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Information contagion in P2P lending markets - Empirical evidence from China 

 

Abstract 

This study tests both information contagion and the rationality of investors in P2P 

lending markets and discusses who pay the burden for information contagion. This can 

be done by exploring the effect on Renrendai, which runs a totally different business 

model, of reports about Ezubao a company which created fake financial products and 

took large amounts of money from investors. Through an examination of data from 

Renrendai, one of the largest P2P lending platforms in China, from the period between 

October 31st 2015 and February 2nd 2016, we find that the volume on Renrendai 

experienced no significant change but its interest rate increased suddenly and 

continuously after the announcement of the bad news concerning Ezubao. This 

indicates that the failure of one platform can easily influence other platforms regardless 

of their business models. We also find that who suffered from the shock of other 

platform’s bad news were the borrowers, especially those with high credit grade and 

long-term loans, instead of the platform itself. 
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1 Introduction 

Regarding bank runs and financial crisis, information contagion has always been a 

major concern in the academic research. Information contagion refers to that bad news 

about a failure of one financial institution leads investors to update their predictions 

about the health of other financial institutions (Ahnert & Georg, 2018). Information 

contagion can increase overall systemic risk of banks (Ahnert & Georg, 2018), 

precipitate bank runs (Chari & Jagannathan, 1988) and even lead to bank stock price 

declines (Calomiris & Mason, 1994). Since P2P lending platforms play a similar 

intermediary role as banks in connecting borrowers and investors and information 

contagion can cause a huge cost for the industry, studying whether information 

contagion exists in P2P lending markets or not is of great significance. 

In the perspective of investors, the source of information contagion can be 

associated with the rationality of investors. Either rational thinking or bounded rational 

thinking of investors can stimulate information contagion. The debate over whether 

investors make investment decision rationally or not has been frequently engaged in 

recent years. According to the efficient market hypothesis, investors are perfectly 

rational and value financial securities in a rational way. The behavioral finance 

perspective proposes, on the other hand, that investors have only bounded rationality 

and that emotions, such as over-confidence and loss-aversion, can affect their decision 

making as well. Most research concerning the debate presents evidence from stock 

markets. Fama (1998) proposes that stock market anomalies can be attributed to 

methodology and technique, and that this supports the efficient market hypothesis. On 

the other side, Odean (1998) argues that investors trade too much because they are 

overconfident. Whatever the case in the stock market, little evidence has been provided 

from the P2P lending market concerning the rationality of investors. 

P2P lending has experienced a dramatic rise in China since 2007. More than one 

thousand platforms are operating in 2019 with more than two million active participants. 
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Existing literature on P2P lending mostly investigates the factors which drive the 

likelihood of the loan being funded and the default rate. Such factors include credit 

ratings (Iyer, Khwaja, Luttmer, & Shue, 2009), borrower income (Tao, Dong, & Lin, 

2017), social networks (Freedman & Jin, 2008) and herding behavior (Zhang & Liu, 

2012). This research instead sheds light on the information contagion and the rationality 

of investors in P2P lending markets. This adds a perspective to the study of P2P lending 

markets. 

In order to do this, we first provide summary descriptions of four types of Chinese 

P2P lending platform and point out the different risks that apply to each type. Currently, 

there are four business models for P2P lending platforms in China: the pure platform 

model, the guarantee model, the credit assets securitization model and the credit 

assignment model. Three main types of risk exist in P2P lending industry: asymmetric 

information, technology and liquidity. Ezubao used the risk factor of asymmetric 

information to their advantage. Since it was hard for investors to check and track their 

investments on the platform, they could create fake financial products to attract 

investors, which was revealed as a Ponzi Scheme at the end of 2015.  

However, this case does not imply that all P2P lending platforms involve the 

problems of asymmetric information. For instance, Renrendai reduces this kind of risk 

by involving a third-party bank and loan guarantee companies. All the funds invested 

in Renrendai are warranted and supervised by a third-party company. Borrowers who 

have a third-party referral can get a higher loan amount since the loan guarantee 

company guarantee the full repayment of the loan. In the case of Renrendai, the biggest 

risk is liquidity risk, which is related to the default rate. According to the reports 

disclosed on its website, Renrendai maintains a low default rate in recent years. 

Therefore, unlike Ezubao, Renrendai is a trustworthy platform in Chinese P2P lending 

markets. 

For the purposes of this study, the existence of information contagion is tested by 

exploring whether the bad news concerning Ezubao affects the risk predictions of 
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investors on Renrendai. More specifically, this can be done by studying the change in 

volume and interest rate on Renrendai before and after the announcement of bad news 

concerning Ezubao. Furthermore, we emphatically investigate the change in interest 

rate for borrowers who have a third-party referral to test the rationality of investors. If 

investors respond to bad news rationally, the interest rate for borrowers who have a 

third-party referral should not have significant change as their repayments are fully 

guaranteed by the third-party companies. After that, we explore who and what kind of 

entity pays the burden of the information contagion: lenders, borrowers or platform. 

To test the information contagion in the P2P lending market, we collect data 

concerning the Renrendai platform during the period from October 31st 2015 to 

February 2nd 2016. This data contains 30,349 observations and 15 variables. Volume 

and interest rate are the two main dependent variables used to observe the preference 

changes of investors in the P2P lending market both before and after the bad news 

concerning Ezubao was announced. We use the t-test and interrupted time series 

analysis to measure the change of volume and interest rate, respectively. 

The results of our analysis show no significant difference in volume for Renrendai 

before and after the announcement of the bad news concerning Ezubao. However, there 

is a sudden and continuous increase in the interest rate on Renrendai after the news 

announcement. These results still hold after measuring the activation of a platform in 

terms of average loan amount and number of investors, expanding estimation period, 

and correcting the autocorrelation problem for interrupted time series analysis. We thus 

conclude that investors respond to bad news bounded rationally in P2P lending markets 

and a failure of one platform can easily influence the market position of other platforms 

regardless of their business model.  

What’s more, we find that it is not the platform that pays the price for the 

information contagion from the failure of another platform but the borrowers as the 

platform, Renrendai, did not change its strategy either on charging withdrawal fees to 

lenders or on charging administration fees to borrowers after the bad news concerning 
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Ezubao was released. And borrowers with high credit grade and long-term loans got a 

higher interest rate after the bad news concerning Ezubao, compared to borrowers with 

low credit grade and short-term loans. 

The remainder of the paper is organized as follows. Section 2 presents the current 

research on P2P lending, introduces the development, typologies and risks of Chinese 

P2P lending platforms and formulates the research questions to be answered. Section 3 

sets out the data set and methodology to be used in this research. Section 4 then presents 

the empirical results of the study, while Section 5 covers robustness checks on these 

results. A brief conclusion is provided in Section 6. 

 

2 Background and Research Questions 

2.1 P2P lending in China 

Peer-to-peer (P2P) lending refers to direct lending between individuals or between 

individuals and businesses through online services. China’s first P2P lending platform, 

Paipaidai, has been operating since 2007 and the number of P2P lending platforms has 

grown dramatically since then. By the end of 2011, 50 operators were reported to be 

active and this had reached to 1079 operators by the end of 2018. In March of 2019, the 

number of active lenders and the number of active borrowers in the P2P online lending 

industry were 2.29 million and 2.62 million, respectively. This represents an increase 

of 2.88% in the number of active lenders and an increase of 2.42% in the number of 

active borrowers compared to last year.1 Figure 1 shows graphically how the number 

of volumes, investors and borrowers in Chinese P2P lending market has changed since 

2014. In the next part, we review the recent literature on P2P lending and point out the 

contributions of this research. 

                                                   
1
 Retrieved from https://www.wdzj.com/shuju/industryData  

https://www.wdzj.com/shuju/industryData
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Figure 1 Development of P2P Lending in China2 

 

 

2.2 Research on P2P lending 

Most existing literature focuses on the probability of a loan being funded and the 

loan performance as it relates to the default rate. Galak, Small & Stephen (2011) find 

that lenders prefer to invest money on borrowers who are similar to them in terms of 

gender or occupation. Caldieraro, Zhang, Cunha, & Shulman (2018) propose that the 

presence and the length of the description explaining the reasons for the loan affect the 

probability of a loan getting funded and loan performance. In addition to hard 

information, it has been found that soft information also affects lender investment 

decisions. Using data from prosper.com, Lin, Prabhala, & Viswanathan (2013) show 

that online friendships between borrowers can increase the likelihood of a successful 

loan with a lower interest rate and a lower default rate after the loan has been funded. 

Zhang & Liu (2012) prove the existence of herding behavior in P2P lending platform. 

Some studies compare P2P lending platforms as the function under different 

cultures. For instance, Chen & Han (2012) compare the P2P lending platforms active 

in the United States and China and find that Chinese lenders rely more on soft 

                                                   
2 Retrieved from https://www.wdzj.com/shuju/industryData 
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information. Unlike in the United States, where female borrowers have a higher chance 

of getting funds than male borrowers, in Germany gender is found to have no effect on 

obtaining funding (Barasinska & Schäfer, 2014).  

However, research investigating the relationship between different P2P lending 

platforms, especially in terms of platform failure, is scarce. This research partially fills 

this gap by studying the effect of the Ezubao Ponzi Scheme case as an exogenous shock 

on the Renrendai platform, which runs under a totally different business model. We ask 

whether, having received the bad news concerning the collapse of the Ezubao platform, 

investors in the Renrendai platform will change their investment decision preferences. 

Before formulating our research questions, we will first introduce the types of Chinese 

P2P lending platform and the risks which apply to them. 

 

2.3 Typology and Risk for Chinese P2P lending platforms 

Ye Xiangrong (2014) develops a typology of P2P lending platforms in China and 

compares the risk levels which apply to each P2P lending platform type. The 

Association of Chartered Certified Accountants (ACCA) has also surveyed borrowers 

and lenders active on Chinese P2P lending platforms and reported on the rise of P2P 

lending in China. Integrating these two sources, Table 1 summarizes the four different 

types of Chinese P2P lending platform. 

Paipaidai began operating in 2007 and was the first P2P online lending company 

in China. Paipaidai’s business model is the closest to a pure online lending platform. 

That is, it focuses on small and micro loans, acting as an intermediary between online 

borrowers and lenders. Data from the information provider WDZJ3, shows that, by the 

end of 2018, the accumulated number of personal lenders on the platform was 667,700 

and the cumulative number of borrowers on the platform was 14.44 million. To request 

                                                   
3
 WDZJ is the first authoritative website in China focusing on P2P online lending industry. 
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a loan on Paipaidai, borrowers upload their personal information (such as their ID, 

photo, phone number and address) and certification that proves their financial ability 

(such as a labor contract or property ownership certificate). Paipaidai then verifies the 

borrower’s information and assigns a credit rating to the borrower on the basis of the 

information. The interest rate on a loan ranges from 7% to 20% per annum and the 

amount of the loan ranges from 1000 to 500,000 RMB. 

Unlike Paipaidai, which is a pure online lending platform, Renrendai is an online 

lending platform which mostly operates offline lending. In addition, Renrendai has 

prepared a bad-loan reserve fund managed by a third-party bank to cover losses on an 

investor’s principals. By the end of 2018, the platform had accumulated 966,446 

personal lenders and 10.07 million borrowers.4 For online borrowers without a third-

party referral from a loan company, the process and range of loan amounts are similar 

to those offered by Paipaidai. For offline borrowers with referrals from loan guarantee 

companies, the minimum loan amount is around 50,000 RMB and the range of interest 

rates is from 7% to 24%. 

Lufax uses a credit assets securitization model, under which financial assets that 

were not tradable are converted into tradable capital market securities. Some guarantee 

institutions and microfinance companies use their own P2P platform or cooperate with 

other P2P platforms to sell their guaranteed products or microfinance assets to investors 

through the P2P platform. This process is similar to credit asset securitization. In 2019, 

the Lufax’s transaction volume exceeded 55 million per day.5 

Ezubao’s business model was the credit assignment model. The credit assignment 

model is not a traditional P2P lending model. Using credit assignment, borrowers and 

lenders do not directly sign the creditor debt contract. Rather, a third party who is 

closely related to the platform first lends and then transfers the creditor's rights to the 

investors. The properties of P2P platforms using the credit assignment model is 

                                                   
4
 Retrieved from https://m.wdzj.com/dangan/detail?platId=57  

5
 Retrieved from https://www.lu.com/about/aboutus.html  

https://m.wdzj.com/dangan/detail?platId=57
https://www.lu.com/about/aboutus.html
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significantly different from other models. This is because the platform and professional 

lenders are inseparable and the platform essentially acts as a financial institution. By 

December 8th 2015, the total transaction volume on the platform was 74.5 billion RMB, 

with a total investment of 909,500 RMB. The total amount to be received by borrowers 

was 70.3 billion RMB, ranking fourth in the industry.6  

Table 1 Types of Chinese P2P Lending Platforms 

 

P2P lending, as an innovative form of financial organization, does not essentially 

change the function and nature of finance. As such, it can be regarded as a useful 

supplement to formal finance. But the innovative form of internet finance has also 

brought new risks and, as a result, has created challenges for the regulatory authorities. 

Risks arise due to the different properties of business models. First is the risk caused by 

asymmetric information. This includes, first, the difficulty of investors obtaining 

specific flow information concerning funds and, second, the insufficient disclosure of 

borrower loan information and credit status. The second risk type is technology risks. 

These include unsafe payment methods, customer information disclosure and hacker 

attacks. These are a common set of risks for all P2P lending companies. The final risk 

is liquidity risk. That is, the risk that a company cannot obtain sufficient funds in time 

or at a reasonable cost to cope with the risk of asset growth or payment of debts due. A 

high default rate for companies who prepare reserve funds and a large amount of 

                                                   
6
 Retrieved from https://en.wikipedia.org/wiki/Ezubao 

Business Model Type Example 

Pure Platform Model Online Paipaidai 

Guarantee Model Online & Offline Renrendai 

Credit Assets Securitization Model Offline Lufax 

Credit Assignment Model Offline Ezubao 

https://en.wikipedia.org/wiki/Ezubao
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redemption of funds in a short time can both increase this risk. Some P2P lending 

platforms use different methods to avoid or reduce one kind of risk while other 

platforms take the advantage of these risks to engage in illegal fund raising. Renrendai 

belongs to the former group while Ezubao belongs to the latter. In the next part, we will 

study the case of Ezubao Ponzi scheme. 

 

2.4 Ezubao Ponzi Scheme 

A Ponzi scheme is a form of fraud that pays profits to earlier investors with funds 

from more recent investors. The P2P lending company Ezubao, once a dynamo of the 

industry, offered mostly fake projects and products to its nearly one million investors 

and bilked investors out of more than 70 billion RMB.7  An investigation by local 

authorities found that, at the end of 2015, most of the financial products the company 

marketed were fake. At this time, Ezubao offered investors high annual interest 

payments of as much as 15 percent. Moreover, Ezubao spent plenty of money on 

advertisements and marketing to make investors believe that their products were safe 

and trustworthy.  

Ezubao thus used the problem of asymmetric information. That is, the fact that it 

is difficult for investors to confirm the flow of investment cash and to prove the 

authenticity of projects. Fortunately, some platforms have found ways to reduce this 

kind of risk. For example, Renrendai uses a third-party bank to supervise their cash 

flow to make it more transparent for investors. As mentioned above, Renrendai also 

maintains a bad-loan reserve fund for losses that arise from loan defaults. Three types 

of information authentication are provided on Renrendai: online authentication, local 

authentication and third-party referral. Similar to Paipaidai, online authentication 

confirms all the borrowers’ information merely online. For borrowers who request a 

higher loan amount, local authentication is necessary. Borrowers should appear at one 

                                                   
7
 Retrieved from https://www.nytimes.com/2016/02/02/business/dealbook/ezubao-china-fraud.html?_r=0 

https://www.nytimes.com/2016/02/02/business/dealbook/ezubao-china-fraud.html?_r=0
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offline location of Renrendai and accompany staff to confirm their uploaded 

information. Besides the procedure of local authentication, borrowers who have a third-

party referral should present the documents from guarantee company in addition. 

Compared to online authentication, local authentication and third-party referral provide 

a more transparent and reliable information of borrowers for lenders. Renrendai also 

controls the default rate by applying strict regulations when authorizing loan requests. 

As disclosed in 2018, the default rate on the Renrendai platform was only 1.7%. This 

may even be lower than that of some commercial banks.  

These differences between Ezubao and Renrendai are significant. Hence, it is worth 

asking whether they made a difference when the bad news concerning the Ezubao Ponzi 

Scheme was released. In particular, we ask whether loans on Renerndai are affected by 

the bad news concerning Ezubao with respect to the clear differences between Ezubao 

and Renrendai. This leads us to formulate the following two research questions. 

 

2.5 Research Questions 

The first research question is whether information contagion exists in P2P lending 

markets. To be more precise, we look for the answers by exploring the change of volume 

and interest rate on Renrendai before and after the bad news concerning Ezubao.  

Two possible and alternative results can take place. On the one hand, if information 

contagion exists in P2P lending markets, bad news concerning Ezubao will adversely 

spill over to Renrendai. Hence, investors will treat their investments on the Renrendai 

platform as more risky. This will, in turn, lead to an expectation of lower volumes, 

higher returns or a combination of these two. On the other hand, if there is no 

information contagion in P2P lending markets, then the bad news announcement 

concerning Ezubao would not have a negative effect on the Renrendai platform. This 

would lead to no change neither in volume nor in interest rate.  
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In the perspective of lenders, this research question also reflects whether investors 

make their investment decisions rationally or not. We test it by investigating the change 

of interest rate for borrowers who have a third-party referral. If investors in P2P lending 

markets respond to bad news rationally, the interest rate should not be affected since 

these loans are guaranteed to be paid by other companies. 

The following research question is that if information contagion exists in P2P 

lending markets, who pay the burden for the information contagion? The lenders, the 

platforms or the borrowers? And what kind of loans are affected most? Long-term loans 

or short-term loans? Loans of male borrowers or female borrowers? Loans of high 

credit grade borrowers or low credit grade borrowers? These answers will be given in 

Section 4. Next section we present the data and methodology of this research, beginning 

with what date to be chosen as time interruption.  

 

3 Data and Methodology 

3.1 Defining Time Interruption 

We define the time interruption as the date when the police notification that Ezubao 

was suspected of committing a crime and the assets involved were seized was released 

on Weibo, China’s biggest social media platform. We assume the effect of the bad news 

is immediate because from that day all the funds were frozen and investors could not 

invest on Ezubao anymore. To compute a reasonable estimate of the counterfactual, we 

use 45 trading days before the news announcement as the pre-event behavior from 

which predictions can be drawn. The differences between the counterfactual and actual 

outcomes can then be compared, using 45 trading days information after the news 

announcement. We choose 45 trading days to avoid the interference of the Chinese 

benchmark interest rate as it decreased from 4.6% to 4.35% in the period from October 

24th 2015. We also expand the estimation time to 90 trading days and control for the 
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Chinese benchmark interest rate for robustness check in Section 5. The defining time 

interruption is shown in Figure 2 below. Dataset and variables are explained in detail in 

the following part. 

Figure 2 Defining Time Interruption 

    Before        News announcement         After 

 

October 31st 2015      December 16th 2015         February 2nd 2016 

 

3.2 Dataset and Variables 

The dataset collected from the Renrendai platform contains the loans successfully 

funded in the period between October 31st 2015 and February 2nd 2016. After excluding 

loans with unclear information and unneeded variables, we are left with a total of 

30,349 observations across 15 variables. Descriptive statistics for the variables before 

and after the news announcement are presented in Table 2. The table shows that the 

average number of loans being funded and the average interest rate both decreased after 

the news announcement while the average loan amount and the ratio of long-term loans 

increased. Table 3 lists and defines the variables. In the following two parts, we 

introduce the methodologies for the measurement of volume and interest rate. 

 

Table 2 Descriptive statistics 

Variable Before After Difference 

Volume 345.6 328.8 -4.86% 

Interest rate 10.85% 10.78% -0.50% 

Loan amount 84646.11 87722.09 3.63% 

Long term loan 0.94 0.95 1.06% 
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Table 3 Variables and definitions 

Variable name Description 

Volume  Number of loans being funded per day 

Interest rate Nominal interest rate offered by borrowers, in % p.a. 

Loan amount Loan amount requested by borrowers, in RMB 

Long term loan Dummy variable equals 1 if the loan term is longer than 12 

months and 0 if it isn't 

Gender Dummy variable equals 1 if the borrower is male and 0 if the 

borrower is female 

High credit grade Dummy variable equals 1 if the credit grade of borrowers is 

AA or A and 0 if it is B, C, D, E or HR 

High income Dummy variable equals 1 if the income of borrowers is higher 

than 10000 RMB and 0 if it is lower than 10000 RMB 

Marital status Categorical variable with four values corresponding to the 

marital status of borrowers:  

divorced, married, unmarried, widowed 

House Dummy variable equals 1 if the borrower owns a house and 0 

if doesn't 

Car Dummy variable equals 1 if the borrower owns a car and 0 if 

doesn't 

House loan Dummy variable equals 1 if the borrower has a house loan 

currently and 0 if doesn't 

Car loan Dummy variable equals 1 if the borrower has a car loan 

currently and 0 if doesn't 

t Time series 

Post Dummy variable equals 1 if the period is after the time 

interruption and 0 if it is before the news announcement 

t×Post Time series after the news announcement 
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3.3 Comparing Volumes 

Recall that volume in this research is defined as the number of loans being funded.  

Since the samples are small and their distributions are not normal, we use a 

nonparametric test, Mann-Whitney U test, to compare the mean volume before and after 

the news announcement. Figure 3 presents the daily volume during the period between 

October 31st 2015 and February 2nd 2016. The daily volume varies from 0 to 870. 

Figure 3 Daily Volume on Renrendai 

 

 

3.4 Comparing Interest Rates 

An interrupted time series analysis is employed in order to investigate the change 

in interest rates before and after the news announcement. Interrupted time series 

analysis is useful for testing outcomes measured over time and to compare them before 

and after an intervention or interruption. Our basic model is a series interrupted time 

series estimation including characteristic variables, as follows: 
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Y = β0 + β1 t + β2 Post + β3 t×Post + β4 X 

where t represents the time series, Post is a dummy variable taking value 1 if the period 

is after the news announcement, t×Post is the time series after the news announcement 

and X represents the characteristic variables of the loans. The characteristic variables 

are made up of:  

1. Characteristics of loans: loan amount and loan term. 

2. Characteristics of borrowers: gender, marital status, education, income, credit grade, 

assets (owning a house or a car) and other loans (e.g. if the borrowers have a car 

loan or a house loan at present).  

Dietrich & Wernli (2016) investigate the determinants of loan interest rates on P2P 

lending platforms in Switzerland. They find that loan amount, duration, income, gender, 

home-ownership, unemployment rate and 3-year government bond yield significantly 

affect the interest rates on P2P lending platforms. We included most of these variables 

in this study as well. In addition, we included other variables which may also affect 

interest rates on P2P lending platforms, such as credit grade, marital status, and 

possession of house or car loans. A higher credit grade on the platform associates with 

a lower interest rate of the loan (Iyer, Khwaja, Luttmer, & Shue, 2009). Unmarried 

borrowers have a lower success loan funding rate than married borrowers (Herzenstein, 

Andrews, & Dholakia, 2008). Success loan funding rate reflects the expectation of 

lenders on the financial ability of borrowers to a certain extent. Thus, we expect that 

unmarried borrowers get a higher interest rate of the loan than married borrowers do. 

For possession of house or car loans, we expect that borrowers with a house loan or a 

car loan have a higher interest rate of the loan than borrowers who do not have. Figure 

4 presents the average daily interest rate during the period between September 11th 2015 

and March 29th 2016. During this period, the average daily interest rate varies from 8.8% 

to 11.9%.  

 



16 
 

Figure 4 Daily Average Interest Rate on Renrendai 

 

 

4 Results 

In this section, we present the results of our main analysis. We first discuss the 

result of volume and next step we seek for the change of interest rate. 

4.1 Volume 

A Mann-Whitney U test showed there is no statistically significant difference 

between the mean volume before the news announcement and after the news 

announcement (Median before = 365, Median after = 392, U = 0.613, p = 0.5396). From 

this we can conclude that there was no significant change in volume after the news 

announcement. 

 

4.2 Interest Rate 

Table 4 displays the results of the interrupted time series analysis. From the table, 

we see that some of our findings are consistent with Dietrich & Wernli (2016). That is, 

we also find that loan amount and loan term are significantly positively related to 
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interest rates. Unlike the case of Switzerland, male borrowers have a lower interest rate 

compared to female borrowers in China. Moreover, we find some new factors driving 

interest rates on P2P lending platforms as well. First, we find that, on average, 

borrowers with higher credit grades get loans with a lower interest rate on average. 

Second, we find that borrowers who currently have a house loan obtain loans with a 

higher interest rate while car loan possession does not affect interest rates on P2P 

lending platforms. These results are expected but to some extent reflect the reliability 

of this research. 

To see if the news announcement concerning Ezubao affected the interest rate on 

Renrendai, we look at the coefficients of both Post and t×Post. We find that both 

coefficients are positive and significant. This means that, after the news announcement, 

the interest rate on Renrendai immediately increased and the trend of future interest 

rates increased as well. The increase in the trend of future interest rate indicates that not 

all investors updated their predictions about the risk of Renrendai at the beginning after 

the announcement of bad news concerning Ezubao but more investors or new investors 

brought their updated views that treat Renrendai riskier due to the bad news concerning 

Ezubao as time passes by. Furthermore, since involving a third-party referral can reduce 

the asymmetric information risk that Ezubao utilized, we include the same interrupted 

time series analysis only for borrowers who have a third-party referral. Two variables, 

credit grade and possession of car loans, are excluded because all borrowers who have 

a third-party referral are assessed as high credit grade and do not have car loans. The 

coefficient of t×Post remains positive and significant, indicating that the interest rate on 

Renrendai had a rising trend after the news announcement concerning Ezubao, even for 

those borrowers who have a third-party referral. 
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Table 4 Interrupted Time Series Analysis for Interest Rate 

 
For all investors For who have a third-party referral 

VARIABLES Interest rate Interest rate 

Loan amount 5.23e-07*** 7.30e-07*** 

 
(3.76e-08) (2.44e-07) 

Long term 1.851*** 1.400*** 

 
(0.00884) (0.0151) 

Gender -0.00693** -0.0201 

 
(0.00344) (0.0144) 

High credit grade -2.143*** - 

 
(0.00921) - 

High income -0.0465*** -0.102*** 

 
(0.00341) (0.0141) 

Married -0.0236*** 0.0183 

 
(0.00524) (0.0387) 

Unmarried -0.0147** 0.0715* 

 
(0.00641) (0.0402) 

Widowed -0.0236 - 

 
(0.0246) - 

House 0.0282*** 0.0519*** 

 
(0.00434) (0.0174) 

Car 0.0199*** 0.0255 

 
(0.00459) (0.0278) 

House loan 0.0159*** 0.0209 

 
(0.00429) (0.0291) 

Car loan 0.00630 - 

 
(0.0110) - 

t -0.00769*** -0.00123 

 
(0.000180) (0.000761) 

post 0.0882*** 0.0408 

 
(0.00648) (0.0263) 

t×Post 0.00830*** 0.00324*** 

 
(0.000246) (0.00107) 

Constant 10.93*** 8.843*** 

 (0.0108) (0.0464) 

   

Observations 30,349 2,212 

R-squared 0.700 0.832 

Standard errors in parentheses 

*** p<0.01, ** p<0.05, * p<0.1 
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4.3 Discussions of Main Results 

These two results above thus show that the bad news announcement concerning 

Ezubao didn’t affect the volume on Renrendai but did increase the interest rate and its 

trend. We also investigate if the Chinese benchmark interest rate and China saving 

deposit rate are changed during this period to rule out alternative explanations. As 

discussed in section 3.1, this period is chosen as the Chinese benchmark interest rate 

kept the same as 4.5%. To address the concern that the results could be affected by 

interest rate in banks, we use China saving deposit rate to measure interest rate in banks 

and find that China saving deposit rate remained the same as 0.35% in this period as 

well.8 From this we answer the first research question that a failure of one platform can 

easily influence the market position of other platforms regardless of their business 

model, proving the existence of information contagion in P2P lending markets. Not all 

investors updated their predictions about the risk of Renrendai at the beginning after 

the announcement of bad news concerning Ezubao but more investors or new investors 

brought their updated views that treat Renrendai more risky due to the bad news 

concerning Ezubao as time passes by, since the trend of interest rate increased. Besides, 

the increase in the trend of interest rate for borrowers who have a third-party referral 

further indicates that investors on P2P lending platforms respond to bad news bounded 

rationally, since the repayments of the loans for borrowers who have a third-party 

referral are fully guaranteed by the third-party companies. 

Most P2P lending platforms, including Renrendai, gain their profits by charging 

administration fees to borrowers and withdrawal fees to lenders. Realizing that the bad 

news concerning Ezubao could cause a blow on Renrendai, Renrendai might reduce the 

administration fees to relieve borrowers’ pressure or the withdrawal fees to attract or 

retain the lenders. However, Renrendai maintained its both administration fees and 

withdrawal fees as before. Since the volume had no significant difference but the 

interest rate increased after the bad news concerning Ezubao, who paid the price for 

                                                   
8 Retrieved from https://www.ceicdata.com/en/china/saving-deposit-rate 

https://www.ceicdata.com/en/china/saving-deposit-rate
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this information contagion were the borrowers instead of the platform itself. 

In order to investigate what kind of borrowers are affected most due to the shock 

of the failure of another platform, we divide our sample into different groups based on 

the characteristic variables and analyze if the change in interest rate is different among 

different groups. The results are displayed in the Appendix. The results show that 

gender, income, house ownership, car ownership, possession of a house loan and 

possession of a car loan make no difference in the change in interest rate. That is, the 

interest rates of both groups increase after the bad news concerning Ezubao. However, 

Borrowers with different credit grade and loan’s term experience different levels change 

in interest rate. Borrowers with high credit grade get a higher interest rate while 

borrowers with low credit grade tend to obtain a lower interest rate after the bad news 

concerning Ezubao. Compared to borrowers with a short-term loan, who have a 

nonsignificant change in interest rate, borrowers with a long-term loan experience a 

higher interest rate after the bad news concerning Ezubao.  

 

5 Robustness Check 

In this section, we robust the results from three different perspectives. We first 

begin with proxies for volume, followed with estimation period and solve the 

autocorrelation problem at the end.  

 

5.1 Proxies for Volume 

Volume represents both the confidence of investors towards a P2P lending platform 

and the activation of a P2P lending platform. To measure the activation of a P2P lending 

platform, we can use the total loan amount and the number of investors. We now use a 

similar interrupted time series analysis for the interest rate, changing the dependent 

variable to loan amount and number of investors, respectively. 
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Table 5 Different Proxies for Trading Volume 

VARIABLES Loan Amount Number of investors 

Loan amount - 0.00116*** 

 
- (1.33e-05) 

Interest rate 12,114*** -31.85*** 

 
(870.8) (2.021) 

Long term 8,862*** 53.06*** 

 
(2,102) (4.865) 

Gender -4,612*** -2.257* 

 
(522.2) (1.210) 

High credit grade 70,847*** -48.71*** 

 
(2,303) (5.410) 

High income 11,807*** -3.196*** 

 
(515.5) (1.203) 

Married -462.8 0.0913 

 
(797.9) (1.846) 

Unmarried -6,037*** 2.312 

 
(974.7) (2.256) 

Widowed 5,247 11.02 

 
(3,740) (8.652) 

House 7,359*** 2.903* 

 
(658.8) (1.527) 

Car 5,876*** 2.661* 

 
(697.9) (1.616) 

House loan 12,025*** 0.162 

 
(648.7) (1.509) 

Car loan -1,302 -1.878 

 
(1,672) (3.867) 

t 389.6*** -1.119*** 

 
(28.07) (0.0652) 

post -5,784*** 7.810*** 

 
(988.2) (2.287) 

t×Post -413.3*** 0.899*** 

 
(37.99) (0.0881) 

Constant -123,632*** 330.3*** 

 (9,665) (22.42) 

   

Observations 30,349 30,349 

R-squared 0.212 0.253 

Standard errors in parentheses 

*** p<0.01, ** p<0.05, * p<0.1 
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Table 5 shows the results of the interrupted time series analysis. For the loan 

amount, the coefficient of Post and t×Post are both significant and negative. This 

indicates that after the bad news announcement concerning Ezubao, the loan amount on 

Renrendai decreased suddenly and continuously. We also see that, for the number of 

investors, the coefficients of Post and t×Post are both significant and positive. This 

shows that, after the announcement, more investors were investing on Renrendai and 

the number increased as time went on. Integrating the results concerning loan amounts 

and number of investors, we see that the investment amount per investor reduced 

suddenly and continuously. This further supports that information contagion exists in 

P2P lending markets. 

 

5.2 Expanding Estimation Period 

One concern of our analysis is whether the results are robust to the choice of 

estimation period or not. To check this, we investigate if the results are robust to 

estimation period. The choice of estimation period could vary due to different purposes 

of research. Here, we will expand estimation period to 90 trading days, which is the 

double of previous analysis, for the robustness check. In order to do this, we employ 

the same t-test analysis for the volume and a similar interrupted time series analysis for 

the interest rate, using data 90 days before and after the news announcement instead.  

Different from the main analysis, we control for the Chinese benchmark interest 

rate as it has decreased from 4.6% to 4.35% since October 24th 2015. We also control 

for the holidays’ effect. Abnormally high returns can occur on the trading day before 

holidays both in the U.S. (Kim & Park, 1994) and China (Yuan & Gupta, 2014). Since 

both the Chinese national day (October 1st 2015) and the Chinese lunar new year 

(February 8th 2016) took place during our sample period, it is necessary to rule out the 

possibility that our results are caused by the holidays’ effect. To address this question, 

we conduct the same interrupted time series analysis for the interest rate but excluding 
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the data five trading days before and after these two important Chinese holidays. 

A Mann-Whitney U test showed there is no statistically significant difference 

between the mean volume before the news announcement and after the news 

announcement (Median before = 300.5, Median after = 309, U = 0.628, p = 0.53). From 

the Table 6, we can see that the coefficients of t and t×Post for interest rate still remain 

significantly positive, even after excluding the data five trading days before and after 

the Chinese national day and the Chinese lunar new year. We can thus conclude that 

expanding estimation period to 90 days still leads to the same conclusion that the news 

of a failure of one platform can easily affect another platform regardless of the business 

model in P2P lending markets and the results presented above are not affected by the 

holidays’ effect. 

 

5.3 Autocorrelation 

An outcome measured at some point in time can be correlated with past values of 

itself. This is called autocorrelation. As a result, dealing with autocorrelation is essential 

for interrupted time series analysis. To do so, we employ a single interrupted time series 

analysis with only the interest rate as a dependent variable and without characteristic 

variables. The Durbin-Watson statistic is used to test the presence of autocorrelation at 

lag 1 in the residuals from the interrupted time series regression analysis. The result of 

this test is that there is a positive autocorrelation in our interrupted time series analysis 

(d-statistic (4, 91) = 1.474). 

Since a positive autocorrelation is present, we regressed the same model using the 

Newey-West standard error. The Newey-West estimator is used to overcome 

heteroskedasticity and the autocorrelation problem regressions (Newey & West, 1987). 

As shown in Table 7, the coefficient of Post then becomes negative but nonsignificant 

and the coefficient of t×Post remains significantly positive. This indicates that, after the 
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Table 6 Expanding Estimation Period to 90 Days 

Are five days before and after holiday excluded? No Yes 

VARIABLES Interest rate Interest rate 

Loan amount 5.27e-07*** 4.88e-07*** 

 
(4.26e-08) (4.27e-08) 

Long term 1.824*** 1.830*** 

 
(0.00949) (0.00953) 

Benchmark interest rate 0.102** 0.110** 

 
(0.0428) (0.0429) 

Gender -0.00473 -0.00747** 

 
(0.00372) (0.00375) 

High credit grade -2.040*** -2.043*** 

 
(0.00969) (0.00969) 

High income -0.104*** -0.100*** 

 
(0.00365) (0.00368) 

Married -0.0323*** -0.0316*** 

 
(0.00560) (0.00565) 

Unmarried -0.0114* -0.0131* 

 
(0.00684) (0.00689) 

Widowed -0.0138 -0.0208 

 
(0.0252) (0.0255) 

House 0.0471*** 0.0432*** 

 
(0.00465) (0.00469) 

Car 0.00852* 0.00828* 

 
(0.00479) (0.00484) 

House loan 0.0714*** 0.0640*** 

 
(0.00462) (0.00466) 

Car loan 0.000180 0.00541 

 
(0.0100) (0.0102) 

t -0.00617*** -0.00614*** 

 
(0.000182) (0.000180) 

post 0.0585*** 0.0568*** 

 
(0.00690) (0.00681) 

t×Post 0.00550*** 0.00545*** 

 
(0.000204) (0.000202) 

Constant 10.48*** 10.45*** 

 (0.183) (0.184) 

   
Observations 50,619 48,358 

R-squared 0.571 0.580 

Standard errors in parentheses 

*** p<0.01, ** p<0.05, * p<0.1 
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bad news concerning Ezubao, the interest rate on Renrendai did not change suddenly, 

but continuously increased over the following days. Although the results are a little 

different from those presented above, our conclusions are still supported after correcting 

for the autocorrelation problem. 

Table 7 Regression with Newey-West Standard Error 

 

6 Conclusions 

This research has sought to investigate whether news of the failure of one platform 

will affect other platforms even if they operate according to a totally different business 

model for P2P lending markets. We analyzed the case of Ezubao and studied its effect 

on Renrendai, one of largest P2P lending platforms in China, using the data from 

Renrendai during the period between October 31st 2015 and February 2nd 2016. We 

found that investors in our case did not respond to bad news rationally. That is, we found 

that investors treated the Renrendai platform as more riskiy after the failure of Ezubao 

even though the Renrendai platform did not have the problem which caused Ezubao to 

fail.  

This conclusion is supported by our finding that, while the volume on Renrendai 

VARIABLES Interest rate 

t -0.00863 

 
(0.00602) 

Post -0.112 

 
(0.193) 

t×Post 0.0166** 

 
(0.00699) 

Constant 10.61*** 

 (0.142) 

  
Observations 91 

Standard errors in parentheses 

*** p<0.01, ** p<0.05, * p<0.1 



26 
 

didn’t change significantly before and after the bad news announcement concerning 

Ezubao, the interest rate on Renrendai increased immediately and continuously. This 

finding controlled for loan amount, loan term, gender, marital status, credit grade, 

income, house ownership, possession of a house loan, car ownership, possession of a 

car loan. Our findings were shown to be robust by measuring the activation of a 

platform with daily average loan amount and the number of investors, expanding 

estimation period, and correcting the autocorrelation problem for interrupted time series 

analysis. 

This research contributes to the study of P2P lending from a perspective rarely 

discussed at present. The rationality of investors on the P2P lending market is limited 

to when they make investment decisions. In addition to the work of Dietrich & Wernli 

(2016), we find that having a house loan is also a determining factor on interest rates 

on P2P lending platforms. Moreover, we have found that the P2P lending industry is 

vulnerable to risk contagion between different P2P lending platforms regardless of the 

business models they use. By analyzing the number of investors, we can see that the 

number of investors rose even while the daily average loan amount decreased. This 

signifies that investors did not lose all trust in P2P lending markets after the 

announcement. 

Noticing that Renrendai did not change either its administration fees to borrowers 

or its withdrawals fees to lenders, we concluded that who paid the burden for the risk 

contagion were the borrowers instead of the platform itself since the volume had no 

significant difference but the interest rate increased after the bad news concerning 

Ezubao. What’s more, we found that borrowers with high credit grade got a higher 

interest rate after the bad news concerning Ezubao while borrowers with low credit 

grade had no significant effect on interest rate. Loan term also affected the level of 

change in interest rate. Long-term loans were found to associate with an increasing 

interest rate while short-term loans were found no significant difference after the bad 

news concerning Ezubao. 
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Our research focused on the effect of one failure of a big platform on one other P2P 

lending platform. For future research, it would be interesting to determine what the 

effect of many failures of small platforms on other P2P lending platforms might be. In 

2018, more than 70 P2P lending platforms have collapsed due to strict regulations from 

the China Banking Regulatory Commission. How investors act after a great number of 

platforms failure is a worthy topic for future research on P2P lending. Also, the reasons 

why borrowers with high credit grade were affected by bad news instead of borrowers 

with low credit grade could be further investigated in the future. 
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Appendix 

Table 8 Borrowers with Different Credit Grade 

 Low Credit Grade High Credit Grade 

VARIABLES Interest rate Interest rate 

Loan amount 5.47e-06*** 4.79e-07*** 

 
(1.74e-06) (3.33e-08) 

Long term 1.758*** 1.881*** 

 
(0.0343) (0.00985) 

Gender -0.0233 -0.00666** 

 
(0.0434) (0.00307) 

High income -0.128*** -0.0434*** 

 
(0.0481) (0.00305) 

Married -0.146* -0.0195*** 

 
(0.0840) (0.00466) 

Unmarried -0.0841 -0.0201*** 

 
(0.0854) (0.00578) 

Widowed -0.149 -0.0205 

 
(0.622) (0.0217) 

House -0.0171 0.0312*** 

 
(0.0390) (0.00394) 

Car -0.0684 0.0271*** 

 
(0.0417) (0.00417) 

House loan -0.0790* 0.0187*** 

 
(0.0439) (0.00387) 

Car loan 0.0234 0.00944 

 
(0.0719) (0.0103) 

t -0.000488 -0.00812*** 

 
(0.00170) (0.000163) 

post 0.0637 0.0917*** 

 
(0.0704) (0.00582) 

t×Post -0.00402 0.00892*** 

 
(0.00255) (0.000222) 

Constant 11.24*** 8.749*** 

 (0.106) (0.0116) 

   

Observations 1,557 28,792 

R-squared 0.674 0.611 

Standard errors in parentheses   

*** p<0.01, ** p<0.05, * p<0.1   
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Table 9 Borrowers with Different Loan Term 

 Short-term Long-term 

VARIABLES Interest rate Interest rate 

Loan amount 9.29e-07 4.89e-07*** 

 
(7.25e-07) (3.32e-08) 

Gender -0.0230 -0.00616** 

 
(0.0386) (0.00306) 

High credit grade -2.213*** -2.110*** 

 
(0.0477) (0.0103) 

High income -0.101** -0.0435*** 

 
(0.0427) (0.00304) 

Married -0.0523 -0.0217*** 

 
(0.0787) (0.00463) 

Unmarried 0.0248 -0.0220*** 

 
(0.0812) (0.00574) 

Widowed - -0.0225 

 
- (0.0215) 

House 0.0337 0.0273*** 

 
(0.0391) (0.00391) 

Car -0.0703 0.0261*** 

 
(0.0444) (0.00413) 

House loan -0.139*** 0.0206*** 

 
(0.0495) (0.00383) 

Car loan -0.00575 0.00986 

 
(0.0818) (0.0101) 

t -0.00207 -0.00804*** 

 
(0.00166) (0.000162) 

post 0.0685 0.0902*** 

 
(0.0658) (0.00580) 

t×Post -0.000959 0.00881*** 

 
(0.00248) (0.000220) 

Constant 11.16*** 12.74*** 

 (0.0971) (0.0120) 

   

Observations 1,634 28,715 

R-squared 0.763 0.624 

Standard errors in parentheses   
*** p<0.01, ** p<0.05, * p<0.1 
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Table 10 Borrowers with Different Income 

 Low Income High Income 

VARIABLES Interest rate Interest rate 

Loan amount 3.74e-07*** 6.71e-07*** 

 
(5.23e-08) (5.34e-08) 

Long term 1.813*** 1.845*** 

 
(0.0131) (0.0120) 

Gender -0.00962** -0.00399 

 
(0.00444) (0.00536) 

High credit grade -2.119*** -2.078*** 

 
(0.0117) (0.0200) 

Married -0.0210*** -0.0274*** 

 
(0.00668) (0.00835) 

Unmarried -0.0186** -0.0174* 

 
(0.00804) (0.0105) 

Widowed -0.0261 -0.0191 

 
(0.0314) (0.0389) 

House 0.000948 0.0908*** 

 
(0.00518) (0.00796) 

Car 0.00349 0.0409*** 

 
(0.00616) (0.00679) 

House loan 0.00663 0.0125* 

 
(0.00536) (0.00730) 

Car loan 0.0196 -0.00798 

 
(0.0136) (0.0186) 

t -0.00843*** -0.00610*** 

 
(0.000221) (0.000307) 

post 0.0977*** 0.0712*** 

 
(0.00832) (0.0102) 

t×Post 0.00883*** 0.00685*** 

 
(0.000311) (0.000400) 

Constant 10.97*** 10.79*** 

 (0.0131) (0.0225) 

   

Observations 18,772 11,577 

R-squared 0.664 0.739 

Standard errors in parentheses   

*** p<0.01, ** p<0.05, * p<0.1   

 



35 
 

 

Table 11 Borrowers with Different Gender 

 Female Male 

VARIABLES Interest rate Interest rate 

Loan amount 3.64e-07*** 6.09e-07*** 

 
(5.71e-08) (4.86e-08) 

Long term 1.856*** 1.848*** 

 
(0.0162) (0.0106) 

High credit grade -2.158*** -2.142*** 

 
(0.0189) (0.0108) 

High income -0.0448*** -0.0471*** 

 
(0.00528) (0.00435) 

Married -0.0191*** -0.0271*** 

 
(0.00708) (0.00729) 

Unmarried -0.0230** -0.0121 

 
(0.00942) (0.00858) 

Widowed -0.0242 -0.0170 

 
(0.0271) (0.0435) 

House 0.0181** 0.0328*** 

 
(0.00706) (0.00542) 

Car 0.0106 0.0231*** 

 
(0.00783) (0.00564) 

House loan 0.0205*** 0.0137** 

 
(0.00691) (0.00539) 

Car loan 0.0354* -0.00561 

 
(0.0181) (0.0137) 

t -0.00780*** -0.00765*** 

 
(0.000291) (0.000225) 

post 0.0912*** 0.0871*** 

 
(0.0102) (0.00822) 

t×Post 0.00842*** 0.00826*** 

 
(0.000390) (0.000310) 

Constant 10.96*** 10.92*** 

 (0.0199) (0.0130) 

   

Observations 9,561 20,788 

R-squared 0.675 0.707 

Standard errors in parentheses   

*** p<0.01, ** p<0.05, * p<0.1   
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Table 12 Borrowers with or without House Ownership   

 Do not own a house Own a house 

VARIABLES Interest rate Interest rate 

Loan amount 1.25e-06*** 1.53e-07*** 

 
(7.60e-08) (4.06e-08) 

Long term 1.795*** 1.850*** 

 
(0.0128) (0.0135) 

Gender -0.0149** -0.00185 

 
(0.00645) (0.00385) 

High credit grade -2.208*** -2.064*** 

 
(0.0146) (0.0125) 

High income -0.124*** -0.00619* 

 
(0.00666) (0.00374) 

Married -0.0462*** -0.00988* 

 
(0.0102) (0.00575) 

Unmarried -0.0382*** -0.00153 

 
(0.0114) (0.00770) 

Widowed -0.0375 -0.0131 

 
(0.0500) (0.0264) 

Car 0.0790*** -0.00253 

 
(0.00995) (0.00481) 

House loan -0.439 0.00867** 

 
(0.314) (0.00387) 

Car loan -0.0218 0.0150 

 
(0.0239) (0.0115) 

t -0.00762*** -0.00794*** 

 
(0.000328) (0.000205) 

post 0.0740*** 0.100*** 

 
(0.0123) (0.00723) 

t×Post 0.00884*** 0.00812*** 

 
(0.000460) (0.000276) 

Constant 11.04*** 10.89*** 

 (0.0188) (0.0127) 

   

Observations 11,229 19,120 

R-squared 0.756 0.625 

Standard errors in parentheses   

*** p<0.01, ** p<0.05, * p<0.1   
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Table 13 Borrowers with or without Car Ownership   

 Do not own a car Own a car 

VARIABLES Interest rate Interest rate 

Loan amount 6.04e-07*** 1.21e-07 

 
(4.06e-08) (9.61e-08) 

Long term 1.830*** 1.902*** 

 
(0.00933) (0.0257) 

Gender -0.00847** 0.00139 

 
(0.00362) (0.00989) 

High credit grade -2.174*** -2.050*** 

 
(0.00997) (0.0246) 

High income -0.0554*** -0.00576 

 
(0.00364) (0.00914) 

Married -0.0247*** -0.00971 

 
(0.00554) (0.0149) 

Unmarried -0.0179*** 0.00905 

 
(0.00669) (0.0202) 

Widowed -0.0183 -0.0424 

 
(0.0256) (0.0756) 

House 0.0362*** -0.0208* 

 
(0.00467) (0.0115) 

House loan 0.0209*** -0.00721 

 
(0.00469) (0.0105) 

Car loan - 0.00849 

 
- (0.0125) 

t -0.00740*** -0.00876*** 

 
(0.000195) (0.000458) 

post 0.0823*** 0.117*** 

 
(0.00687) (0.0181) 

t×Post 0.00814*** 0.00855*** 

 
(0.000264) (0.000659) 

Constant 10.98*** 10.85*** 

 (0.0118) (0.0276) 

   

Observations 25,292 5,057 

R-squared 0.717 0.621 

Standard errors in parentheses   

*** p<0.01, ** p<0.05, * p<0.1   
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Table 14 Borrowers with or without House Loans   

 Do not have a house loan Have a house loan 

VARIABLES Interest rate Interest rate 

Loan amount 8.99e-07*** 4.26e-08 

 
(5.53e-08) (4.66e-08) 

Long term 1.812*** 1.943*** 

 
(0.0105) (0.0210) 

Gender -0.00980** -0.00235 

 
(0.00494) (0.00437) 

High credit grade -2.172*** -2.058*** 

 
(0.0113) (0.0186) 

High income -0.0855*** -0.00543 

 
(0.00511) (0.00411) 

Married -0.0356*** -0.00524 

 
(0.00750) (0.00671) 

Unmarried -0.0273*** 0.00342 

 
(0.00893) (0.00860) 

Widowed -0.0297 -0.0171 

 
(0.0325) (0.0362) 

House 0.0203*** 0.510** 

 
(0.00483) (0.225) 

Car 0.0410*** -0.00202 

 
(0.00664) (0.00581) 

Car loan 0.00768 0.00109 

 
(0.0160) (0.0137) 

t -0.00786*** -0.00763*** 

 
(0.000248) (0.000244) 

post 0.0791*** 0.103*** 

 
(0.00921) (0.00837) 

t×Post 0.00881*** 0.00774*** 

 
(0.000346) (0.000324) 

Constant 10.99*** 10.31*** 

 (0.0143) (0.226) 

   

Observations 18,029 12,320 

R-squared 0.739 0.539 

Standard errors in parentheses   

*** p<0.01, ** p<0.05, * p<0.1   
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Table 15 Borrowers with or without Car Loans  

 Do not have a car loan Have a car loan 

VARIABLES Interest rate Interest rate 

Loan amount 5.42e-07*** -1.39e-07 

 
(3.78e-08) (2.99e-07) 

Long term 1.847*** 1.896*** 

 
(0.00886) (0.0845) 

Gender -0.00614* -0.0347 

 
(0.00345) (0.0289) 

High credit grade -2.149*** -2.052*** 

 
(0.00929) (0.0787) 

High income -0.0468*** -0.0277 

 
(0.00342) (0.0300) 

Married -0.0241*** 0.00819 

 
(0.00526) (0.0428) 

Unmarried -0.0161** 0.0481 

 
(0.00643) (0.0555) 

Widowed -0.0235 - 

 
(0.0244) - 

House 0.0280*** 0.0264 

 
(0.00435) (0.0358) 

Car 0.0197*** - 

 
(0.00455) - 

House loan 0.0174*** -0.0435 

 
(0.00431) (0.0334) 

t -0.00758*** -0.00983*** 

 
(0.000182) (0.00127) 

post 0.0866*** 0.150*** 

 
(0.00650) (0.0564) 

t×Post 0.00822*** 0.00759*** 

 
(0.000247) (0.00222) 

Constant 10.94*** 10.86*** 

 (0.0109) (0.0753) 

   

Observations 29,613 736 

R-squared 0.704 0.534 

Standard errors in parentheses   

*** p<0.01, ** p<0.05, * p<0.1   

 


