1.4 include the LoF factor, a continuous variable that results from the principal component analysis previously performed by Baik. et. al. (2013) as the main variable of interest to access the effects of Home 

Bias. Models  2.3 and 2.4 include the interaction variable which takes into account the moderating factor that shall reveal the channels by which informational asymmetry and managers’ behavior impacts LoF effects over Home Bias. Models 1.3 and 2.3 

access the effects of manager’s behavior over Home Bias (behavioral explanation). Models 1.4 and 2.4 access the joint effects of both channels over Home Bias. We highlight that all models herein presented were performed with harshened suppositions, 

accounting and controlling for unobserved variables, as invested country, investor country and year fixed effects were included. Additionally, we clustered all errors at the year level to account for all non-independent variance of the error terms. 
                                  

     Behavioral channel   Joint effect of channels              

     Model 1.3   Model 2.3   Model 1.4   Model 2.4                    

Independent variables       Home Bias   Home Bias   Home Bias   Home Bias                    

LoF 
     1.4640 ***  0.9226 ***  1.5524 ***  0.7637 **                   

     [0.2577]   [0.2652]   [0.2558]   [0.2645]                    
                                    

Analyst 
          -0.6250 ***  -0.4909 ***                   

          [0.1127]   [0.1079]                    
                                    

LoF *Analyst 
              -0.1285 ***                   

              [0.0299]                    
                                    

Age 
    0.0319 *  0.0177   0.0319 *  0.0119                    

    [0.0162]   [0.0220]   [0.0162]   [0.0221]                    
                                  

LoF *Age 
       0.0131 *     0.0175 **                   

       [0.0069]      [0.0065]                    
                                  

Assets (funds) 
     1.3085 ***  1.3082 ***  1.3088 ***  1.3002 ***                   

     [0.0894]   [0.0886]   [0.0894]   [0.0896]                    
                                    

Credit rating 
     -0.2113 *  -0.2118 *  -0.0103   -0.0135                    

     [0.1057]   [0.1059]   [0.0959]   [0.0976]                    
                                    

FDI 
     -0.2267 **  -0.2271 **  -0.1854 **  -0.1899 **                   

     [0.0812]   [0.0813]   [0.0671]   [0.0689]                    
                                    

GDP growth 
    -0.6661   -0.6518   10.9577   10.3650                    

    [18.774]   [18.794]   [16.267]   [16.475]                    
                                    

GDP per capita 
     -0.0548   -0.0576   -0.2282 *  -0.2082 *                   

     [0.1174]   [0.1172]   [0.1123]   [0.1115]                    
                                    

Market Size 
     0.5826   0.5799   0.8041   0.8459                    

     [0.3963]   [0.3952]   [0.3734]   [0.3694]                    
                                    

Turnover 
     -3.8241   -3.8193   -2.5099   -2.5092                    

     [3.5311]   [3.5270]   [3.1360]   [3.1356]                    
                                    

Fixed Effects 
  

 
  Country 

& Year 

  Country 

& Year 

  Country 

& Year 

  Country 

& Year 

  
 

  
 

 
  

  
 

  
 

  
 

 

                      
                                    

Errors 
  

 
  

Cluster Year 
  

Cluster Year 
  

Cluster Year 
  

Cluster Year 
  

 
  

 
 

  
  

 
  

 
  

 
 

                      
                                  

R2      0.2706   0.2710   0.2746   0.2765                    

Observations      10,126   10,126   10,126   10,126                    
Standard errors presented in brackets. 

*, ** and *** indicate statistical significance at the 10%, 5% and 1% two-sided test levels, respectively 
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Table A.10 – The effects of LoF over Home Bias – Institutional Investors sample 

This table presents the results of the regressions of the Home Bias index (Chan et. al., 2005) over the Liabilities of Foreignness factor (Baik et. al,. 2013) with the use of the Institutional Investor’s database. Models 1.x (1.1, 

1.2 and 1.3) include the LoF factor, a continuous variable that results from the principal component analysis previously performed by Baik. et. al. (2013) as the main variable of interest to access the effects of Home Bias. 

Models 2.x (2.2 and 2.3) include the interaction variable which takes into account the moderating factor that shall reveal the channel by which informational asymmetry and managers’ behavior impacts LoF effects over 

Home Bias. Model 1.1 accesses the effects of LoF over Home Bias. On one hand, Models 1.2 and 2.2 access the effects of information asymmetry over Home Bias (implicit barriers explanation). On the other hand, Models 

1.3 and 2.3 access the effects of manager’s behavior over Home Bias (behavioral explanation). We highlight that all models herein presented were performed with harshened suppositions, accounting and controlling for 

unobserved variables, as invested country, investor country and year fixed effects were included. Additionally, we clustered all errors at the year level to account for all non-independent variance of the error terms. 
                                  

     LoF effect over HB      Information asymmetry channel      Behavioral channel        

     Model 1.1      Model 1.2   Model 2.2      Model 1.3   Model 2.3           

Independent variables       Home Bias      Home Bias   Home Bias      Home Bias   Home Bias           

LoF 
     0.4902 ***     0.4683 ***  0.5740 ***     0.4168 ***  0.3693 **          

     [0.0789]      [0.0804]   [0.0918]      [0.1127]   [0.1397]           
                                    

Analyst 
          -0.1757 ***  -0.1851 ***                   

          [0.0364]   [0.0352]                    
                                    

LoF *Analyst 
              -0.0739 ***                   

              [0.0148]                    
                                    

Experience 
                   -0.0032   -0.0043           

                   [0.0107]   [0.0121]           
                                  

LoF *Experience 
                      0.0033           

                      [0.0042]           
                                  

Credit rating 
     -0.0309      0.0260   0.0290      -0.0393   -0.0397           

     [0.0426]      [0.0387]   [0.0391]      [0.0466]   [0.0466]           
                                    

FDI 
     -0.0060      0.0022   0.0021      0.0133   0.0132           

     [0.0246]      [0.0258]   [0.0260]      [0.0285]   [0.0284]           
                                    

GDP growth 
    -11.708      -7.9329   -8.0349      -12.654   -12.642           

    [5.9700]      [4.6514]   [4.5285]      [5.5694]   [5.5730]           
                                    

GDP per capita 
     -0.1136 ***     -0.1745 ***  -0.1681 ***     -0.0831 *  -0.0834 *          

     [0.0374]      [0.0353]   [0.0358]      [0.0416]   [0.0418]           
                                    

Market Size 
     0.0464      0.1006   0.0992      0.1195 **  0.1198 **          

     [0.0631]      [0.0766]   [0.0763]      [0.0538]   [0.0535]           
                                    

Turnover 
     0.5182      0.9329   1.0078      0.3008   0.2966           

     [0.6601]      [0.6177]   [0.5993]      [0.6059]   [0.6055]           
                                    

Fixed Effects 
  

 
  Country 

& Year 
  

 
  Country 

& Year 
  Country 

& Year 
  

 
  Country 

& Year 
 

 
Country 
& Year 

  
 

  
 

  
 

 
                      

     
 

                              

Errors 
  

 
  

Cluster Year 
  

 
  

Cluster Year 
  Cluster 

Year 
  

 
  Cluster 

Year 
 

 
Cluster 
Year 

  
 

  
 

  
 

 
                      

                                  

R2      0.6093      0.6175   0.6361      0.6736   0.6739           

Observations      1,475      1,475   1,475      1,011   1,011           
Standard errors presented in brackets. 

*, ** and *** indicate statistical significance at the 10%, 5% and 1% two-sided test levels, respectively 

 


