
FUNDAÇÃO GETULIO VARGAS 
ESCOLA BRASILEIRA DE ADMINISTRAÇÃO PÚBLICA 

 

 

 

 

 
MATHEUS MOURA FERREIRA COSTA 

 

 

 

 

 

 

 

 

 

CAN FAKE NEWS IMPACT THE STOCK MARKET? EVIDENCE 

FROM POLITICIANS’ STATEMENTS 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

RIO DE JANEIRO 

2019 
  



2 
 

MATHEUS MOURA FERREIRA COSTA 

 

 

 

CAN FAKE NEWS IMPACT THE STOCK MARKET? EVIDENCE 

FROM POLITICIANS’ STATEMENTS 

 

 

 

Dissertação para obtenção do grau de mestre 

apresentada à Escola Brasileira de Administração 

Pública e de Empresas 

 

Área de concentração: Finanças. 

 

Orientador: Patrick Gottfried Behr 

 

 

 

 

 

 

 

 

 

 

Rio de Janeiro 

2019 



3 
 

Dados Internacionais de Catalogação na Publicação (CIP)      
Ficha catalográfica elaborada pelo Sistema de Bibliotecas/FGV 

 

 
 

                    Costa, Matheus Moura Ferreira  

      Can fake news impact the stock market? : evidence from politicians’  

                     statements / Matheus Moura Ferreira Costa. – 2019. 

      57 f.  
 

   Dissertação (mestrado) - Escola Brasileira de Administração Pública e de 
                      Empresas, Centro de Formação Acadêmica e Pesquisa. 
                           Orientador: Patrick Gottfried Behr. 

                           Inclui bibliografia.  

 
                           1.  Ações (Finanças). 2. Fake news. 3. Mercado de ações - Previsão. 4. 

                        Investimentos – Aspectos psicológicos I. Behr, Patrick Gottfried. II. Escola  

                        Brasileira de Administração Pública e de Empresas. Centro de Formação  

                        Acadêmica e Pesquisa. III. Título. 

 

                                                                                    CDD – 332.6 

 

 

  

    Elaborada por Márcia Nunes Bacha – CRB-7/4403 

 

 

 

  





4 
 

Acknowledgements 

Firstly, I would like to express my sincere gratitude to my advisor Dr. Patrick Behr 

for his continuous support during the M.Sc. study and my research, for his patience, motivation, 

and extensive knowledge shared with me. His guidance has always helped me in building my 

academic career, as well as in the writing of this thesis. I could not have imagined having a 

better advisor and mentor in my life. 

I am grateful to Dr. Murillo Campello, who not only taught me all the fundamentals 

of finance but also welcomed me at Cornell University and gave me full attention and feedback 

that were of most importance in the writing of this thesis. Hence, I also would like to dedicate 

this thesis to Dr. Cesar Zucco, who taught me all the basis of econometrics. The knowledge that 

he shared was crucial to the development of this article and to my academic career. 

Moreover, I would like to dedicate this thesis to Dr. Lars Norden, who taught me 

about Corporate Finance and gave me the opportunity to work face to face with international 

researchers in the organization of the International Conference on Banking and Economic 

Development.  

To my friends, who were always there for me: to Victor Dahan, who has a bright 

future ahead, and believes in me more than anyone; to Weichao Wang, who gave me nothing 

but love, kindness, and the best feedbacks I could have asked for; to Rodrigo Leite, who taught 

me so much during my thesis and was kind enough to let me win occasional chess games; 

Rodrigo Dias, who never forgot his friends and helped me even from far away and who became 

a role model to me by showing how to look on the positive side of everything in this world; to 

Marcelo Desterro, who showed me love since my first day at EBAPE and opened my eyes to 

the endless opportunities of this world; to Luiz Sacramento, who was my first friend and mentor, 

when I was still learning what academia was; to Layla Mendes, who for several occasions sat 

down with me and shared her knowledge; and to Ricardo Dias, who, even though distant, 

enlightened my days with fun, joy, and laughs. 

I am also grateful to Cornell University and Johnson Business School, for 

embracing me and making me feel always welcomed. I am also thankful to all the friends that 

I made abroad. Let our destinies make us meet again. 



5 
 

To my love, Gabriela Rodrigues, who had nothing but love to give to me since the 

first day I met her. If was I able to laugh and enjoy life, it was because of her, who with her big 

heart warmed me up and motivated me every second.  

Last, but not least, to my mother, Gisele Moura, for all the support and for believing 

in me. Not even the first step would be possible without her. She is the real reason I will be able 

to be called a Master of Science.  



6 
 

RESUMO 

A partir dos retornos das ações de indústrias, analiso se as fake news feitas pelos presidentes 

americanos Barack Obama e Donald Trump afetam o mercado de ações de maneira sistemática. 

Especificamente, investigo se os investidores do mercado de ações reagem de forma anormal 

às fake news feitas por ambos e se a reação do mercado de ações é diferente de suas declarações 

de notícias verdadeiras. Analiso ainda se há uma reação distinta associada a notícias falsas 

positivas e negativas e se há uma diferença na reação do mercado de ações às fake news feitos 

por Donald Trump e Brack Obama. Os resultados sugerem que o mercado de ações reage de 

fato a notícias falsas declaradas por ambos os políticos de forma sistemática e que a reação às 

declarações de Obama é diferente das declarações de Trump. Esses resultados sugerem que 

notícias falsas se tornaram uma parte importante do mercado de ações e pedem uma reação 

adequada dos reguladores a fake news. Além disso, os resultados sugerem que a importância de 

notícias falsas depende fundamentalmente de como certos políticos são percebidos pelo 

mercado de ações. 

Palavras-chave: Fake News, Finanças Comportamentais, Abnormal Stock Returns 

Abstract 

Using industry stock returns, I analyze whether fake news statements made by Former and 

current American presidents Barack Obama and Donald Trump affect the stock market in a 

systematic way. Specifically, I investigate if stock market investors react abnormally to the fake 

news statements made by both and whether the stock market’s reaction is different from their 

true news statements. I further analyze whether there is a distinctive reaction associated with 

positive and negative fake news and whether there is a difference in the stock market reaction 

to Obama’s and Trump’s fake news statements. The results suggest that the stock market indeed 

reacts to fake news stated by both politicians in a systematic way and that the reaction to 

Obama’s statements is different from Trump’s statements. These results suggest that fake news 

has become an important part of the stock market and call for an adequate reaction of regulators 

to fake news. Furthermore, the results suggest that the importance of fake news crucially hinges 

on how certain politicians are perceived by the stock market. 

Keywords: Fake News, Behavioral Finance, Abnormal Stock Returns, Event Study 



7 
 

Table of Contents 

 

Acknowledgements............................................................................................................................. 4 

1 Introduction ................................................................................................................................ 8 

2 Literature Review ...................................................................................................................... 10 

2.1 Fake News in the Psychology Literature ............................................................................. 10 

2.2 Fake News in the Behavioral Finance Literature ................................................................. 11 

3 Data .......................................................................................................................................... 12 

3.1 Data Source, Coding, and Reliability ................................................................................... 13 

3.2 Data................................................................................................................................... 14 

4 Hypotheses, Econometrical Framework, and Results ................................................................. 17 

4.1 Hypothesis 1 ...................................................................................................................... 17 

4.1.1 Econometrical Framework Hypothesis 1 .................................................................... 18 

4.1.2 Results and Regulation Concern of Hypothesis 1 ........................................................ 19 

4.1.3 Regression Tables ...................................................................................................... 21 

4.2 Hypothesis 2 ...................................................................................................................... 24 

4.2.1 Econometrical Framework Hypothesis 2 .................................................................... 25 

4.2.2 Results and Regulation Concern of Hypothesis 2 ........................................................ 25 

4.3 Hypothesis 3 ...................................................................................................................... 25 

4.3.1 Econometrical Framework Hypothesis 3 .................................................................... 26 

4.3.2 Results and Regulation Concern of Hypothesis 3 ........................................................ 26 

4.3.3 Donald Trump ............................................................................................................ 26 

4.3.4 Barack Obama ............................................................................................................ 27 

5 Confounding Events .................................................................................................................. 29 

6 Conclusion ................................................................................................................................ 30 

Reference ......................................................................................................................................... 31 

Appendix .......................................................................................................................................... 34 

Appendix .......................................................................................................................................... 36 

 

 

 



8 
 

1 Introduction 

In 2013, the Twitter account of the Associated Press was hacked and displayed the 

message that President Barack Obama had been injured in an explosion in the White House. 

This tweet received massive attention from users that, in a few minutes, responded by accessing 

their investments and making the S&P 500 drop 0.9 percent, resulting in a loss stock value of 

about 130 billion dollars. This event was not the only one in history and can be easily correlated 

to other events where a phony information was shared in media and had a massive market 

response. These events open the possibility for market manipulation by anyone through the 

spread of fake information in different medias. Therefore, studying this topic is important, so 

that new understanding on how, when, and if fake news affects the stock market be developed, 

and how regulators can prevent them to happen. 

As Dice (2017) states, fake news stories have been around for centuries, although 

they had usually just been called disinformation, propaganda, yellow journalism […]; but this 

modern incarnation is different. The rise of the internet and social media made it possible for 

anyone in the world to make a statement, share an opinion, or discuss ideas that can reach 

everyone. This generates a concern because excessive diversity of viewpoints would make it 

easier for like-minded citizens to form “echo chambers” or “filter bubbles” (Sunstein, 2001, 

Pariser, 2011) and, therefore, choose what to follow and not to follow without distinguishing 

what is real from what is fake. 

Previous research already points out that among people aware of news, all of them 

– either true or fake – were viewed as accurate by the majority of respondents, and a survey 

conducted in 2016 by Ipsos Public Affairs suggests that most people exposed to fake news 

actually believe in them at a first glance. These findings agree with the heuristic view of 

persuasion, which suggests that people exert little cognitive effort in judging the validity of a 

persuasive message and, instead, may base their agreement with a message on a rather 

superficial assessment of a variety of extrinsic persuasion cues such as surface or structural 

characteristics of the message itself (e.g. its length of number of arguments), communicator 

characteristics (e.g. expertise, likability, physical attractiveness), and audience characteristics 

(e.g. positive or negative audience reaction to the message; Chaiken, 1987). 

The issue of people making decisions based on fake information is plausible and of 

big concern to society, since it can have real negative outcomes (i.e. security price volatility, 

firms’ profits/losses, product discontinuity, bank runs, financial bubbles). Moreover, regulators 
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are not yet well prepared to prevent them to happen because they do not fully understand them. 

Through this study, solutions such as anti-fake news laws, deep investigations on unjust stock 

market enrichment, and the development of fact checker can be considered in order to avoid 

fake news to affect people’s investment. Therefore, in this study, I propose to answer the 

question: Does fake news affect the financial market?  

Fake news can have enormous implications for the financial market. Under banking 

perspective, fake news can generate bank runs that can lead to an information contagion. This 

can make other banks start to undertake correlated activities in order to be bailed out (Acharya 

and Yorulmazer, 2007). Moreover, firms time their equity issuance according to the stock 

prices, which are partly driven by changes in the level of asymmetric information between 

investors and firm managers (Bayless and Chaplinsky, 1996). Therefore, the spread of positive 

(negative) fake news can be of the firm’s interest because it can generate momentum increase 

(decrease) of stock prices and motivate equity issuance (stock buybacks). 

Moreover, this research contributes to different fields in the finance literature. In 

the behavioral strand, fake news is related to several cognitive biases as discussed below. 

Hence, for financial markets and intermediaries, fake news represents a risk that needs to be 

accounted for. Lastly, fake news can be a large mechanism to propagate and increase 

information gaps. Therefore, the outcomes of this study are closely related to asymmetric 

information issues and stock price manipulation. 

Having access to a dataset of coded (fake and true) statements of President Donald 

Trump and Former President Barack Obama, I intend to match the days when the statements 

were made to the Kenneth French database1 and analyze if in those days there were abnormal 

stock returns due to their fake statements.  

This research is structured as follows: in section 2, I present the literature review. 

In section 3, I discuss the data. In section 4, I elaborate on the hypotheses, econometrical 

framework, and results. In section 5, I analyze the possibility of confounding events. In section 

6, I make the final remarks. 

                                                             
1 http://mba.tuck.dartmouth.edu/pages/faculty/ken.french/data_library.html. 

http://mba.tuck.dartmouth.edu/pages/faculty/ken.french/data_library.html
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2 Literature Review 

As suggested by Shu et al. (2017), fake news can be defined as (1) satire news with 

proper context, which has no intent to mislead or deceive consumers and is unlikely to be 

misperceived as factual; (2) rumors that did not originate from news events; (3) conspiracy 

theories, which are difficult to verify as true or false; (4) misinformation that is created 

unintentionally; and (5) hoaxes that are only motivated by fun or to scam targeted individuals. 

In order to avoid ambiguity between different concepts of fake news, I will assume 

fake news as the definition (2) and (4), since it provides the accurate idea of fake news in this 

study – rumors that were not originated from real events and were created unintentionally.  

Moreover, studies about fake news are still in the beginning and most of them are 

in the fields of communication and politics (Marchi, 2012, Borden and Tew, 2007, Jones and 

Baym, 2013) because those are the areas that were initially more affected by fake news. 

Therefore, to explain this phenomenon, most of the literature used in this research will be from 

the fields of communication, psychology, and behavioral finance. 

2.1 Fake News in the Psychology Literature 

Bias represents the key source that makes fake news gain so much power over 

people because due to behavioral bias, humans are unable to systematically differentiate true 

from fake information in any media. And since traditional fake news mainly targets consumers 

by exploiting their individual vulnerabilities (Shu et al., 2017), it is likely that people, on 

average, reacts to fake news even when it comes to assess their investments. 

The concept of bias is the lack of internal validity or incorrect assessment of the 

association between an exposure and an effect in the target population in which the statistic 

estimated has an expectation that does not equal the true value (Delgado-Rodriguez and Llorca, 

2004). This concept can be used in this study to understand why people behave on a phony 

information that is spread on different media and has no documents or proof to support its 

claims. 

In the consumer behavior and psychology literature, there are two main factors that 

makes consumers more vulnerable to fake news: (i) Naive Realism: consumers tend to believe 

that their perceptions of reality are the only accurate views, while others who disagree are 

regarded as uninformed, irrational, or biased (Reed et al., 2013) and (ii) Confirmation Bias: 

consumers prefer to receive information that confirms their existent point of view (Nickerson, 
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1998). These two behavioral biases suggest that people look at an information with a 

tendentious point of view and are not able to change their previous opinion once they are set 

since fake news tend make their bias stronger (by confirming what they already believed in or 

through a back-fire effect). Hence, once these cognitive biases are set, it is very hard to correct 

them, and showing true news to people can be unhelpful and, sometimes, increase the 

misperceptions (Nyhan and Reifler, 2010). 

These findings are in accordance with the heuristic view of persuasion, which 

suggests that people focus on the subset of available information that enables them to use simple 

inferential rules, schemata, or cognitive heuristics to formulate their judgments and decisions. 

Because heuristic processing entails minimal amounts of data collection and analysis, it might 

be constructed as anchoring the low end of a systematic-process continuum (Chaiken and Eagly, 

1989). 

Therefore, due to the propensity that humans have to look for information that is 

easy to find and read in order make a decision, and the obstacle to change one`s point of view 

once the cognitive bias is set, fake news find itself in a scenario that is easy to spread and 

prosper. Hence, the hypothesis that fake news has an impact on the stock market is plausible 

and supported by previous research on psychology. 

2.2 Fake News in the Behavioral Finance Literature 

Another strand of literature that might help to understand investors’ behavior to fake 

news is the behavioral finance literature since it applies psychology research on investment 

behavior and might elucidate the understanding on why people make financial decisions based 

on fake information. 

When we start to analyze investors’ behavior due to fake news we are thinking about 

capital gains that they want to achieve and the use of the available information in the market to 

make financial decisions. As the efficient market hypothesis suggests, to be efficient, the capital 

market should fully and correctly reflect all relevant information in determining security prices 

(Malkiel, 1989). Therefore, even though fake news are not true news and therefore should not 

be relevant for financial decision making, investors do not know that the news is fake until it is 

coded. Therefore, it is plausible to assume that, for at least a brief window, investors should 

consider fake news as relevant for financial decision making. 



12 
 

Another theory that emerges in this literature is the prospect theory. Prospect theory 

describes decision-making as a process by which people make choices based on the relative 

gains and losses as compared to their current state (Kahneman and Tversky, 1979). Thus, it is 

likely to assume that people assess their investments as soon as they receive a negative fake 

news (i.e. statements suggesting something bad about a company or an industry) in order to 

avoid losses since people are, on average, loss averse. Kuhnen (2015), for instance, found in 

experimental evidence that being in the negative domain leads individuals to hold overly 

pessimistic beliefs about available investment options. Therefore, people that are faced with 

negative information tend to create an overly pessimistic expectation about the situation. And 

since some of the fake news spread is negative, people may be using it to make financial 

decisions and overreacting to a negative unreal news. 

Additionally, this desire to maximize gains also applies to social gains; for instance, 

continued acceptance by others in a user's immediate social network (Shu et al., 2017). As 

described by the social identity theory (Tajfel 1982, Tafjel and Turner, 1986), the need for social 

acceptance is essential for a person’s identity and self-esteem, which make people choose 

“social safe” options and disseminate information that is socially accepted by others, even if the 

shared information is actually fake. Thus, it is likely that people are willing to accept a fake 

news because their social group is sharing it and start a herding behavior. 

The literature on behavioral finance, overall, suggests that people want to maximize 

gains while avoiding losses. And since the market reflects all the information available and 

people have difficulties to differentiate true from false news looking for easy ways to process a 

news, it is feasible to assume that investors use the same process to validate a fake news and 

assess their investments. Considering that the market still lacks of a fast, reliable, and easy 

source of fact check to consult, investors are not able to discern fake news from true news and 

until it is announced that the information is fake, investors might make decisions based on it, 

which reinforces the hypothesis that fake news affects the stock market. 

3 Data 

Fake news is an old phenomenon that has reached a new baseline after the creation 

of the internet and social media. In the third quarter of 2011, users in the United States spent 

almost a quarter of their online time on social networks and blogs, and nearly 80% of active 

Internet users visit social networks and blogs (The Neilsen Company, 2011). Since its impact 

on people’s behavior started to be observed in fields such as journalism and communication, 
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most recent studies about and solutions for fake news are in those fields (e.g. Borden and Tew, 

2007; Marchi, 2012; Balmas, 2014). 

Moreover, to combat the spread of fake news, journalists have developed different 

sources of information to provide users with. Ranging from information on how people should 

be more critical about the information they read to websites where which information is fake 

and not fake is coded, journalists provide different types of sources to decrease the sharing of 

fake news on the internet. In this study, I propose the use of one source of information to analyze 

how fake news impact the stock market. 

Therefore, in this section, I first provide details about the data source, the coding 

process, and its reliability. Then, I describe the data and the specification that I test in this study.  

3.1 Data Source, Coding, and Reliability 

In order to test if the fake news have in impact on the stock market, I use the database 

of the Politifacts website (https://www.politifact.com/). 

Politifacts is a website focused on fact-checking journalism and it is owned by the 

nonprofit Poynter Institute for Media Studies. In 2009, Politifacts was awarded the Pulitzer 

Prize2 for National Reporting for "its fact-checking initiative during the 2008 Presidential 

campaign and it holds information of several American politicians’ statements made in different 

media (e.g. Television Interviews, Twitter posts, Radio Interviews) coded by true or false 

statement. 

Since Politifacts has data on several American politicians, I chose to analyze the 

statements of the United States President Donald Trump and Former President Barack Obama 

because they were the ones with more statements coded and because their statements could 

massively influence the market’s opinion due to their status.  

Politifacts has a page on their website called Truth-O-Meter, where their group of 

journalists code politicians’ statements as i) True; ii) Mostly True; iii) Half True; iv) Mostly 

False; v) False; and vi) Pants on Fire. Each coded statement has an explanation on why this 

statement is coded as it is. Moreover, the statements are dated according to the day they were 

made, so it is possible to backtrack and analyze if there were abnormal returns in the following 

days. 

                                                             
2 For more information: https://www.pulitzer.org/prize-winners-by-year/2009.  

https://www.politifact.com/
https://www.pulitzer.org/prize-winners-by-year/2009
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In this research, I intend to consider as fake news the statements coded as Half True, 

Mostly False, False, and Pants on Fire, and not fake news (true news) the statements coded as: 

True, Mostly True.  

Additionally, the statements were made without people’s expectations (i.e. the 

market did not know if/when the Presidents were going to make a true/fake statement that could 

influence the market’s opinion). Therefore, it is possible to assume that all statements made by 

politicians in this database are exogenous. 

In order to keep only the statements that could influence a stock’s price, I coded the 

statements made by Donald Trump and Barack Obama as follows: industry-related (when they 

mention an industry or company in their statement) and non-industry-related (when their 

statement should not influence the market). An example of this coding would be the statement 

"Ford is moving all of their small-car production to Mexico.”, which I coded to be industry-

related, since it mentions Ford, one of the biggest automotive companies in the world. 

Finally, I coded the statements between positive (when the statement should 

influence the stock market positively) and negative (when the statement should influence the 

market negatively) shock. Therefore, to avoid selection bias, I coded the statements twice 

without looking at the previous coding results and then analyzed the statements that were coded 

differently from each other (i.e., in the first coding session, I considered it a positive shock and 

in the second coding session, I considered it a negative shock) and chose the one that was more 

likely to affect the market. Then I matched the industry stock return using Kenneth French 48 

industry portfolio. 

An important issue regarding the creation of the database is that previous research 

(Carvalho et al., 2011) demonstrates that a fake news related to a company can have an impact 

in the whole industry. Therefore, I decided to add to my database not only the statements in 

which the politician mentions an industry, but also when he mentions a company. To do so, I 

considered the main industry in which the company operates and matched it to its portfolio. 

3.2 Data  

By May 17th of 2019, Politifacts had 1,248 statements from Donald Trump and 

Barack Obama (including industry and non-industry-related statements). After having coded 

the statements that have an industry/company relation, my database sample has 180 statements 

(From Donald Trump and Barack Obama). In Table 1a, I demonstrate the statement database 
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by President and the media used to spread the news. The statements that were made during the 

weekend were forwarded to the following Monday, when the market was open, to observe how 

it would react. 

Table 1a. Summary of the Fake News Database 
  

This Table shows the number of statements related to industry/company by speaker 

(Donald Trump and Barack Obama) 

 
Barack Obama Donald Trump 

 
True News Fake News True News Fake News 

Debate 3 5 1 2 

Interview 2 5 2 7 

Twitter - - 3 21 

Rally - 2 1 7 

Speech 11 10 2 18 

TV Ad 4 4 - - 

Others 26 27 5 12 

Total 46 53 14 67 

 

Moreover, in Table 1b, I demonstrate a summary statistics of the Keneth French 48 Portfolio 

dataset used in my analysis. 

Table 1b. Summary Statistics of Kenneth French 48 Industry Portfolio 

This Table shows descriptive statistics for the return of all variables in the Kenneth French 48 Portfolio. All 

absolute amounts are in decimals. SD indicates the standard deviation. p50, p5 and p95 indicate the median, the 

values at 5th percentile and 95th percentile respectively. N is the number of observations per variable. 

Variables Mean p50 SD p5 p95  N  

Aero 0.0006 0.0010 0.0139 (0.0219) 0.0205 3,584 

Agric 0.0005 0.0003 0.0176 (0.0240) 0.0250 3,584 

Autos 0.0003 0.0006 0.0179 (0.0276) 0.0264 3,584 

Banks 0.0003 0.0004 0.0200 (0.0272) 0.0257 3,584 

Beer 0.0005 0.0005 0.0094 (0.0140) 0.0147 3,584 

BldMt 0.0004 0.0007 0.0160 (0.0248) 0.0244 3,584 

Books 0.0001 0.0002 0.0155 (0.0235) 0.0217 3,584 

Boxes 0.0005 0.0009 0.0143 (0.0219) 0.0213 3,584 

BusSv 0.0005 0.0009 0.0122 (0.0185) 0.0176 3,584 
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Chems 0.0005 0.0009 0.0153 (0.0236) 0.0225 3,584 

Chips 0.0005 0.0011 0.0145 (0.0230) 0.0220 3,584 

Clths 0.0005 0.0008 0.0155 (0.0240) 0.0232 3,584 

Cnstr 0.0003 0.0005 0.0200 (0.0311) 0.0299 3,584 

Coal 0.0002 - 0.0325 (0.0500) 0.0506 3,584 

Drugs 0.0004 0.0007 0.0107 (0.0169) 0.0160 3,584 

ElcEq 0.0004 0.0007 0.0156 (0.0238) 0.0235 3,584 

FabPr 0.0004 0.0009 0.0195 (0.0309) 0.0297 3,584 

Fin 0.0004 0.0007 0.0191 (0.0283) 0.0258 3,584 

Food 0.0003 0.0006 0.0095 (0.0148) 0.0142 3,584 

Fun 0.0006 0.0008 0.0195 (0.0288) 0.0296 3,584 

Gold 0.0003 (0.0005) 0.0252 (0.0372) 0.0385 3,584 

Guns 0.0006 0.0007 0.0129 (0.0187) 0.0197 3,584 

Hardw 0.0005 (0.0005) 0.0145 (0.0369) 0.0385 3,584 

Hlth 0.0004 0.0007 0.0126 (0.0193) 0.0187 3,584 

Hshld 0.0003 0.0004 0.0098 (0.0144) 0.0146 3,584 

Insur 0.0004 0.0009 0.0150 (0.0203) 0.0195 3,584 

LabEq 0.0006 0.0011 0.0137 (0.0212) 0.0208 3,584 

Mach 0.0005 0.0010 0.0167 (0.0256) 0.0243 3,584 

Meals 0.0006 0.0008 0.0117 (0.0180) 0.0182 3,584 

MedEq 0.0005 0.0008 0.0115 (0.0174) 0.0166 3,584 

Mines 0.0006 0.0007 0.0234 (0.0355) 0.0348 3,584 

Oil 0.0004 0.0005 0.0172 (0.0262) 0.0240 3,584 

Other 0.0002 0.0005 0.0128 (0.0183) 0.0180 3,584 

Paper 0.0004 0.0009 0.0124 (0.0192) 0.0181 3,584 

PerSv 0.0002 0.0005 0.0142 (0.0224) 0.0213 3,584 

RlEst 0.0003 0.0006 0.0209 (0.0305) 0.0291 3,584 

Rtail 0.0005 0.0009 0.0117 (0.0177) 0.0177 3,584 

Rubbr 0.0005 0.0007 0.0139 (0.0212) 0.0217 3,584 

Ships 0.0007 0.0012 0.0171 (0.0272) 0.0271 3,584 

Smoke 0.0006 0.0007 0.0116 (0.0166) 0.0178 3,584 

Soda 0.0005 0.0006 0.0123 (0.0171) 0.0180 3,584 

Softw 0.0005 0.0007 0.0130 (0.0206) 0.0193 3,584 

Steel 0.0003 0.0008 0.0223 (0.0340) 0.0325 3,584 

Telcm 0.0004 0.0007 0.0121 (0.0174) 0.0165 3,584 

Toys 0.0002 0.0005 0.0155 (0.0236) 0.0240 3,584 
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Trans 0.0005 0.0010 0.0143 (0.0224) 0.0222 3,584 

Txtls 0.0004 0.0006 0.0190 (0.0285) 0.0279 3,584 

Util 0.0004 0.0009 0.0111 (0.0163) 0.0151 3,584 

Whlsl 0.0004 0.0008 0.0117 (0.0181) 0.0168 3,584 

 

4 Hypotheses, Econometrical Framework, and Results 

This research is, to the best of my knowledge, the first one to address fake news in 

the stock market in a systematic manner using politician fake statements, and not a single case 

study analysis. Therefore, I intend to answer several questions that may have an important 

regulatory concern. As most of the significant results were found in the event window 0-3, I 

will show only their tables and results in the text. However, the tables for other event windows 

(0-1, 0-2) can be found in the Appendix. 

4.1 Hypothesis 1 

During the 2016 United States presidential campaign, the most popular fake news 

story was most widely shared on Facebook than the most popular mainstream news stories3. 

According to the heuristic view of persuasion, recipients of a message exert comparatively little 

effort in judging message validity. Rather than processing argumentation, recipients may rely 

on (typically) more accessible information such as the source of identity or other non-content 

cues in deciding to accept the message's conclusion (Chaiken, 1980). In accordance with this 

theory, Vosoughi et al. (2018) demonstrate that falsehood diffused significantly farther, faster, 

deeper, and more broadly than the truth in social media.  

Several studies have already suggested that political fake news, provided by satirical 

news programs, can produce different effects, such as salience (Young, 2006), perceptions (e.g., 

Holbert et al., 2007), and behaviors (Cao & Brewer, 2008; Moy et al., 2005) that, in the end, 

have significant effects on political outcomes. Consequently, if satirical shows sharing fake 

news influence people’s behavior, it is likely that people also respond to false statements made 

by important figures, such as presidents.  

Moreover, the main hypothesis of this article is to discover if fake news, a constant 

topic in today’s media, has an impact on the stock market and how the regulators should 

                                                             
3 Article shared in the News website Buzzfeed: https://www.buzzfeednews.com/article/craigsilverman/viral-
fake-election-news-outperformed-real-news-on-facebook.  

https://www.buzzfeednews.com/article/craigsilverman/viral-fake-election-news-outperformed-real-news-on-facebook
https://www.buzzfeednews.com/article/craigsilverman/viral-fake-election-news-outperformed-real-news-on-facebook
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approach this new phenomenon. Therefore, I raise the first hypothesis (H1): Fake news affects 

the stock market.  

4.1.1 Econometrical Framework Hypothesis 1 

To test this hypothesis, I performed an event-study analysis. The general 

applicability of the event-study methodology has led to its wide use. In the academic accounting 

and finance field, event-study methodology has been applied to a variety of firm-specific and 

economy-wide events. Some examples include mergers and acquisitions, earnings 

announcements, issues of new debt or equity, and announcements of macroeconomic variables 

such as the trade deficit (Campbell et al., 1997). 

Therefore, the process of testing the hypothesis is as follow: a) Firstly, I coded all 

the statements (fake and not fake) of the politicians according to industry-related and not-

industry related. This is important because I am only concerned with statements that may have 

an influence on the stock market. Thus, I only considered statements where politicians mention 

an industry sector (i.e. real state, financial services, energy, etc.) and or a specific company (i.e. 

Amazon, Apple, Facebook, etc.); b) Secondly, I considered the estimation window 120 days 

prior to the event, as well as the days in which the statements were made and the subsequent 

day as the event window (I used three different event windows: 0-1, 0-2, 0-3). This captures the 

price effects of statements until the release of the information that the statement is fake; c) 

Thirdly, I calculated the normal and abnormal returns. The abnormal return is the actual ex-post 

return of the security over the event window minus the normal return of the firm over the event 

window. The normal return is defined as the return that would be expected if the event did not 

take place (Campbell et al., 1997). I use the market model for my analyses since it represents a 

potential improvement over the constant-mean-return model because, by removing the portion 

of the return that is related to variation in the market's return, the variance of the abnormal return 

is reduced, and this can lead to increased ability to detect event effects. Therefore, for any 

security i, there is, 

Rit = αi + βiRmt + Ωit + εit; E[εit] = 0; VAR[εit] = σε
2 

where Rit and Rmt are the period-t returns on security i and the market portfolio, respectively, 

Ωit is a vector containing industry and year fixed effects, and εit is the zero-mean disturbance 

term. αi, βi, and σε
2are the parameters of the market model. Moreover, I use data from Kenneth 

French 48 portfolio daily to calculate the expected and abnormal returns. 
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4.1.2 Results and Regulation Concern of Hypothesis 1 

I first analyze if fake news (from Presidents Donald Trump and Barack Obama) 

affect the market. Since some of them may negatively impact the stock market while others 

positively, the average effect could be insignificant because both would cancel each other out. 

Therefore, to have an initial sense if all fake news affects the stock market, I analyze the absolute 

value. To do so, I multiplied all the negative values that I obtained in the cumulative abnormal 

return with minus one.  

Table 2. Effect of Fake News on the all Market in Absolute Value 

This table shows a simple t-test considering only the Fake News of the database in an event window of 

0-3. It tests if the absolute value of the Cumulative Abnormal Returns (CAR) are statistically 

significantly different from zero 

   
  Mean 

CAR 0.0180*** 

 [0.0149, 0.0211] 

  

N 120 

Ha: mean < 0  1 

Ha: mean != 0  0 

Ha: mean > 0 0 

Confidence Interval in brackets 

* p<0.1, ** p<0.05, *** p<0.01 

 

As shown in table 2, the market reacts statistically significantly to fake news. The CAR of 1.8% 

in the event window of 0-3 days is highly significantly different from zero. Even though it is 

not possible to infer from this coefficient if the stock market goes up or down, it is possible to 

see that, overall, the market reacts to fake news in almost 2%. 

Next, I show graphically (graph 1) that once the fake news is made, the abnormal 

stock return deviates significantly from the expected return. Both these findings suggest that 

the first hypothesis can be confirmed and demonstrate that fake news have an economical 

significance on the stock market. 
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Graph 1. Comparation Between Expected Return and Abnormal Return 

This graph shows a comparation between the cumulative average abnormal returns and the cumulative 

average expected returns from t-5 until t+5 (considering t=0 when the fake news was made). 

 

Following the initial findings that fake news significantly impact the stock market, 

in table 3 I maintain the CARs coefficient and split the fake news between negative and positive. 

As it is possible to see, fake news seems to affect the market negatively in the 10% level when 

the event window is of 3 days. Therefore, when considering all the fake news in our dataset 

(N=120), stock prices drop by -0.4% in the three days after the fake news strikes the market. 

When I separate into fake news, that I coded between negative and positive shock 

(negative shock is when the fake news should have a negative implication in the stock market, 

while positive shock is when the fake news should have a positive implication in the stock 

market), I observe that the negative fake news is also significant at the 10% level, suggesting 

that stock prices drop by -0.5%, while the positive fake news is not significant. However, even 

though the positive shocks are not significant, the coefficient is negative. This might indicate 

that the market has the tendency to perceive fake news in a negative way and gives more 

importance to the bad information that the news has, even when it says something good about 

an industry or a company overall. 
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Table 3. Effect of Fake News on the Market  

This table shows a simple t-test considering only the Fake News of the database in an event window of 0-

3. It tests if the Cumulative Abnormal Returns (CAR) are statistically significantly different from zero. 

      
  (1)   (2)   (3) 

  Mean   Mean Negative Shock   Mean Positive Shock 

CAR -0.0042* 
 

-0.0054* 
 

-0.0027 

 
[-0.008, -0.0005] 

 
[-0.0108, -0.0001] 

 
[-0.0078, 0.0024] 

N 120 
 

69 
 

51 

Ha: mean < 0  0.0314 
 

0.0498 
 

0.1912 

Ha: mean != 0  0.0627 
 

0.0996 
 

0.3823 

Ha: mean > 0 0.9686 
 

0.9502 
 

0.8088 

Confidence Interval in brackets 
    

* p<0.1, ** p<0.05, *** p<0.01 
    

 

These results are in accordance with empirical studies that suggest that people have 

the tendency to give more importance to negative news than to positive ones (Kuhnen, 2015; 

Garcia, 2012). 

4.1.3 Regression Tables 

In this section, I demonstrate a regression table of the CAR as a dependent variable 

holding the Speaker (Barack Obama and Donald Trump), the industry, and the media used to 

spread the fake news (Interview, Rally, Speech, TV Ad, Twitter, etc.), and year constant. 

Additionally, when the type of media used to spread the fake news is controlled, an 

interesting phenomenon happens. The market reacts in different speed for the fake news 

depending on where it was shared. Since fake news spread in a tweet can be quickly seen by 

almost everyone, the market reacts to it very fast, while in a speech, it takes time because it 

relies on journalists to write an article, publish it, share in other medias, and people start to get 

notice of the news. 

This finding sheds new understanding on the efficient market hypothesis because it 

introduces the idea that the market has limited attention and gives different values not to the 

information spread, but the channel used to spread the news. Even though more studies on this 

subject are needed in order to assume a new hypothesis, the idea that some media channels have 
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more influence on people’s attention and can time their reactions is new and should be further 

investigated. 

Additionally, it is possible to see that different industries are affected differently 

between one and another and in different event windows. As it is possible to see (Appendix – 

Table 3a), medias such as Twitter, demonstrate significance only in shorter event windows (0-

1). This is can be explained because the market has an easy and quick way to assess information 

spread in this media, while it needs more time to assess news spread on print media. However, 

these findings also requires more research in order to understand whether some industries are 

more likely to respond to fake news than others and through which channels. 

These findings have a major regulation concern, since they confirm the heuristic 

view of persuasion, and that people can be easily influenced in making financial investments 

based on fake information in the media. Since Facebook had 2.27 billion active users in the 

third quarter of 20184 and Twitter 326 million users5, people are exposed to several pieces of 

information that do not have fact-checks to discern what is fake and not fake information. 

Therefore, it is expected that this study will rise the concern among regulators about the 

importance of developing fact-checks and punishing the ones that are using this channel to 

enrich themselves illegally.  

Table 4. Regression Table – All News and Fake News  

This table shows my baseline regression in an event window of 0-3 using the Cumulative Abnormal Returns (CAR) as 

the dependent variable. In this table, I control for Speaker, Type of Shock, Fake Information, Industry, Media, and Year. 

  All News Fake News 

VARIABLES 
(1) (2) (3) (4) (5) (6) 

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 

   
  

   
Donald Trump -0.00191 0.000451 -0.00616 -0.00420 0.00408 -0.00860 

 
(0.00454) (0.00505) (0.00725) (0.00580) (0.00724) (0.0133) 

Negative Shock 0.000150 0.000572 0.00120 -0.00265 -0.00342 -0.00247 

 
(0.00325) (0.00406) (0.00347) (0.00597) (0.00712) (0.00676) 

Aero 
 

0.00874 0.00131 
 

-0.00816 -0.0162 

  
(0.00616) (0.00639) 

 
(0.00468) (0.0112) 

                                                             
4 Information provided in Statista: https://www.statista.com/statistics/264810/number-of-monthly-active-
facebook-users-worldwide/  
5 Information provided in Statista: https://www.statista.com/statistics/274565/monthly-active-international-
twitter-users/  

https://www.statista.com/statistics/264810/number-of-monthly-active-facebook-users-worldwide/
https://www.statista.com/statistics/264810/number-of-monthly-active-facebook-users-worldwide/
https://www.statista.com/statistics/274565/monthly-active-international-twitter-users/
https://www.statista.com/statistics/274565/monthly-active-international-twitter-users/
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Automobilism 
 

0.00896 0.00776 
 

0.0134*** 0.0197** 

  
(0.00537) (0.00614) 

 
(0.00143) (0.00789) 

Banks 
 

0.00940 0.00999 
 

0.00733*** 0.0154*** 

  
(0.00649) (0.00606) 

 
(0.00159) (0.00503) 

Construction 
 

-0.0415*** 

-

0.0476*** 
 

-0.0423*** 

-

0.0382*** 

  
(0.00603) (0.00775) 

 
(0.00312) (0.0122) 

Coal 
 

-0.00387 -0.00422 
 

-0.0485*** 

-

0.0438*** 

  
(0.00635) (0.00567) 

 
(0.00159) (0.00515) 

Drugs 
 

0.0151** 0.00636 
 

0.00816* -0.00433 

  
(0.00526) (0.00623) 

 
(0.00391) (0.00655) 

Food 
 

-0.0102 -0.00870 
 

0.00244 -0.000414 

  
(0.00603) (0.00867) 

 
(0.00166) (0.00674) 

Fun 
 

0.00437 -0.00404 
 

-0.0199*** -0.00143 

  
(0.00643) (0.00671) 

 
(0.00178) (0.0122) 

Guns 
 

-0.00745 -0.00257 
 

0.00945*** 0.00845 

  
(0.00616) (0.00816) 

 
(0.00169) (0.00505) 

Hardware 
 

0.00167 -3.63e-05 
 

0.0135** 0.0144* 

  
(0.00802) (0.0139) 

 
(0.00561) (0.00739) 

Health 
 

0.0132* 0.00852 
 

0.00254 0.00360 

  
(0.00665) (0.00613) 

 
(0.00553) (0.00692) 

Household 
 

0.0130** 0.000384 
 

0.0107*** 0.0104 

  
(0.00507) (0.00727) 

 
(0.00178) (0.00833) 

Insurance 
 

0.0108** 0.00539 
 

0.00439** 0.00689 

  
(0.00500) (0.00650) 

 
(0.00156) (0.00478) 

Oil 
 

0.00216 0.00299 
 

-0.0245*** 

-

0.0235*** 

  
(0.00502) (0.00602) 

 
(0.00209) (0.00618) 

Interview 
  

0.00553 
  

0.0196 

   
(0.0140) 

  
(0.0227) 

Others 
  

0.00551 
  

0.0210 

   
(0.00719) 

  
(0.0184) 

Rally 
  

0.0281* 
  

0.0446 

   
(0.0138) 

  
(0.0261) 

Speech 
  

0.00923 
  

0.0221 

   
(0.00775) 

  
(0.0184) 

TV Ad 
  

0.0193** 
  

0.0456 

   
(0.00780) 

  
(0.0300) 

Twitter 
  

0.0208 
  

0.0275 
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Observations 180 180 180 120 120 120 

R-squared 0.001 0.072 0.218 0.010 0.262 0.410 

Year FE No No Yes No No Yes 

Robust standard errors in parentheses 
     

*** p<0.01, ** p<0.05, * p<0.1 
      

 

4.2 Hypothesis 2 

In January 30th, 2019, the Financial Times published an article accusing Wirecard's 

Singapore office of using forged and backdated contracts in an attempt to boost revenues6. This 

allegation was disputed a few days later by Wirecard, a German processor of electronic 

payments, that stated that it had found no evidence of the alleged wrongdoing reported by the 

paper. However, that did not prevent the company from having its shares dropped by 40 percent 

once the scandal was reported, making the German financial regulators start an investigation 

into a possible market manipulation over the story. This story demonstrates how people assess 

bad media/attack over a company even without proper documents to support one’s statement 

and how the market gives importance to bad media. 

Empirical finance work indicates that learning by market participants may differ 

depending on whether the economic conditions are good or bad (Kuhnen, 2015), and poor stock 

market outcomes receive disproportionately pessimistic press coverage (Garcia, 2012). These 

empirical results suggest that people have the tendency to give more importance to bad news 

than to good news. 

In order to assess if the economic conditions are going to be good or bad, I consider 

that a positive shock from fake news is when a fake statement of a President is something good 

about an industry, which I expect to see the stock’s price rise (e.g. The oil and gas industry 

increased in the last 2 years). Moreover, negative shock from fake news is when a politician 

makes a bad fake statement about an industry and I expect to see the stock’s price decrease (e.g. 

The Former President caused a recession in the automobile industry). 

Therefore, once the hypothesis was confirmed, I addressed the following hypothesis 

(H2): Negative shocks, coming from fake news, affect the stock market more than positive 

shocks from fake news.  

                                                             
6 https://www.dw.com/en/wirecard-why-the-german-digital-payment-firm-is-under-fire/a-47571912 

https://www.dw.com/en/wirecard-why-the-german-digital-payment-firm-is-under-fire/a-47571912
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4.2.1 Econometrical Framework Hypothesis 2 

To test this hypothesis, I used only the fake statements in the dataset coded for 

negative and positive shock and match it with the Kenneth French’s database. 

The test was based on event study analysis, and I used cumulative abnormal returns, 

where I see if the abnormal returns of the stocks that were affected by negative fake news 

demonstrated a higher volatility than the stocks that were affected by a positive fake news.  

The model used for positive and negative fake news is: 

𝐶𝐴𝑅𝑖, 𝑡 =  ∑ 𝐴𝑅𝑖, 𝑡

𝑡

𝑡=1

 

where, Rit is the day t simple return on a sample firm, E(Rit ) is the day t expected return, ARit 

= Rit - E(Rit) is the abnormal return in day t, cumulating across t periods yields a cumulative 

abnormal return. 

4.2.2 Results and Regulation Concern of Hypothesis 2 

As shown in Tables 2 and 3, the market not only is affected by fake news (-0.4%, 

p<0.1 in an event window of three days), but is also only significant to the negative fake news, 

with a drop of stock prices of -0.5% (p<0.1), while the positive fake news are not significant.  

This result has a major regulation concern, since it demonstrates that people have 

the tendency to act more emphatically once they face a negative shock and, therefore, can 

influence the market in a more abrupt way. Thus, third parties can use this mechanism to dump 

negative fake news into the market while in a short position and then profit from such illegal 

operation. 

4.3 Hypothesis 3 

The concept of this theory comes from the fact that social media not only made it 

easier to spread fake news but also created a new type of powerful celebrity, the influencers. 

Influencers are people that have thousands of followers (others that enjoy watching their posts) 

on different platforms (Instagram, Facebook, Twitter, etc.) and have the power to make their 

followers act in accordance with their lead. The power that influencers have over others is so 

high that scholars now study what are the attributions that an influencer must have to convert 

sponsorship into product selling (Trammell and Keshelashvili, 2005; Zhang et al., 2013; Durkin 

et al., 2008). Thus, how the market would react if some of these influencers suggested their 
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followers to buy a company’s stock or stop using a firm’s product, for example, has not been 

studied yet. This behavior raises a big concern whether these influencers should be more aware 

of social responsibility and suffer more severe penalties when their actions caused security’s 

price changes or influenced a company’s revenue. 

Therefore, I test the hypothesis (H3): The effects of fake news are moderated by 

how the speaker is perceived by the market. 

4.3.1 Econometrical Framework Hypothesis 3 

To test this hypothesis, I analyzed how the market reacted to fake news coming 

from Barack Obama and Donald Trump separately. 

Moreover, to test if the abnormal returns of fake news are moderated by the relative 

political market perception, I also based the study on the market model, as it was done in the 

first hypothesis. Therefore, for any security i I have, 

Rit = αi + βiRmt + Ωit + εit; E[εit] = 0; VAR[εit] = σε
2 

where Rit and Rmt are the period-t returns on security i and the market portfolio, respectively, 

Ωit is a vector of industry, politician, and day fixed effects, and εit is the zero-mean disturbance 

term. αi, βi, and σε
2: are the parameters of the market model. Moreover, I use data from Kenneth 

French 48 portfolio daily to calculate the expected and abnormal returns. 

4.3.2 Results and Regulation Concern of Hypothesis 3 

4.3.3 Donald Trump 

President Donald Trump is famous for his comments on the press and for sharing 

his thoughts on the internet (specially on Twitter). Hence, it is plausible to believe that the 

market would consider his unofficial means of communication, such as tweets, to base their 

investments on. Therefore, I analyze if his fake news affects the market.  

As shown below, the market reacts slightly quicker to his fake news, demonstrating 

significant coefficients two days after he has spread a fake information in any type of media. In 

the event window of two days (Appendix – Table 4.b), the market responds with a drop of stock 

prices of -0.5% (p<0.05), and -0.6% (p<0.05) on the third day (Table 4). However, when 

analyzing according to negative and positive shocks, instead of responding negatively for the 

negative fake news that he spreads, the market responds negatively to the positive fake news 

(event window of 2 days: -1%, p<0.05; event window of 3 days: -1.1%; p < 0.01). Even though 
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this finding needs more investigation to understand why this phenomenon is happening, a 

possible explanation could be that the market interprets his information to be the opposite of 

what he says because he is not consistent with his arguments and he does not have a good 

reputation towards the market with regards to his statements. 

An example that illustrates this argument was in 2018, when President Donald 

Trump tweeted that Amazon takes advantage of the post office and does not pay its fair share 

of taxes7. Even though this information was coded as fake by Politifacts8, the market still reacted 

negatively with a drop of Amazon’s stock price of 7% and making the company loose more 

than $50 billion in market value before readjusting its price in the same day, after massive media 

coverage against his tweet. Maybe after several misinformation given by Donald Trump 

throughout the years made the market learn that he cannot be trusted in his news and started to 

show a behavior that is opposite to what I would expect, selling a company`s shares when he 

mentions it, even in a good way. 

Table 5. Effect of Fake News on the Market when Spread by Donald Trump 

This table shows a simple t-test considering only the Fake News spread by President Donald Trump in 

an event window of 0-3. It tests if the Cumulative Abnormal Returns (CAR) are statistically significantly 

different from zero. 

  (1)   (2)   (3) 

  Mean   Mean Negative Shock   Mean Positive Shock 

CAR -0.006* 
 

-0.0023 
 

-0.011*** 

 
[-0.0112, -0.0010] 

 
[-0.011, 0.0065] 

 
[-0.0198, -0.0030] 

N 67   39   28 

Ha: mean < 0  0.0257 
 

0.2997 
 

0.0047 

Ha: mean != 0  0.0514 
 

0.5994 
 

0.0094 

Ha: mean > 0 0.9743   0.7003   0.9953 

Confidence Interval in brackets 
    

* p<0.1, ** p<0.05, *** p<0.01 
    

 

4.3.4 Barack Obama 

As it is possible to infer from the tables below, the market does not seem to respond 

to President Obama’s fake news as a whole. However, this result likely happens because both 

                                                             
7 https://money.cnn.com/2018/04/03/news/companies/amazon-stock/index.html  
8 https://www.politifact.com/truth-o-meter/statements/2018/apr/02/donald-trump/trump-usps-postal-
service-amazon-losing-fortune/  

https://money.cnn.com/2018/04/03/news/companies/amazon-stock/index.html
https://www.politifact.com/truth-o-meter/statements/2018/apr/02/donald-trump/trump-usps-postal-service-amazon-losing-fortune/
https://www.politifact.com/truth-o-meter/statements/2018/apr/02/donald-trump/trump-usps-postal-service-amazon-losing-fortune/
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positive and negative fake news spread by President Obama seem to have an effect on the 

market and when combined, they tend to be non-significant.  

Hence, when analyzed separately, I can see that the market responds in one day to 

the positive fake news shared by President Obama by increasing the stock price in 0.4% 

(p<0.05) (Appendix – Table 5.a). When analyzing the event window of two and three days, it 

is possible to also find a significant result to the positive fake news (event window of 2 days: 

0.5%, p<0.05; event window of 3 days: 0.8%; p < 0.05). Additionally, the market responds to 

the negative fake news spread by President Obama within three days with a drop of stock prices 

of -0.9 (p<0.1). 

This combination of results suggests that the market gives more attention and 

weight to the fake information spread by Former President Barack Obama than to current 

President Donald Trump. Maybe, as President Donald Trump is known for his inconsistent 

statements and for constantly spreading fake news, the market tends to discount his fake news, 

while President Barack Obama is known for being a more serious President and is not directly 

linked to the idea of fake news. 

Table 5. Effect of Fake News on the Market when Spread by Barack Obama 

This table shows a simple t-test considering only the Fake News spread by Former President Barack 

Obama in an event window of 0-3. It tests if the Cumulative Abnormal Returns (CAR) are statistically 

significantly different from zero. 

  (1)   (2)   (3) 

  Mean   Mean Negative Shock   Mean Positive Shock 

CAR -0.0019 
 

-0.0094* 
 

0.0080** 

 
[-0.0085, 0.0048] 

 
[-0.0176, -0.0012] 

 
[0.0008, 0.0152] 

N 53   30   23 

Ha: mean < 0  0.2875 
 

0.0300 
 

0.9842 

Ha: mean != 0  0.5749 
 

0.0601 
 

0.0316 

Ha: mean > 0 0.7125   0.9700   0.0158 

Confidence Interval in brackets 
    

* p<0.1, ** p<0.05, *** p<0.01 
    

 

The results in this analysis are important because they demonstrate that the 

reputation that a person has over the market influences how it sees the news and responds to it. 
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This result is in line with the theory that people have a cognitive bias of acting in accordance 

with their role models, as they do to the social influencers that they like. 

Additionally, these findings have major implications for regulation. After the advent 

of social media, the dissemination of information has never been faster and since there is not 

yet a fast-reliable fact-check to enlighten users, unscrupulous people can use this opportunity 

to manipulate stock prices and create their own “window of opportunity". Additionally, it is 

important to promote social responsibility among internet users, especially influencers, who 

hold greater power among their followers and can, intentionally or not, create a movement pro 

(against) a company, a product, or a person and, in the end, affect people's/company’s 

financials. 

5 Confounding Events 

An important consideration in using event study analysis is the possibility of 

confounding events. If dividend announcements are accompanied by earnings announcements, 

for example, the latter will be a potentially confounding event in an event study of the former. 

Their presence can have a significant impact on the results of empirical tests, and the success 

of many event studies will depend upon how effectively the researcher controls for the impact 

of confounding events (Bowman, 1983).  

In order to exclude the possibility or control for confounding events, I used the 

database Lexusnexis, where I analyzed all news regarding the industries and mentioned 

companies in the fake news dataset. After deep research in news that were between -3 and +3 

days from the day that the fake news was made, I did not find any confounding event that would 

explain the results of this research. 

Therefore, it is possible to assume that all the results in this paper did not have any 

influence of any other market information besides the fake news spread by one of the two 

politicians. 
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6 Conclusion  

This thesis is, to the best of my knowledge, the first one to study the influence of 

fake news in the stock market in a systemic way with several cases and relying on a dataset of 

fake news spread by politicians. Therefore, it provides strong results suggesting that not only 

fake news affect the stock market, but it also affects it in different levels: i) negative fake news 

affects more the stock market than positive fake news; ii) the way the market perceives a 

politician affects how it will respond to the statement. 

This study provides a new understanding of this subject, which has been on the 

media for a while and helps regulators to find the best solution to prevent it from happening. 

As mentioned before, fake news can be used for market manipulation, leading to unfair 

enrichment and affecting negatively the life of the average investor who does not have inside 

information. Therefore, anti-fake news laws, the development of fast fact-checking software 

that every media has to pass through before submitting on the internet, severe penalties to people 

who directly and indirectly spread fake news that have a company/industry repercussion are 

some of the solutions that this research opens for debate due to its significant results. 

More studies in some of the findings are needed to infer the real mechanisms used 

to assess fake news and how the market responds to it. However, it already demonstrates that 

fake news’ impact on the market goes beyond separate cases and is a real epidemy that should 

be managed before it becomes big and generates financial bubbles, leading to company 

bankruptcy, or recession. 

Therefore, this study raises important issues to regulators about the current market, 

how to deal with the spread of fake news, and how to prevent them to harm others through stock 

market manipulation. 
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Appendix. Table 1a. Effect of Fake News on the Market (Event window 0-1) 

This table shows a simple t-test considering only the Fake News of the database in aggregate value 

in an event window of 0-1. It tests if the Cumulative Abnormal Returns (CAR) are statistically 

significant different from zero. 

 

  Mean   

CAR 0.0107***  

 

[0.0090, 
0.0125]  

   

N 120   

Ha: mean < 0  1  
Ha: mean != 0  0  
Ha: mean > 0 0   

Confidence Interval in brackets  
* p<0.1, ** p<0.05, *** p<0.01  
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Appendix. Table 1b. Effect of Fake News on the Market (Event window 0-2) 

This table shows a simple t-test considering only the Fake News of the database in aggregate value 

in an event window of 0-2. It tests if the Cumulative Abnormal Returns (CAR) are statistically 

significant different from zero. 

  Mean   

CAR 0.0133***  

 

[0.0111, 
0.0155]  

   

N 120   

Ha: mean < 0  1  
Ha: mean != 0  0  
Ha: mean > 0 0   

Confidence Interval in brackets  
* p<0.1, ** p<0.05, *** p<0.01  
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Appendix. Table 2a. Effect of Fake News on the Market (Event window 0-1) 

This table shows a simple t-test considering only the Fake News of the database in an event 

window of 0-1. It tests if the Cumulative Abnormal Returns (CAR) are statistically significant 

different from zero. 

 

  (1)   (2)   (3) 

  Mean   Mean Negative Shock   Mean Positive Shock 

CAR -0.0012 
 

-0.0017 
 

-0.0006 

 
[-0.0034, 0.0009] 

 
[ -0.0048, 0.0014] 

 
[-0.0036, 0.0023] 

      
N 120   69   51 

Ha: mean < 0  0.1717 
 

0.1859 
 

0.3577 

Ha: mean != 0  0.3434 
 

0.3719 
 

0.7155 

Ha: mean > 0 0.8283   0.8141   0.6423 

Confidence Interval in brackets 
    

* p<0.1, ** p<0.05, *** p<0.01 
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Appendix. Table 2b. Effect of Fake News on the Market (Event window 0-2) 

This table shows a simple t-test considering only the Fake News of the database in an event 

window of 0-2. It tests if the Cumulative Abnormal Returns (CAR) are statistically significant 

different from zero. 

      
  (1)   (2)   (3) 

  Mean   Mean Negative Shock   Mean Positive Shock 

CAR -0.0024 
 

-0.0019 
 

-0.0031 

 
[-0.0051, 0.0003] 

 
[-0.0053, 0.0014] 

 
[-0.0076, 0.0015] 

      
N 120   69   51 

Ha: mean < 0  0.0705 
 

0.1712 
 

0.1315 

Ha: mean != 0  0.1410 
 

0.3423  
 

0.2630 

Ha: mean > 0 0.9295   0.8288   0.8685 

Confidence Interval in brackets 
    

* p<0.1, ** p<0.05, *** p<0.01 
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Appendix. Table 3a. Regression Table All News and Fake News (Event window 0-1) 
 

This table shows my baseline regression in a event window of 0-1 using the Cumulative Abnormal Returns (CAR) as 

the dependent variable. In the table I control for Speaker, Type of Shock, Fake Information, Industry, Media, and Year. 

  All News Fake News 

  
(1) (2) (3) (4) (5) (6) 

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 

       
Donald Trump -2.69e-05 -0.00245 -0.00565 -0.00195 -0.00327 -0.00320 

 
(0.00212) (0.00202) (0.00394) (0.00202) (0.00254) (0.00457) 

Negative Shock 0.00153 0.00181 0.00203 -0.00101 -0.00120 -0.000162 

 
(0.00205) (0.00194) (0.00188) (0.00329) (0.00339) (0.00305) 

Aero 
 

0.00352 -0.000529 
 

-0.00505** -0.00565 

  
(0.00416) (0.00432) 

 
(0.00192) (0.00465) 

Automobilist 
 

0.00169 0.00124 
 

-0.00150*** 0.00379 

  
(0.00381) (0.00326) 

 
(0.000502) (0.00412) 

Banks 
 

0.00832** 0.00822* 
 

0.00333*** 0.00230 

  
(0.00394) (0.00405) 

 
(0.000773) (0.00430) 

Construction 
 

-0.0164*** -0.0192*** 
 

-0.0204*** -0.0188*** 

  
(0.00360) (0.00324) 

 
(0.00170) (0.00470) 

Coal 
 

0.0221*** 0.0215*** 
 

0.00412*** 0.00805** 

  
(0.00385) (0.00294) 

 
(0.000773) (0.00275) 

Drugs 
 

0.00562 0.00318 
 

0.00136 0.00659 

  
(0.00403) (0.00388) 

 
(0.00167) (0.00474) 

Food 
 

0.00808** 0.00700* 
 

-0.00502*** -0.00621* 

  
(0.00360) (0.00391) 

 
(0.000844) (0.00328) 

Fun 
 

-0.000128 -0.00486 
 

-0.0102*** -0.00799 

  
(0.00391) (0.00317) 

 
(0.000640) (0.00543) 

Guns 
 

-0.00103 -0.000786 
 

0.00135* 0.00202 

  
(0.00416) (0.00393) 

 
(0.000630) (0.00263) 

Hardware 
 

0.000968 -0.00130 
 

-0.00390* -0.00118 

  
(0.00482) (0.00560) 

 
(0.00203) (0.00355) 

Health 
 

0.00728* 0.00495 
 

-0.00520** -0.00313 

  
(0.00411) (0.00296) 

 
(0.00210) (0.00243) 

Household 
 

-0.000425 -0.00642* 
 

-0.000380 0.00276 

  
(0.00341) (0.00367) 

 
(0.000640) (0.00479) 

Insurance 
 

0.000313 -0.00138 
 

0.000984 0.00433 

  
(0.00374) (0.00324) 

 
(0.000668) (0.00353) 

Oil 
 

0.000840 0.00241 
 

-0.0228*** -0.0194*** 
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(0.00377) (0.00342) 

 
(0.000903) (0.00322) 

Interview 
  

0.00152 
  

-0.00406 

   
(0.00409) 

  
(0.00862) 

Others 
  

0.00344 
  

-0.000653 

   
(0.00449) 

  
(0.00536) 

Rally 
  

0.0146*** 
  

0.0108 

   
(0.00347) 

  
(0.00952) 

Speech 
  

0.00183 
  

-0.00522 

   
(0.00374) 

  
(0.00537) 

TV Ad 
  

-0.00475 
  

-0.00835** 

   
(0.00653) 

  
(0.00291) 

Twitter 
  

0.00788* 
  

-0.000297 

  
      

Observations 180 180 180 120 120 120 

R-squared 0.002 0.070 0.198 0.006 0.142 0.266 

Year FE No No Yes No No Yes 

Robust standard errors in parentheses 
     

*** p<0.01, ** p<0.05, * p<0.1 
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Appendix. Table 3b. Regression Table All News and Fake News (Event window 0-2) 
 

This table shows my baseline regression in a event window of 0-2 using the Cumulative Abnormal Returns (CAR) as 

the dependent variable. In the table I control for Speaker, Type of Shock, Fake Information, Industry, Media, and 

Year. 

  All News Fake News 

  
(1) (2) (3) (1) (2) (3) 

Model 1 Model 2 Model 3 Model 1 Model 2 Model 3 

   
  

   
Donald Trump -0.00303 -0.00173 -0.00305 -0.00609 -0.00248 -0.00386 

 
(0.00281) (0.00330) (0.00640) (0.00355) (0.00539) (0.0121) 

Negative Shock 0.00244 0.00308 0.00337 0.00124 0.000845 0.00201 

 
(0.00268) (0.00318) (0.00280) (0.00436) (0.00524) (0.00512) 

Aero 
 

0.00503 -0.00254 
 

-0.00972** -0.0160* 

  
(0.00496) (0.00569) 

 
(0.00347) (0.00786) 

Automobilist 
 

0.00410 0.00407 
 

0.00322*** 0.00849 

  
(0.00438) (0.00433) 

 
(0.00106) (0.00580) 

Banks 
 

0.00940* 0.00798 
 

0.00544*** 0.00472 

  
(0.00515) (0.00567) 

 
(0.00117) (0.00535) 

Construction 
 

-0.0489*** -0.0532*** 
 

-0.0521*** -0.0541*** 

  
(0.00486) (0.00725) 

 
(0.00228) (0.0110) 

Coal 
 

0.00169 0.000850 
 

-0.0310*** -0.0269*** 

  
(0.00506) (0.00338) 

 
(0.00117) (0.00349) 

Drugs 
 

0.0121*** 0.00594 
 

0.00249 -0.000983 

  
(0.00417) (0.00482) 

 
(0.00289) (0.00699) 

Food 
 

0.000327 -0.00122 
 

-0.000268 -0.00346 

  
(0.00486) (0.00466) 

 
(0.00122) (0.00567) 

Fun 
 

0.00362 -0.00380 
 

-0.0141*** -0.00690 

  
(0.00511) (0.00426) 

 
(0.00132) (0.00657) 

Guns 
 

-0.000985 0.000872 
 

0.00440*** 0.00333 

  
(0.00496) (0.00577) 

 
(0.00126) (0.00392) 

Hardware 
 

0.00738 0.00992 
 

0.00352 0.00412 

  
(0.00625) (0.0106) 

 
(0.00417) (0.00561) 

Health 
 

0.0105* 0.00720* 
 

0.000344 0.00183 

  
(0.00527) (0.00394) 

 
(0.00411) (0.00507) 

Household 
 

0.00373 -0.00188 
 

0.00390** 0.00146 

  
(0.00393) (0.00588) 

 
(0.00132) (0.00767) 

Insurance 
 

0.00643 0.00200 
 

0.00465*** 0.00640 

  
(0.00398) (0.00492) 

 
(0.00116) (0.00400) 

Oil 
 

0.00422 0.00466 
 

-0.0196*** -0.0154*** 
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(0.00404) (0.00429) 

 
(0.00154) (0.00492) 

Interview 
  

8.05e-05 
  

-0.00161 

   
(0.00879) 

  
(0.0136) 

Others 
  

0.00523 
  

0.00634 

   
(0.00350) 

  
(0.00870) 

Rally 
  

0.0162** 
  

0.0175 

   
(0.00759) 

  
(0.0143) 

Speech 
  

0.00660 
  

0.00644 

   
(0.00445) 

  
(0.00838) 

TV Ad 
  

0.00637 
  

0.0178 

   
(0.00554) 

  
(0.0227) 

Twitter 
  

0.0155** 
  

0.0100 

              

Observations 180 180 180 120 120 120 

R-squared 0.010 0.091 0.225 0.030 0.259 0.368 

Year FE No No Yes No No Yes 

Robust standard errors in parentheses 
     

*** p<0.01, ** p<0.05, * p<0.1 
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Appendix. Table 4a. Effect of Fake News on the Market When Spread by 

Donald Trump (Event window 0-1) 

This table shows a simple t-test considering only the Fake News spread by president Donald 

Trump in an event window of 0-1. It tests if the Cumulative Abnormal Returns (CAR) are 

statistically significant different from zero. 

      
  (1)   (2)   (3) 

  Mean   Mean Negative Shock   Mean Positive Shock 

CAR -0.0021 
 

-0.0003 
 

-0.0047* 

 

[-0.0049, 

0.0007] 
 

[-0.0040, 0.0034] 
 

[-0.009, -0.0002] 

      
N 67   39   28 

Ha: mean < 0  0.1066 
 

0.4473 
 

0.0425 

Ha: mean != 0  0.2133 
 

0.8945 
 

0.085 

Ha: mean > 0 0.8934   0.5527   0.9575 

Confidence Interval in 

brackets 
    

* p<0.1, ** p<0.05, *** p<0.01 
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Appendix. Table 4b. Effect of Fake News on the Market When Spread by Donald 

Trump (Event window 0-2) 

This table shows a simple t-test considering only the Fake News spread by president Donald 

Trump in an event window of 0-2. It tests if the Cumulative Abnormal Returns (CAR) are 

statistically significant different from zero. 

      
  (1)   (2)   (3) 

  Mean   Mean Negative Shock   Mean Positive Shock 

CAR -0.0051** 
 

-0.0014 
 

-0.0103** 

 
[-0.0091, -0.0011] 

 
[-0.0062, 0.0035] 

 
[-0.0171, -0.0035] 

      
N 67   39   28 

Ha: mean < 0  0.0188 
 

0.3181 
 

0.0078 

Ha: mean != 0  0.0377 
 

0.6363 
 

0.0155 

Ha: mean > 0 0.9812   0.6819   0.9922 

Confidence Interval in brackets 
    

* p<0.1, ** p<0.05, *** p<0.01 
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Appendix. Table 5a. Effect of Fake News on the Market When Spread by 

Barack Obama (Event window 0-1) 

This table shows a simple t-test considering only the Fake News spread by former president 

Barack Obama in an event window of 0-1. It tests if the Cumulative Abnormal Returns 

(CAR) are statistically significant different from zero. 

 

  (1)   (2)   (3) 

  Mean   Mean Negative Shock   Mean Positive Shock 

CAR -0.0001 
 

-0.0035 
 

0.0042** 

 

[-0.0036, 

0.0033] 
 

[-0.0090, 0.0021] 
 

[0.001, 0.0074] 

      
N 53   30   23 

Ha: mean < 0  0.4723 
 

0.1463  
 

0.9844  

Ha: mean != 0  0.9446  
 

0.2926  
 

0.0313  

Ha: mean > 0 0.5277   0.8537   0.0156 

Confidence Interval in 

brackets 
    

* p<0.1, ** p<0.05, *** p<0.01 
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Appendix. Table 5b. Effect of Fake News on the Market When Spread by Barack 

Obama (Event window 0-2) 

This table shows a simple t-test considering only the Fake News spread by former president 

Barack Obama in an event window of 0-2. It tests if the Cumulative Abnormal Returns (CAR) 

are statistically significant different from zero. 

      
  (1)   (2)   (3) 

  Mean   Mean Negative Shock   Mean Positive Shock 

CAR 0.0010 
 

-0.0027 
 

0.0057** 

 
[-0.0024, 0.0044] 

 
[-0.0075, 0.0021] 

 
[0.0011, 0.0103] 

      
N 53   30   23 

Ha: mean < 0  0.6819 
 

0.1759 
 

0.9782 

Ha: mean != 

0  0.6362  
 

0.3518  
 

0.0437 

Ha: mean > 0 0.3181   0.8241   0.0218 

Confidence Interval in brackets 
    

* p<0.1, ** p<0.05, *** p<0.01 
    

 



Appendix. Database of Fake and True News that Have Industry Implication from Politifacts  
Statement Speaker Media FakeNews Coding 

Forty-three million Americans are on food stamps. Donald Trump Others True 

Says "the New York Times wrote about" Barack Obama wiretapping Donald Trump during 
the election. Donald Trump Interview Fake 

CNN’s ratings are "way down." Donald Trump Twitter Fake 

While on FAKE NEWS @CNN, Bernie Sanders was cut off for using the term fake news to 
describe the network. They said technical difficulties! Donald Trump Twitter Fake 

The @nytimes states today that DJT believes ‘more countries should acquire nuclear 
weapons.’ How dishonest are they. I never said this! Donald Trump Twitter Fake 

The @nytimes sent a letter to their subscribers apologizing for their BAD coverage of me. Donald Trump Twitter Fake 

Says "the New York Times can write a story that they know is false" yet "they can't basically 
be sued." Donald Trump Interview Fake 

Says CNN’s Chris Cuomo "never asked" Sen. Richard Blumenthal about Blumenthal's 
misstatements on his own service in Vietnam. Donald Trump Twitter Fake 

The media ... sort of made it sound like I had a feud with the intelligence community. Donald Trump Others Fake 

Says a CNN anchor said that Hillary Clinton has gotten "a free ride so far from the media. 
We're the biggest ones supporting her campaign." Donald Trump Others Fake 

45.6 million people watched (the State of the Union), the highest number in history. 
@FoxNews beat every other Network, for the first time ever, with 11.7 million people 
tuning in. Donald Trump Twitter Fake 

Today, home sales are up nearly 50 percent from where they were in the worst of the crisis. Barack Obama Speech True 

ObamaCare enrollment lie: Obama counts an enrollee as a web user putting a plan in ‘their 
online shopping carts.’ Donald Trump Twitter Fake 

Says "Hillary Clinton has pledged amnesty in her first 100 days, and her plan will provide 
Obamacare, Social Security, and Medicare for illegal immigrants, breaking the federal 
budget." Donald Trump Speech Fake 

We’re making (Medicare) stronger. We’re making Social Security stronger. Donald Trump Others Fake 
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The Democrat plan would just obliterate Medicare and terminate Medicare Advantage ... 
seniors who have been paying for this for years (and) will not be taken care of anymore. Donald Trump Rally Fake 

Two million more people just dropped out of Obamacare. It is in a death spiral. Donald Trump Twitter Fake 

My opponent has no child care plan. Donald Trump Speech Fake 

A lot of the ideas in terms of the (health insurance) exchange, just being able to pool and 
improve the purchasing power of individuals in the insurance market, that originated from 
the Heritage Foundation. Barack Obama Interview True 

The $5 billion website for Obamacare … never worked. Still doesn't work. Donald Trump Speech Fake 

Says of the GOP health care proposal, "pre-existing conditions are in the bill." Donald Trump Interview Fake 

Says Nevadans will have a "double-digit hike in their Obamacare premiums for the year" 
and "10 of Nevada’s 16 counties will only have one Obamacare...exchange insurer" Donald Trump Speech True 

Obamacare premiums nationwide have increased by double and triple digits. Donald Trump Speech Fake 

The Democrats are pushing for Universal HealthCare while thousands of people are 
marching in the UK because their U system is going broke and not working. Donald Trump Twitter Fake 

One-third of the counties — think of it, one-third — only have one insurer left on the 
Affordable Care Act exchanges. Donald Trump Others True 

The Democrats want to invite caravan after caravan of illegal aliens into our country. And 
they want to sign them up for free health care, free welfare, free education, and for the 
right to vote. Donald Trump Rally Fake 

Because of Obamacare, you have so many part-time jobs. Donald Trump Rally Fake 

When Obamacare was signed into law, CBO estimated that 23 million people would be 
covered in Obamacare’s exchanges in 2017. They were off by more than 100 percent. Only 
10.3 million people are covered by Obamacare. Donald Trump Twitter Fake 
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We essentially repealed Obamacare because we got rid of the individual mandate ... and 
that was a primary source of funding of Obamacare. Donald Trump Speech Fake 

Obamacare premiums have doubled in Wisconsin. Donald Trump Speech Fake 

We have one senator who’s a ‘yes’ vote ... but he’s in the hospital. And he’s a ‘yes’ vote. So 
we can’t do it by Friday. So we have the votes to pass a health care bill. Donald Trump Interview Fake 

In many instances, (people's) health care costs are more than their mortgage costs or their 
rent, which, by the way, is a first in American history. Donald Trump Speech Fake 

Obamacare has led to fewer health insurance options for millions of Americans. Donald Trump Twitter Fake 

The Graham-Cassidy health care bill does "include coverage of pre-existing conditions." Donald Trump Twitter Fake 

In the first round of repayments  from financial institutions that received TARP money, "the 
government has actually turned a profit." Barack Obama Others True 

We've seen more manufacturing jobs created since I've been president than anytime since 
the 1990s. That's a fact. Barack Obama Others Fake 

John McCain offers "billions in tax breaks for oil and drug companies, but almost nothing for 
families like yours." Barack Obama TV Ad Fake 

We are making the largest investment in education in our nation’s history. Barack Obama Others True 

After a decade of decline, this country created over half a million manufacturing jobs in the 
last two and a half years. Barack Obama Speech True 

For the first time since 1990, American manufacturers are creating new jobs. Barack Obama Speech Fake 

Doctors, nurses, hospitals, even the pharmaceutical industry, (and) AARP say that health 
reform "makes sense to do." Barack Obama Speech True 

President Barack Obama "reduced the cost of prescription drugs for nearly 3.6 million 
Americans in 2011." Barack Obama Others True 

Sixty-one percent of our bridges are in trouble. Donald Trump Speech Fake 

All across Ohio, steel mills are reopening. Donald Trump Speech Fake 
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U.S. Steel just announced that they are building six new steel mills. Donald Trump Rally Fake 

The steel industry is producing as much steel in the United States as it ever was. It’s just 
(that) it needs one-tenth of the workers that it used to. Barack Obama Others Fake 

Says the U.S. steel and aluminum industry is "a fraction of what it once was." Donald Trump Others True 

All pipelines that are coming into this country from now on has to be American steel. Donald Trump Interview Fake 

American aluminum and steel "are vital to our national security. ... They are the bedrock of 
our defense industrial base." Donald Trump Others Fake 

After they bought GST Steel, "Mitt Romney and his partners loaded it with debt, closed the 
Kansas City plant and walked away with a healthy profit, leaving hundreds of employees out 
of work with their pensions in jeopardy." Barack Obama TV Ad True 

When a car is sent to the United States from China, there is a Tariff to be paid of 2 1/2%. 
When a car is sent to China from the United States, there is a Tariff to be paid of 25%. Donald Trump Twitter True 

Says Mitt Romney was clear that he "would not provide government assistance to the U.S. 
auto companies, even if they went through bankruptcy." Barack Obama Debate Fake 

Says Democrats "want to give (undocumented immigrants) cars." Donald Trump Rally Fake 

Ford is moving all of their small-car production to Mexico. Donald Trump Rally True 

Over the past five years, the American automobile industry has "created about 500,000 new 
jobs." Barack Obama Speech True 

The European Union … they send us Mercedes, they send us -- by the millions -- the BMWs -
- cars by the millions. Donald Trump Speech Fake 

We have doubled the distance our cars will go on a gallon of gas. Barack Obama Others Fake 

McCain "said no to higher fuel-efficiency standards for cars." Barack Obama Speech Fake 

General Motors is sending Mexican made model of Chevy Cruze to U.S. car dealers-tax free 
across border. Donald Trump Twitter True 

Chrysler is leaving Mexico and moving back to Michigan. Donald Trump Speech Fake 
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By the time Obama took office, "The Bush administration had given the car companies $13 billion and the money 
was now gone." Barack Obama Others True 

You see a whole bunch of Korean cars here in the United States, and you don't see any American cars in Korea. Barack Obama Others True 

The auto companies have now repaid taxpayers every dime and more of what my administration invested in. Barack Obama Speech Fake 

In Japan, "they take a bowling ball from 20 feet up in the air and they drop it on the hood of the car. And if the 
hood dents, then the car doesn't qualify...It's horrible, the way we're treated." Donald Trump Others Fake 

The Bush administration had been "giving (auto companies) billions of dollars and just asking nothing in return." Barack Obama Others Fake 

When was the last time you saw a Chevrolet in Japan? It doesn’t exist, folks. Donald Trump Speech Fake 

The U.S. has to go to "plane graveyards" and museums to get parts for its 20-year-old jet fighters while it sells new 
jets to other countries. Donald Trump Others True 

Long-term federal investment in U.S. airports is urgent because "there was a recent survey of the top airports … in 
the world, and there was not a single U.S. airport that came in the top 25." Barack Obama Others True 

Boeing is building a brand new 747 Air Force One for future presidents, but costs are out of control, more than $4 
billion. Cancel order! Donald Trump Twitter Fake 

Our Navy has shrunk from more than 500 ships in 1991 to 275 in 2016. Donald Trump Others True 

A "wide majority of NRA households ... supported this legislation" on gun background checks. Barack Obama Others True 

In Chicago, which has the toughest gun laws in the United States, probably you could say by far, they have more 
gun violence than any other city. Donald Trump Debate Fake 

You take Pulse nightclub. If you had one person in that room that could carry a gun and knew how to use it, it 
wouldn’t have happened, or certainly to the extent that it did. Donald Trump Others Fake 

We're practically not allowed to use coal any more. What do we do with our coal? We ship it to China and they 
spew it in the air. Donald Trump Interview Fake 
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The Obama-Clinton war on coal has cost Michigan over 50,000 jobs. Donald Trump Others Fake 

Coal production up 7.8% in past year. Down 31.5% last 10 years. #endingwaroncoal. Donald Trump Twitter True 

China will be allowed to build hundreds of additional coal plants. So we can’t build the plants, but they can, 
according to this (Paris) agreement. Donald Trump Speech Fake 

Under President Obama, domestic oil production is at an eight-year high. Barack Obama TV Ad True 

Americans "have never paid more for gas at the pump." Barack Obama Rally Fake 

I've issued a six-month moratorium on deepwater drilling. Barack Obama Others Fake 

Gas prices are the lowest in the U.S. in over ten years! Donald Trump Twitter Fake 

America is No. 1 one in oil and gas. Barack Obama Others True 

Fully inflating tires is "a step that every expert says would absolutely reduce our oil consumption by 3 to 4 percent." Barack Obama Others Fake 

President Barack Obama "put in place historic fuel efficiency standards for cars and trucks to lower costs at the 
pump and reduce dependence on foreign oil." Barack Obama Others Fake 

McCain will give more tax breaks to big oil. Barack Obama Others Fake 

The Interior Department has only 30 days to review an exploration plan submitted by an oil company. That leaves 
no time for the appropriate environmental review. The result is, they are continually waived. Barack Obama Others True 

We could save all the oil that they're talking about getting off drilling, if everybody was just inflating their tires and 
getting regular tune-ups. Barack Obama Others True 

John McCain offers "billions in tax breaks for oil and drug companies, but almost nothing for families like yours." Barack Obama TV Ad Fake 

John McCain wants to "give oil companies another $4-billion" in tax breaks. Barack Obama Others True 

There is "more oil produced at home than we buy from the rest of the world – the first time that’s happened in 
nearly 20 years." Barack Obama Others True 

The Arab Spring … "drove up gas prices." Barack Obama Others Fake 

We import more oil today than ever before. Barack Obama Interview Fake 

Oil production from federal waters in the Gulf of Mexico reached an all-time high in 2010. Barack Obama Others Fake 

Libya supplies the oil for China. We get no oil from Libya. Donald Trump Interview Fake 
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Iraq has the second-largest oilfields in the world (behind) Saudi Arabia. Donald Trump Interview True 

The U.S. has a "record number of oil rigs operating right now – more working oil and gas rigs 
than the rest of the world combined." Barack Obama Speech Fake 

We've heard talk about curbing our use of fossil fuels in nearly every State of the Union 
address since the oil embargo of 1973. Barack Obama Speech True 

For the first time in nearly two decades, we produce more oil here in the United States than 
we buy from the rest of the world. Barack Obama Speech True 

Says Hillary Clinton and Tim Kaine "want to shut down shale, and shut down natural gas." Donald Trump Speech Fake 

A gas tax holiday "would at best provide 30 cents a day for three months for a grand total of 
$28." Barack Obama Interview True 

Big oil's filling John McCain's campaign with $2-million in contributions. Barack Obama TV Ad True 

Right now, American oil production is the highest that it’s been in eight years. Barack Obama Others True 

Just before Thanksgiving, oil was $54 a barrel, down from $82. "Thank you to Saudi Arabia." Donald Trump Twitter Fake 

Barack Obama is "the only candidate who doesn't take a dime from oil company PACs or 
lobbyists." Barack Obama TV Ad True 

Oil companies showered regulators (at the Minerals Management Service) with gifts and 
favors, and were essentially allowed to conduct their own safety inspections and write their 
own regulations. Barack Obama Speech True 

We send a billion dollars to foreign countries every day because of our addiction to foreign 
oil. Barack Obama Debate True 

Oil companies ...currently have 68-million acres that they're not using. Barack Obama Debate Fake 

Sen. McCain's economic plan gives nearly $4-billion in tax breaks to the oil companies but 
doesn't provide any tax relief to more than 100-million middle-class families. Barack Obama Others Fake 

Oil companies "haven't touched" 68 million acres where they already have rights to drill. Barack Obama Others Fake 

Last year, American oil production reached its highest level since 2003. Barack Obama Others True 
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For the first time in 13 years, our dependence on foreign oil is below 50 percent. Barack Obama Others Fake 

In the past three years, "we've added enough new oil and gas pipeline to circle the Earth and 
then some." Barack Obama Speech True 

The United States is now the No. 1 energy producer in the world. That happened just recently. Donald Trump Rally Fake 

We have become an energy exporter for the first time ever just recently. Donald Trump Rally Fake 

America is No. 1 in wind power. Barack Obama Others True 

The U.S. government spends less on energy innovation "than the pet food industry invests in 
its own products." Barack Obama Others Fake 

We are now, very proudly, an exporter of energy to the world. Donald Trump Others Fake 

McCain, "voted against renewable sources of energy, against biofuels, against solar power, 
against wind power.... " Barack Obama Others True 

Says Mitt Romney "wants to end tax credits for wind producers." Barack Obama Others True 

I want clean air. I want crystal clean water. And we’ve got it. We’ve got the cleanest country 
in the planet right now. Donald Trump Others Fake 

For my energy plan, my economic plan, and the other proposals you'll hear tonight, I've 
offered spending cuts above and beyond their cost. Barack Obama Others Fake 

We’ve doubled the production of clean energy. Barack Obama Speech True 

Says Hillary Clinton’s energy agenda "will cost the U.S. economy over $5 trillion" Donald Trump Speech Fake 

The top man at Yale Law School came out ... with just a raging report about former HP CEO 
Carly Fiorina, saying she is "one of the worst executives in his memory in history running the 
company." Donald Trump Interview True 

Twitter, Google and Facebook are burying the FBI criminal investigation of Clinton. Very 
dishonest media! Donald Trump Twitter Fake 

When Carly Fiorina says Hewlett-Packard "revenues went up, that's because she bought 
Compaq. It was a terrible deal." Donald Trump Debate True 
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Apple has just announced it plans to invest a total of $350 billion in America, and hire 
another 20,000 workers. Donald Trump Others Fake 

Amazon has a "no-tax monopoly." Donald Trump Twitter Fake 

Says "96 percent of (Google News) results on ‘Trump News’ are from National Left-Wing 
Media." Donald Trump Twitter Fake 

Only fools, or worse, are saying that our money losing Post Office makes money with 
Amazon. THEY LOSE A FORTUNE, and this will be changed. Donald Trump Twitter Fake 

Says Hillary Clinton "filibustered legislation to reform" Fannie Mae and Freddie Mac. Donald Trump Others Fake 

Many of (Hillary Clinton's) friends took bigger deductions (than me). Warren Buffett took a 
massive deduction. (George) Soros, who is a friend of hers, took a massive deduction. Donald Trump Debate Fake 

In her campaign for president, Hillary Clinton has received $100 million in contributions from 
Wall Street and hedge funds. Donald Trump Speech Fake 

If you're one of the more than 250 million Americans who already have health insurance, 
you will keep your health insurance. Barack Obama Speech Fake 

If you like your health care plan, you can keep your health care plan. Barack Obama Others Fake 

Barack Obama "extended health care for wounded troops who'd been neglected." Barack Obama TV Ad Fake 

Says last year "13 million (health insurance) rebates went out, in all 50 states. Another 8.5 
(million) rebates are being sent out this summer, averaging around 100 bucks each." Barack Obama Speech Fake 

A mailer from the Obama campaign "accurately indicates" that Hillary Clinton would "force 
uninsured people to buy insurance, even if they can't afford it." Barack Obama Others Fake 

We’ve got close to 7 million Americans who have access to health care for the first time 
because of Medicaid expansion. Barack Obama Speech Fake 

Thirty million Americans, including a lot of people in Florida, are going to be able to get 
healthcare next year because of that law. Barack Obama Interview Fake 
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I do provide universal health care. Barack Obama Others Fake 

Medicare spends "$15-billion a year on subsidies to insurance companies." Barack Obama Debate True 

The health care plan for members of Congress "is no better than the janitor who cleans their 
offices." Barack Obama Others True 

14,000 Americans . . . lose their health insurance every single day. Barack Obama Others True 

If we went back to the obesity rates that existed back in the 1980s, the Medicare system 
over several years could save as much as a trillion dollars. Barack Obama Others Fake 

More than 3 million young adults ... have gained insurance under (the Affordable Care Act) 
by staying on their family’s plan. Barack Obama Others Fake 

Nearly 6 in 10 uninsured Americans "can get health insurance for what may be the 
equivalent of your cell phone bill." Barack Obama Others True 

Nearly 46 million Americans don't have health insurance coverage today. Barack Obama Others True 

Obama says his health care plan is "universal." Barack Obama Others Fake 

Health insurance companies are "making record profits, right now." Barack Obama Others Fake 

Says 50 million people would lose their health insurance if Obamacare is repealed. Barack Obama Debate Fake 

The cost-sharing reductions (were) a gift (that) they gave the insurance companies. Donald Trump Others Fake 

A million people … could get health insurance right away if Texas expanded Medicaid under 
Obamacare. Barack Obama Others True 

The cost of "health care is now the single-biggest factor driving down" the federal budget 
deficit. Barack Obama Speech True 

For people with insurance, the only impact of the health care law "is that their insurance is 
stronger, better and more secure than it was before. Full stop. That's it. They don't have to 
worry about anything else." Barack Obama Others Fake 

Before we even passed health care, 4 millions kids got health insurance that didn't have it 
before, through the Children's Health Insurance Program. Barack Obama Interview Fake 
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Because of Obamacare, "over the last two years, health care premiums have gone up -- it's 
true -- but they've gone up slower than any time in the last 50 years." Barack Obama Debate Fake 

If we went back to the obesity rates that existed in 1980, that would save the Medicare 
system a trillion dollars. Barack Obama Others Fake 

Medicare does just as good, if not better, at keeping people healthy as Medicare Advantage. Barack Obama Interview Fake 

Obama "won health care for 150,000 people." Barack Obama Others True 

Measures in Barack Obama's health plan could "lower health care costs for the typical family 
by $2,500 a year." Barack Obama TV Ad Fake 

Health care reform "would bring down the deficit by as much as $1 trillion over the next two 
decades." Barack Obama Speech Fake 

AARP is "endorsing" the health care reform bill. Barack Obama Others Fake 

Because of the new health care law, "Americans no longer will see their coverage dropped or 
capped when illness strikes." Barack Obama Others True 

Dems want billions to go to Insurance Companies to bail out donors Donald Trump Twitter Fake 

The health care bill "cuts the deficit by over $1 trillion dollars." Barack Obama Rally Fake 

I just want to assure [you] we're not talking about cutting Medicare benefits. Barack Obama Others Fake 

More people without health care since George Bush took office; more children in poverty 
since George Bush took office. Barack Obama Speech True 

Under John McCain's health care plan, people get a $5,000 tax credit to buy a $12,000 health 
care policy, and "that's a loss for you." Barack Obama Debate Fake 

Health care reform plans being consided in Congress "will finally reduce the costs of health 
care." Barack Obama Others Fake 

Because of Barack Obama 32 million new people will have healthcare. Barack Obama Others True 

Most young Americans right now, they’re not covered by health insurance. Barack Obama Interview Fake 

Because of the new health care law, "2.5 million young adults now have coverage." Barack Obama Others True 
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Under Barack Obama's health care proposal, "if you've got a health care plan that you like, 
you can keep it." Barack Obama Debate True 

Insurance companies "have made a fortune with Obamacare." Donald Trump Twitter Fake 

Senator McCain would pay for part of his (health care) plan by making drastic cuts in 
Medicare — $882-billion worth. Barack Obama Speech Fake 

Health reform will "give every American the same opportunity" to buy health insurance the 
way members of Congress do. Barack Obama Speech Fake 

Pennsylvania has lost 35 percent of its manufacturing jobs since 2001 and "Harrisburg has 
lost 40 percent of its manufacturing jobs since 2001." Donald Trump Speech True 

Hillary Clinton wants to shut down family farms using "radical regulation," by raising business 
tax "rates as high as nearly 50 percent" and by taxing "family farms again at death by as 
much as 45 percent." Donald Trump Speech Fake 

Ending the estate tax would "protect millions of small businesses and the American farmer." Donald Trump Speech Fake 

 


